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Etude fine de processus multifractionnaires non classiques.

Résumé: Les processus stochastiques multifractionnaires sont des généralisations naturelles
des mouvements brownien et brownien fractionnaire. Leur caractéristique essentielle est que
leurs propriétés locales peuvent étre prescrites via un parametre fonctionnel et peuvent donc
changer significativement d’un point & un autre. Le mouvement brownien multifractionnaire
et d’autres processus multifractionnaires classiques sont construits en remplacant le parametre
de Hurst constant d’un processus fractionnaire par une fonction qui dépend de la variable qui
permet d’indexer le processus. Une importante idée nouvelle est que le parametre fonctionnel
(déterministe ou aléatoire) de tels processus peut étre dépendant de la variable d’intégration
associée a l'intégrale stochastique qui représente le processus; un tel processus est alors dit
multifractionnaire non classique. Ces processus non classiques sont plus complexes a étudier
et il n’est pas certain que les méthodes usuelles s’adaptent a ce nouveau contexte. Un objectif
important de cette these est de réussir a déterminer les exposants de Holder local et ponctuel de
ces processus non classiques pour un événement universel qui ne dépend pas du point considéré.
Un autre objectif est ’estimation statistique de leur parameétre de Hurst (qui est parfois aléatoire)
a partir d’une trajectoire discrétisée. Enfin, la question de la simulation de tels processus non
classiques est également étudiée.

Mots clés : Autosimilarité, Parametre de Hurst aléatoire, Mouvement brownien fractionnaire,
Processus Gaussiens, Processus multifractionnaires, Régularité Holderienne.

Thorough study of non-classical multifractional processes.

Abstract: Multifractional processes are natural generalisations of Brownian motion and frac-
tional Brownian motion. Their essential feature is that their local properties can be prescribed
via a functional parameter and can therefore change significantly from one point to another.
Multifractional Brownian motion and other classical multifractional processes are constructed
by replacing the constant Hurst parameter of a fractional process by a function that depends on
the variable which indexes the process. An important new idea is that the functional parameter
(deterministic or random) of such processes can depend on the integration variable associated
with the stochastic integral that represents the process; such a process is then said to be non-
classical multifractional. These non-classical processes are more complex to study and it is not
clear that the usual methods fit this new context. An important objective of this thesis is to de-
termine the local and pointwise Hélder exponents of these non-classical processes for a universal
event that does not depend on the location. Another objective is the statistical estimation of
their Hurst parameter (which is sometimes random) from a discretized trajectory. Finally, the
question of the simulation of such non-classical processes is also presented.

Keywords : Self-similarity, Random Hurst parameter, Fractional Brownian motion, Gaussian
processes, Multifractionnal processes, Holder regularity.
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Chapter 1

Introduction et contexte de la these

On consideére un espace de probabilité complet filtré (€2, (F)ser, F,P) et {B(s)},er un (Fs)-
mouvement brownien (voir [LL12]), c’est-a-dire un processus gaussien & valeurs réelles et a
trajectoires continues qui vérifie:

- Pour tout s € R, B(s) est Fs-mesurable.

- Sis <t, B(t) — B(s) est indépendant de la tribu F;.

- Si s <t,laloi de B(t) — B(s) est identique & celle de B(t — s) — B(0).

D’autre part, L?(IR) désignera I’espace des fonctions de carré intégrable sur R et & valeurs réelles.

1.1 Le mouvement brownien fractionnaire

1.1.A Du mouvement brownien au mouvement brownien fractionnaire

En 1827, le biologiste Robert Brown découvre ce qui sera appelé bien plus tard le mouvement
brownien. Lors d’expériences sur des particules de pollen en suspension sur I'eau, il observe que
ces particules ont un mouvement constant et anarchique mais il est alors incapable d’expliquer
lorigine de ce mouvement. Il pense tout d’abord que cette propriété est propre aux particules
de pollen mais il retrouve plus tard ces étranges mouvements avec d’autres types de partic-
ules comme des particules de poussiere. Ses observations sont ensuite publiées en 1828 dans
[Bro28]. C’est en 1900 qu’est formulée pour la premiere fois une théorie mathématique du mou-
vement brownien dans la theése [Bac00] de Louis Bachelier. Puis, c’est en 1905 dans [Ein05]
que Albert Einstein donne pour la premiére fois une explication physique et statistique du
mouvement brownien comme conséquence des nombreux chocs des particules étudiées avec les
molécules d’eau. Ils mettent tous deux en évidence plusieurs propriétés du mouvement brown-
ien a savoir des accroissements indépendants et gaussiens de variance proportionnelle au temps
écoulé ainsi que des trajectoires continues. Cependant, personne n’avait alors prouvé rigoureuse-
ment l'existence mathématique d’un processus qui satisferait les propriétés fondamentales du
mouvement brownien. Norbert Wiener montre en 1923 dans [Wie23] lexistence d'un tel pro-
cessus {B(t)},cr appelé mouvement brownien ou alors processus de Wiener en ’honneur de ce
dernier.

A linstar de la loi normale que l'on rencontre dans un grand nombre de phénomenes
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physiques, biologiques et sociaux, on retrouve la loi du mouvement brownien dans de nom-
breuses situations; en effet, la loi du mouvement brownien apparait comme limite de certaines
marches aléatoires a travers, par exemple, le théoreme central limite fonctionnel de Donsker.
C’est cette propriété fondamentale qui fait du mouvement brownien un objet mathématique
trés utile pour de nombreux domaines comme, par exemple, en finance ou il est omniprésent.
En 1951, 'hydrologiste Harold E. Hurst met en exergue dans [Hur51] des corrélations dans les
données des crues annuelles du fleuve du Nil; les accroissements du mouvement brownien étant
toujours indépendants, il n’est donc pas un bon candidat pour décrire ce genre de phénomene. 11
faut donc trouver un nouveau type de processus qui permettra de rendre compte de la propriété
de longue mémoire présente notamment dans les données de Hurst et qui induit une corrélation
d’accroissements dans les données.

C’est Benoit Mandelbrot qui reconnait cette propriété de longue mémoire dans un autre
processus stochastique alors appelé Wiener Heliz, introduit en 1940 par Andrei Kolmogorov
dans [Kol40] pour ses travaux sur les espaces de Hilbert. Mandelbrot et John W. Van Ness
démontrent de nombreuses propriétés de ce processus dans leur article [MNG68] et popularisent le
nom ”mouvement brownien fractionnaire”. Le mouvement brownien fractionnaire de parametre
de Hurst H € ]0,1[, noté {Bp(t)},cp, est un processus gaussien centré dont la fonction de
covariance est donnée par

c(H)
2

ou ¢(H) est une constante déterministe strictement positive. Dans le méme article [MN68§],
Mandelbrot et Van Ness montrent que le mouvement brownien fractionnaire de parametre de
Hurst H € ]0,1[ peut étre représenté, a une constante multiplicative pres, par 'intégrale de
Wiener suivante

Vvt € R, Bp(t) = M/R ((t— s)f=1/2 (—5)5*1/2) dB(s), (1.1.2)

Vt,s € R, E[By(t)By(s)] = (125 + |s[2H — |t — s|2H) (1.1.1)

ou I' représente la fonction Gamma d’Euler et

y ) x¥ sizx>0
Vay € R, (x)+'_{o siz < 0.

En particulier, lorsque H = 1/2, on retrouve le mouvement brownien.

Le mouvement brownien fractionnaire possede deux propriétés fondamentales; la premiere
est appelée auto-similarité et signifie que le mouvement brownien fractionnaire est invariant en
loi par changement d’échelle a un facteur multiplicatif pres. Mathématiquement, elle s’écrit

Va >0, {Bu(at)},eq £ {aBr(t)}, .y (1.1.3)

ot £ désigne I’égalité au sens des lois finis dimensionnelles. Cette propriété d’auto-similarité car-
actérise les fractales et fait du mouvement brownien fractionnaire un objet fractal. La deuxieme
propriété est la stationnarité des accroissements qui signifie que la loi des accroissements du
mouvement brownien fractionnaire est invariante par translation et s’écrit

Vr € R, {Bu(t+7) — Bu(")}en 2 {Bu(t)}ep - (1.1.4)
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Réciproquement, un processus gaussien centré qui obéit a ces propriétés est aussi un mouvement
brownien fractionnaire. Cette fois-ci, en dehors du cas particulier H = 1/2, les accroissements
du mouvement brownien fractionnaire ne sont plus indépendants et font de lui un outil plus
général que le mouvement brownien pour décrire des situations du réel.

1.1.B Régularité des trajectoires du mouvement brownien fractionnaire

Notons deés a présent que les trajectoires du mouvement brownien fractionnaire sont (& modifi-
cation pres), avec probabilité 1, continues partout mais nulles part dérivables. Pour quantifier
la régularité d’une fonction continue partout mais nulle part dérivable, on introduit les espaces
de Holder.

Définition 1.1.1. Soit I un intervalle compact de R et 5 € [0,1]. On dit qu’une fonction
continue f: I — R est S-holderienne sur I si

t) — f(t
sup L{é)’ < Ho00.
tt'el ’t —t |
t#£t!

On note C?(I) I’espace des fonctions B-hélderiennes sur I. Notons que

CBQ(I) C C’BI(I), pour tous 0 < 31 < By < 1.

On introduit également une notion ponctuelle des espaces de Holder.

Définition 1.1.2. Soient 7 € R et 8 € [0,1]. L’espace de Holder ponctuel C#(7) est 'ensemble
des fonctions continues f définies sur un voisinage de 7 et a valeurs dans R telles que

o0 s LSO

< +00
o<lt—r|<s It—TIP

Notons que
C62(7') C Cﬁl(r), pour tous 0 < 81 < By < 1.

A partir ces deux espaces, on peut définir deux exposants qui quantifient la régularité locale
et la régularité ponctuelle en un point 7 € R d’une fonction continue et non dérivable.

Définition 1.1.3. Soient J un intervalle ouvert de R et f : J — R une fonction continue. On
appelle exposant de Hélder local de f au point 7 € J et on note a¢(7) le réel défini par

ay¢(r) :=sup {Bf(f), I intervalle compact inclus dans J et tel que 7 € ;} ,

ou j’ désigne 'intérieur de I et S¢(I) est l’exposant de Hélder global de f sur I défini par

B4(I) = sup {5 c0,1, f ecﬁ(f)}. (1.1.5)

On appelle ezposant de Hélder ponctuel de f au point 7 € J et on note af(7) le réel défini par

a(r) = sup {ﬁ cl0,1, fe cﬂ(T)} .
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Remarques 1.1.4. e On peut montrer que pour tout point 7 € R et pour toute fonction continue
f définie au voisinage du point 7, on a

QAT):SUP{TG[OJJ,hmsupkfu)_ijN

t—T ’t - T‘T

< —1—00} ,
et

af(T):SUP{?E [0,1], limsup ’f(tl)_f@//)‘<+oo}‘

@iy =T

e On a toujours I'inégalité as(7) < ap(7). L'inégalité est parfois stricte; citons par exemple la
fonction ”chirp” ¢ : [—1,1] — R définie par

B |x]sin|%| siz#0
q(x)_{o si = 0.

Cette fonction oscille beaucoup mais avec une faible amplitude et on a l'inégalité stricte
aq(0) =1/2 < 0y(0) = 1.

Plus ces exposants sont proches de 1 et plus la fonction f est réguliére au voisinage du point
considéré. Dans le contexte des processus stochastiques, le théoreme de Kolmogorov-Chentsov
(voir [KS87,KS07]) suivant est un outil souvent utilisé pour obtenir une minoration des exposants
de Holder local et ponctuel.

Théoréme 1.1.5. (Kolmogorov-Chentsov) Soient I un intervalle compact de R et {X (t)},;
un processus stochastique tel que pour des constantes § > 0 et € > 0 on ait

Je(I) >0, Vt,t' € I, BIX(t) — X()]° < (D)t — '],

Alors, { X (t)},c; admet une modification continue dont les trajectoires sont dans CY(I) pour tout
v <e/d.

Par la suite, on identifiera toujours un processus stochastique avec sa modification continue.
En appliquant le théoreme de Kolmogorov-Chentsov au mouvement brownien fractionnaire, on
obtient une minoration des exposants de Hoélder local et ponctuel.

Lemme 1.1.6. (équivalence des moments gaussiens) Pour tout p > 0, il existe une con-
stante ¢(p) > 0 telle que, pour toute variable aléatoire normale centrée X, on a

E(1XP) = (o) (E(X1)"".

Preuve. Le lemme est trivial si X est de variance nulle donc on peut supposer /E(|X|?) > 0.

La variable aléatoire W suit une loi normale centrée réduite. Soit Y une variable aléatoire

qui suit une loi A(0,1), on peut écrire pour tout p > 0

P
1 2

—RE(YI]P) = Pe=Y" /2

) (V1) == [ e 2ay

X
Ell—_
(‘ VE(X]?)
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et donc

BAXP) = (= [ loPe 2y (mx)"

Proposition 1.1.7. I existe un événement universel 2, de probabilité 1, tel que
apy (T,w) > ap,(t,w) > H, pour tout (T,w) € R x Q.

Preuve. En utilisant la définition (1.1.1), on obtient pour tous ¢,t' € R

E [\BH(t) - BH(t’)\Q} =E[By(t)Bu(t)] + E [Bu(t)Bu(t')] — 2E [Bu(t)Bu(t)] = c(H)|t — '|*.
(1.1.6)

D’apres le Lemme 1.1.6 et ’égalité (1.1.6), pour tout n > 1, il existe une constante ¢(2n) > 0
telle que

viot' € R, E||But) ~ Bu(t)|”"] = e(2mpe(H)" |t — o/

Ainsi pour tout entier n > ﬁ, on peut appliquer le théoreme de Kolmogorov-Chentsov avec
d :=2n et € := 2Hn — 1 sur l'intervalle I(n) := [—n,n|. Il existe donc un événement (n) de
probabilité 1 tel que

2Hn —1

Vw e Qn), V7 € | —n,n[, ap,(T,w) > Bry, (I(n),w) > o

Le résultat est ainsi démontré pour €, := ﬂ Q(n). O
n>1/(2H)

Montrer d’une fonction continue qu’elle est dérivable partout semble nettement moins difficile
que de montrer qu’elle est nulle part dérivable. Les propriétés d’irrégularités sont souvent
plus complexes & obtenir et la majoration des exposants de Holder du mouvement brownien
fractionnaire n’échappe pas a cette regle. On peut néanmoins obtenir une majoration pour un
événement qui dépend du point 7 € R considéré en utilisant les deux propriétés fondamentales
du mouvement brownien fractionnaire.

Proposition 1.1.8. Pour tout point 7 € R, il existe un événement Q.(7) de probabilité 1, tel
que
ap, (T,w) < ap, (T,w) < H, pour tout w € Qu (7).

Preuve. Soit 7 € R fixé. Pour tous entiers n, M > 1 et réel € > 0, on pose

>}

Fixons M > 1 et € > 0. En utilisant la propriété d’accroissements stationnaires (1.1.4), on
obtient

BH(T + (5) — BH(T)
5H+a

Qn, M, e) = {1sup
Les<a

Vn > 1, P(Q(n,M,e)) > P(|Bu(r +n") — Bu(r)|n"*¢ > M) =P (|Ba(n™ )| n"7° > M).
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Puis en utilisant la propriété d’auto-similarité (1.1.3), on obtient
Vn > 1, P(Q(n, M,e)) > P(|By(1)|n° > M) =1-P (|Bu(1)] < Mn™®).
La variable aléatoire By (1) suit une loi normale de variance strictement positive donc

P(Q(n,M,e)) >1—-P(|Bu(l)| < Mn™°) — 1.

n—-+00

On pose Q. (M,e) == |J Q(n,M,e) qui est de probabilité 1 par continuité croissante. En
n>1

particulier, on a

B - B
Vw € Qu(M,e), 3N >1, Yn > N, sup g(T+6,w) — Bu(r,w)

-

%Stsﬁl oH+e
et donc
B 1) - B
VYw € Qui(M,€), sup (T + ’Lj{)% H(T’w)‘ > M.
6€]0,1] 4
En posant Q. := [ [\ Qu(M, &) on obtient donc
EGQ;‘— MZl
B ) - B
Vw € Q,, Ve >0, sup m (7 + ’('2)_'_6 H(T’w)‘ = +00,
6€]0,1] 0

c’est donc que
Yw € Q, ap,(T,w) < H.

0

Théoréme 1.1.9. Pour tout point T € R, il existe un événement Q.(T) de probabilité 1, tel que
apy(T,w) = ap,(T,w) = H, pour tout w € (7).

Remarque 1.1.10. 11 est important de souligner que dans le Théoreme 1.1.9 I’événement §2,(7)
dépend du point 7 considéré, et ne permet donc pas d’obtenir un événement universel de prob-
abilité 1 valable pour tous les points 7 € R en méme temps. Passer d’une détermination des ex-
posants de Holder (local et ponctuel) valable pour tout 7 presque sturement a une détermination
presque strement pour tout 7 est une tache plus difficile et met en jeu des techniques plus
complexes. Obtenir les exposants de Holder pour un événement universel donne beaucoup plus
d’informations; on réussit par exemple a déterminer le spectre des singularités du mouvement
brownien fractionnaire By défini par

\V/OZ 6 R, D(O{) = dimHaus {T 6 R? aBH(T) = O[},

ou dimy,,. désigne la dimension de Hausdorff (voir [Fal90]). En particulier, le Théoréme 1.1.11
assure que le mouvement brownien fractionnaire est un objet monofractal. Le spectre des sin-
gularités joue un role central en analyse multifractale ou il est omniprésent (voir par exemple
[Jaf99, Ball4, AJTO07]).



Le mouvement brownien fractionnaire 7

On sait depuis longtemps que le résultat reste vrai pour un événement universel de probabilité
1 ([Ber72,Xia97]).

Théoréme 1.1.11. Il existe un événement universel (), de probabilité 1, tel que

ap, (T,w) =ap, (T,w) = H, pour tout (T,w) € R x Q..

Nous présentons dans la suite deux méthodes pour obtenir le Théoreme 1.1.11 ; la premiere
repose sur les temps locaux et la deuxiéme sur les ondelettes. On peut également trouver une
autre démonstration de ce résultat en utilisant la frontiere 2-microlocale du mouvement brownien
fractionnaire dans [HLV09].

1.1.B.a Temps locaux et principe de Berman

Dans cette sous section, I est un intervalle compact de R et {Z(t)},.; est un processus stochas-
tique arbitraire dont les trajectoires sont des fonctions boréliennes.

Définition 1.1.12. Fixons w € € et un borélien T' € B(I). La mesure d’occupation associée a
Z(-,w) ala "période de temps” T est la mesure pr(e,w) définie sur B(R) par

VA € BR), pr(A,w) = A({t € T, Z(t,w) € A}),

ol A désigne la mesure de Lebesgue. La quantité pur(A,w) peut étre interprétée comme la durée
t passée par la trajectoire Z(-,w) dans le borélien A durant la période de temps 7'

Définition 1.1.13. Soient T’ € B(I), le temps local sur T du processus {Z(t)},.; est bien défini
uniquement si, pour P presque tout w € 2, la mesure d’occupation pup(e,w) est absolument
continue par rapport a la mesure de Lebesgue A. Dans ce cas, le temps local est noté L(e, T, w)
et il est défini comme la dérivée au sens de Radon-Nikodym de pp(e,w) par rapport a A

L(e,T,w) = W

Donc, pour toute fonction borélienne positive f sur R on a

/ F(@)dpur(,w) = / F(@) L, T, w)\(da).
R R

La proposition suivante (voir par exemple [Ayal9]) va nous assurer l'existence des temps locaux
pour le mouvement brownien fractionnaire.

Proposition 1.1.14. Supposons que {Z(t)},c; soit un processus gaussien centré. Alors, une
condition suffisante pour avoir l’existence de L(e,T') est

/T < /TE [(Z(t) — 2(s))?]*? dt) ds < +oo.

De plus, quand cette condition est vérifiée, L(e,T) est de carré intégrable par rapport a (x,w).
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Dans le cas du mouvement brownien fractionnaire, on suppose que 1" est un intervalle compact
de R et on utilise (1.1.6) pour obtenir

/T (/TE [(Bu(t) — Bu(s))?]"/? dt) ds < c(H)l/Q/T (/T It — sdet) ds
:c(H)—W/T </T_St]_Hdt> ds

avec la convention T'— s := {z — s, x € T'}. On pose v(T') :=sup{|z|, x € T} et on obtient

20(T) 2v(T)
/ </ \t_Hdt> ds g/ / it|=Hdt | ds = A(T)/ [t~ 7 dt < 400,
T T—s T —2u(T) —2u(T)

ce qui assure 'existence du temps local L(e,T") pour tout intervalle compact T'.

Les temps locaux peuvent permettre de mesurer l'irrégularité d’un processus stochastique a
travers le principe de Berman. Ce principe peut étre reformulé de la fagon suivante: plus les
trajectoires des temps locaux {L(z,T'), (x,T) € R x B(I)} sont régulieres et plus les trajectoires
du processus stochastique associé {Z(t)},.; sont irrégulieres. Il est souvent moins difficile de
montrer une propriété de régularité qu’une propriété d’irrégularité et donc le principe de Berman
fournit une importante stratégie pour obtenir des majorations des exposants de Holder local et
ponctuel.

Définition 1.1.15. On suppose l'existence du temps local L(e,I), le théoreme de Radon-
Nikodym assure alors l'existence des temps locaux L(e,T) pour tout 7" € B(I) ([Rud86]). En
particulier, c’est le cas pour pour les intervalles de la forme T' = I(s) avec

Vsel, I(s):={x<s, xe€l}.

On dit que le processus stochastique {Z(t)},.; a des temps locaux bicontinus si le champ
stochastique {L(x,I(s)), (z,s) € R x I} admet une modification continue. Dans ce cas, on
note {L(z,I(s)), (x,s) € R x I} cette modification continue.

Théoréme 1.1.16. (Principe de Berman) On suppose que le processus {Z(t)},c; est a
trajectoires continues avec des temps locauxr bicontinus. De plus, on suppose qu’il existe un
événement universel Qg de probabilité 1 sur lequel on a

Yw € Qq, V7 € }, lim sup {Supﬁ(x, [T —p, 7+ p],w)pg(T)_l} < 400, (1.1.7)
p—0t zeR

ot 6(-) est une fonction & valeurs dans ]0,1[. Alors, on a

az(t,w) < az(r,w) <0(r), pour tout (1,w) € T Qp.

o
Preuve. On fixe w € Qy, 7 € T et p > 0 suffisamment petit pour avoir [7 — p,7 + p] C I. On
introduit ensuite l'oscillation de Z(-,w) sur ce méme intervalle

Oscz([t — p, 7+ pl,w):= sup Z(t,w)— inf Z(t,w).
telT—p,7+p] te[r—p,7+p]
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La continuité de Z(-,w) assure que cette oscillation existe et est finie. On introduit 'intervalle
compact

inf  Z(t,w), sup Z(t,w)

J(7,p,w) =
( ) te[r—p,T+p] te[r—p,m+p]

Observons que la mesure ji;_, ., (e,w) est supportée par J(7,p,w) et donc L(x, [T — p,7 +
pl,w) = 0 pour tout = ¢ J(7, p,w). On a donc

’U'[T—PJ-FP}(R’UJ) = /R‘C('rv [T - p,Ter],w)dﬂ: = /]( )E(ZE, [T - p,Ter],w)dx
T,p,W
< MJ(1, p,w)) x sup L(z, [T — p, T + p],w)
z€R
< OSCZ([T —p T+ p],W) X Sup[ﬁ(az, [T —ps T+ p}vw)v (118)
z€R

avec

Hrprin(Row) = N({L € [r = p, 7+ pl, Z(t,w) € R}) = 2p. (1.1.9)
En combinant (1.1.8) et (1.1.9), on obtient

2< (OSCZ([T —p, T+ p],w)p*9(7)> X (supﬁ(m, [T —p, 7+ p],w)pe(ﬂ*l)
zeR
et donc, (1.1.7) assure que, pour tout € > 0, on a
lim sup {p*(G(TH“')Och([T —p, T+ p],w)} = +o0. (1.1.10)
p—0t

D’autre part, en utilisant I'inégalité triangulaire, on obtient pour tout € > 0

*(9(7)+5)OSCZ([T —p, T+ plw) = p*(9(7)+5) sup |Z(t1,w) — Z(ta,w)]

t1,t2€[T—p,7+p]
<2p70)  gup  |Z(t,w) - Z(T,w)|
tE[T_p7T+p]

p

et donc, grace & (1.1.10) on trouve finalement pour tout € > 0

lim sup {p_(e(THE) sup |Z(t,w) — Z(T,w)|} = 400.
p—0t te[r—p,7+p]

0

Remarques 1.1.17. e La condition (1.1.7) peut étre interprétée comme une condition de régularité
sur {L(z,1(5))}(, s)erxs de la variable s uniformément en la variable z. En effet, on peut écrire

Vr € R, E(ac, [T —p,T—i—p],w) = E(x,[(7+,0),w) — E(x,I(T — p),w),

et la continuité sur Rx I de la fonction & support compact (x, s) — L(z, I(s)) assure l'existence de

supL(z, [t —p, 7+ pl,w) = sup L(z,[r—p,T+pl,w) avec
:EER xEJ(Tvpvw)
lim sup {supﬁ(w, [T—,O,T—i—p],w)} =0. (1.1.11)
p—0t  (zeR
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La condition (1.1.7) est donc une condition de convergence plus rapide que (1.1.11) qui provient
de la continuité de {L(z,1(s))} ;. 5)erx1-

e Pour obtenir une propriété de régularité sur les temps locaux du type (1.1.7), il est souvent
nécessaire d’avoir des expressions explicites des fonctions caractéristiques associées aux lois finis
dimensionnelles du processus Z. Les méthodes de temps locaux deviennent donc peu efficaces
dans le contexte de processus stochastiques dont les fonctions caractéristiques des lois finis dimen-
sionnelles n’ont pas de forme explicite; ce qui est le cas de tous les processus multifractionnaires
non classiques étudiés dans cette these (voir section 1.3).

Une méthode alternative a celles des temps locaux est celle des ondelettes dont on retrouve
différentes variantes dans un certain nombre d’articles sur I’étude de la régularité et de I'irrégularité
locale de processus stochastiques.

1.1.B.b La méthode d’ondelettes et ses variantes

Une base d’ondelettes est une base hilbertienne de L?(R) formée de fonctions & valeurs réelles
(V) k)jkez générées par translations et dilatations d’une méme fonction ¢ € L?*(R) appelée
ondelette mere avec

Vo € R, o p(x) = 20/% (202 — k).
En particulier, toute fonction f € L?(R) peut s’écrire

“+o00 —+00

F=> > ajrtin (1.1.12)

Jj=—00 k=—o00

ot la convergence a lieu dans L?(R) et les (a; ), kez sont des coefficients d’ondelettes définis par

ajr = (f,hik) = /Rf(t)wj,k(t)dt. (1.1.13)

L’intérét des ondelettes dans ’analyse de la régularité locale transparait par exemple dans un
résultat de Stéphane Jaffard (voir [Jaf91,Jaf04]): si f est holderienne sur R et si ¢ est une on-
delette suffisamment réguliére, on a la caractérisation suivante de ’exposant de Hoélder ponctuel
en un point 7 € R

log [27/2a 1|
= liminf inf : J: A
o () oo ke log(2=7 + |7 — k277])

Cette égalité est une conséquence du Théoreme 1.1.18 suivant.

On suppose que 'ondelette mere ¢ est dérivable et d’intégrale nulle (c’est-a-dire que son premier
moment est nul). De plus, ¥ et sa fonction dérivée ¢’ sont & décroissance rapide a l'infini, plus
précisément on a

Vi e {0,1}, ¥Ym e N, sup [ (2)|(1 + |z))™ < 4o0. (1.1.14)
zeR

Ces conditions sur v sont classiques et souvent imposées aux ondelettes.
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Théoréme 1.1.18. Soient f € L*(R) bornée et globalement e-hélderienne (avec € > 0), a €
10,1 et zp € R. Si ap(xo) > « alors il existe une constante ¢ > 0 telle que

Vi k € Z, |aji] < 27 OFV2I (142920 — k[). (1.1.15)

Réciproquement, si (1.1.15) est vérifiée alors il existe une constante ¢ > 0 telle que pour tout
x € R avec |x —xo| <1 on a

@) = flao) < o = ol tog ()

et donc ay(xg) > a.

On donne ici une démonstration de I'implication directe; la preuve de la réciproque qui est bien
plus complexe est présentée dans [Jaf04].

Preuve. On fixe 79 € R et on pose djj = 2j/2aj,k pour simplifier les calculs. Puisque v est
d’intégrale nulle, on peut écrire

Vi k €Z, djy=2 /R fx)p(Px — k)de =27 /R(f(a:) — f(zo)Y(2z — k)dz.

|f (@)= f(zo)]

E= existe et est finie. On

Puisque f est bornée avec af(xg) > o, la quantité ¢; := sup

z€R
obtient ensuite en utilisant 1'inégalité triangulaire, I'inégalité (a + b)* < a® 4 b* valable pour
a,b>0et (1.1.14) avec i =0 et m = 2

| @ — ol ' / |7 — k279" + |ag — k27|
dig| <2 , de <27 : dz.
|kl < Cl/R(1+|2ax_k|)2 =T (1+ (272 — k)2 ’

Finalement, en effectuant le changement de variable ¢t = 272 — k, on trouve

i [t]* + |27z — k| i |t|« , 1
dikl <2 O‘jcl/ dt < 27%¢; ———dt + |22y — k|* —dt
4 TN NTEaTiERa " T

<27 (1+ 2o — k|%)

ou ¢o > 0 est une constante.

L’exemple le plus simple de bases d’ondelettes, appelée parfois de facon humoristique ”on-
delette du pauvre”, est celle de Haar introduite en 1909 ([Haal0]) avec pour ondelette mere

1 sio<t<1/2
VEER, ¢(t):={ —1 sil/2<t<1

0 sinon.

Une autre catégorie bien connue de bases d’ondelettes sont les bases de Meyer. Grace a une
telle base, différents types de représentations du mouvement brownien fractionnaire en séries
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aléatoires ont pu étre obtenues dans larticle [MST99]. L’une de ces représentations est la
suivante:

+oo 400
VEER, By(t)= Y > 277 (Uy(2t—k) - Uu(-k)) cjk,

j=—00 k=—o00

ou Wy désigne la primitive fractionnaire (a gauche) d’ordre H + 1/2 d’une l'ondelette mere de
Meyer 1 et ou les ¢, sont des variables aléatoires indépendantes de méme loi N'(0,1). Cette
représentation en série aléatoire permet d’avoir une preuve alternative du Théoreme 1.1.11 et
permet de fagon indirecte de simuler le mouvement brownien fractionnaire.

100
075 10
050
025 05

000
g5 0.0
—0.50

-0.75

-1.00

-2 -1 o 1 2 3 -2 -1 o 1 2 3

L’ondelette meére de Haar a gauche et une ondelette mére de Meyer a droite.

Ces deux ondelettes sont diamétralement opposées: 'ondelette de Haar est irréguliere alors
que 'ondelette de Meyer est tres réguliere ce qui la rend tres commode pour utiliser les techniques
d’analyse qui nécessitent une certaine régularité comme les intégrations par parties. Néanmoins,
les coefficients d’ondelettes de Haar s’approximent plus facilement numériquement (voir Re-
marque 1.3.4), ce qui peut lui donner de l'intérét du point de vue des applications. Notons
également que plusieurs nouveaux résultats de cette thése sont obtenus en utilisant la base de
Haar (voir Chapitre 7). Signalons tout de méme, qu’il existe d’autres méthodes que celles des
séries d’ondelettes pour simuler le mouvement brownien fractionnaire et nombre d’entre elles
sont présentées dans [Coe00]. Dans ce méme article, Jean-Frangois Coeurjolly présente aussi
plusieurs estimateurs du parametre de Hurst H.

00

oo 0z 04 06 08 10 0.0 02 0.4 0.6 08 1o 0.0 02 o4 06 o8 10

Simulations du mouvement brownien fractionnaire
(H = 0.3 a gauche, H = 0.5 au milieu, H = 0.8 & droite).

Ces simulations illustrent le Théoreme 1.1.11: plus le parametre de Hurst H est proche de 1,
plus les trajectoires sont lisses et régulieres; a I'inverse, plus le parametre de Hurst H est proche
de 0 et plus les trajectoires sont rugueuses et irrégulieres.
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1.2 Processus multifractionnaires classiques

La régularité locale du mouvement brownien fractionnaire étant prescrite par le parametre de
Hurst H (comme le montre le Théoreme 1.1.11), elle ne peut évoluer d’un point & un autre et
reste la méme tout le long de la trajectoire. Le mouvement brownien fractionnaire ne serait
donc pas un modele bien adapté pour pouvoir rendre compte de nombreux phénomeénes (cours
de la bourse, encéphalogrammes, génération de montagnes artificielles, etc) qui nécessitent que
la rugosité des trajectoires puissent changer d’un point a un autre.

1.2.A Le mouvement brownien multifractionnaire

Pour palier a cette limitation du mouvement brownien fractionnaire dont la régularité locale ne
peut évoluer d’'un point a un autre, Romain-Frangois Peltier et Jacques Lévy Véhel ainsi que
Albert Benassi, Stéphane Jaffard et Daniel Roux introduisent de maniere indépendante un nou-
veau type de processus gaussien dit multifractionnaire, au milieu des années 90, dans les articles
[PLI5] et [BJRIT7]. L’idée est de remplacer le parametre de Hurst H constant du mouvement
brownien fractionnaire par une fonction déterministe ¢ — H(t) a valeurs dans |0, 1], qui dépend
de la variable ¢ qui permet d’indexer le processus. Soulignons que cette idée de faire dépendre le
parametre de Hurst de l'indice du processus ¢ caractérise les processus multifractionnaires dits
classiques.

En reprenant la définition (1.1.2), on peut ainsi définir un nouveau processus stochastique
gaussien {M(t)},cr, appelé mouvement brownien multifractionnaire, par la relation suivante

VtER, M(t) = F(H(t)1+1/2)/R ((t — 5)HO=1/2 _ (—s)f“)—l/?) dB(s). (1.2.1)

Bien qu’elle soit plus complexe que celle du mouvement brownien fractionnaire, il est toujours
possible de calculer explicitement la fonction de covariance du mouvement brownien multifrac-

tionnaire ([ACLV00]).

Proposition 1.2.1. Pour tous t,s € R, on a
E (M(H)M(s)) = D(H (1), H(s)) (Jf1OFHE) 4 s HOTHE g g HOHIE))

avec

_ VTQz+ P2y +1)sin(ra) sin(my)

D(z,y) : 2 (z +y + 1) sin(w(z + y)/2)

Lorsque la fonction H(-) est discontinue ou pas suffisamment réguliere, les exposants de
Holder local et ponctuel au point 7 € R ne coincident pas avec la valeur de H(-) au point 7
comme le montre par exemple la proposition suivante (voir [Ayal9]).

Proposition 1.2.2. Supposons que la fonction de Hurst H(-) soit discontinue en un point
T € R*, alors il existe un événement Q.(7) de probabilité 1 tel que, pour tout w € Q. (1) la
tragectoire M(-,w) est discontinue au point T.
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Néanmoins, lorsque la fonction H(-) est suffisamment réguliere, la régularité locale du mouve-
ment brownien multifractionnaire peut évoluer d’un point a un autre et les exposants de Holder
coincident avec les valeurs prises part H(-) ([PL95,BJR9I7]).

Théoréme 1.2.3. Supposons que la condition (C) suivante soit satisfaite par la fonction H :
R — ]0,1]
(C): ag(r) > H(T), pour tout T € R.

Alors, pour tout T € R, il existe un événement (1) de probabilité 1, tel que

apm(T,w) =am(r,w) = H(r), pour toutw € Q. (7).

Dix ans apres, Antoine Ayache, Stéphane Jaffard et Murad S. Taqqu démontrent avec des
méthodes d’ondelettes dans l’article [AJT07] que le résultat reste vrai pour un événement uni-
versel de probabilité 1. On peut retrouver une autre démonstration de ce résultat a partir de la
frontiere 2-microlocale du mouvement brownien multifractionnaire dans [Her04, HLV09].

Théoréme 1.2.4. Supposons que la condition (C) suivante soit satisfaite par la fonction H :
R —]0,1]
(C): ag(r)> H(T), pour tout T € R.

Alors, il existe un événement universel Q, de probabilité 1, tel que
apm(T,w) = apm(r,w) = H(T), pour tout (T,w) € R x Q.

Remarque 1.2.5. La condition (C) est par exemple vérifiée lorsque la fonction H(+) est lipschitzi-
enne.

Ce nouveau processus {M(t)},.p ne conserve pas les deux propriétés fondamentales d’auto-
similarité et d’accroissements stationnaires du mouvement brownien fractionnaire; néanmoins,
on retrouve localement une propriété d’auto-similarité asymptotique.

Théoréme 1.2.6. Supposons que la condition (C) suivante soit satisfaite par la fonction H :
R —]0,1]
(C): ap(r)> H(T), pour tout T € R.

Alors en tout point 7 € R, le mouvement brownien multifractionnaire {M(t)},cp est fortement
localement asymptotiquement auto-similaire d’exposant H(T) et le mouvement brownien fraction-
naire {BH(T) (t)}teR est le processus tangent. En somme, il existe une constante strictement posi-

tive c(7) telle que pour tout réel T > 0, le processus stochastique { \~H () (M(7 + At) — M(T))}teR

converge en loi vers {C(T)BH(T) (15)}t€]R quand X — 07 dans l’espace de Banach des fonctions
continues C([=T,T1,]|-||oo)-

Sous la condition (C), on a donc pour tout ¢ € R un mouvement brownien fractionnaire de
parametre de Hurst H(t) qui est tangent a la trajectoire du mouvement brownien multifraction-
naire au point .

Il existe quelques méthodes pour simuler le mouvement brownien multifractionnaire; une
méthode de simulation est d’ailleurs présentée par Peltier et Lévy Véhel dans leur article fon-
dateur [PL95].
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Simulation du mouvement brownien multifractionnaire
(la fonction de Hurst H(-) a gauche et une trajectoire de M associée a droite)

On sait aussi estimer H(tp), la valeur de la fonction de Hurst H(-) en un point arbitraire et
fixé to € [0,1], & partir de 'observation d’une réalisation discrétisée {M (&) }0 cpey (OU N est
un entier assez grand) du mouvement brownien multifractionnaire (voir [AL04, BS13a, BCI9S8,
Coe05,Coe06]). L’estimateur est construit a partir des variations discretes généralisées d’ordre
L > 1 notées (dnk)o<k<N—I avec

L
k
Vk € {O,...,N—L}, dN,k = Zaq/\/l <]—\|;,q>
q=0

ou

Vg e {0,...,L}, a,:= (—1)F4 (2’)

Par exemple, lorsque L = 1 on retrouve un accroissement classique

k k+1
Vke{0,...,N —1}, dN’k_M<N> —M<N>, (1.2.2)

et lorsque L = 2 on obtient un accroissement entre deux accroissements
k k+1 k+1 k+2

Pour comprendre comment ces variations peuvent permettent d’estimer les valeurs de H(-), on
se place dans le cas L = 1 et on suppose que I'entier IV est assez grand pour faire ’approximation
H((k+1)/N) ~ H(k/N). En combinant (1.2.2) avec la Proposition 1.2.1, on obtient ’approximation

E|dN,k|2 ~ N_2H(k/N).

La quantité H(ty) est donc intimement reliée aux valeurs des (dyx)? situés dans un voisinage
de tyo. Fixons un réel a € ]0,1/2[. Pour tout entier N > 2, on définit le voisinage discret du

point tg € [0,1], noté vn(to), par
< N‘“} .

vn(to) := {kG{O,...,N},

—
N 0
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On désigne ensuite par Vi (to) le carré de la moyenne quadratique des (dy )x au voisinage du
point £g

1 :
) = it 2, ()

C’est a partir des Vy(tg) que 'on peut construire un estimateur consistant de H (o). Heuris-
tiquement, Vi (tg) va suivre une loi forte des grands nombres et on va obtenir pour N assez
grand et k € vn(to)

Vi (to) =~ Eldni|* ~ N—2H(k/N) o ny—2H(to)
Ainsi, on parvient aux estimations

. log(V(to))
—2log(N)

et H(ty) ~ 2 'log (VN(tO)) .

H(to) Van (o)

Le théoreme suivant ([BCI98, Coe05, Coe06]) met en lumiere la convergence de ce second es-
timateur. Cet estimateur a l’avantage de faire intervenir un quotient entre deux moyennes
quadratiques et donc d’étre invariant quand on multiplie le processus M par une constante.

Théoréme 1.2.7. On suppose que L > 2 et que la condition (C) suivante est satisfaite par la
fonction H : R — 10, 1]
(C): ap(t) > H(t), pour tout t € R.

Alors pour tout to € [0, 1]

ﬁN(tO) = 271 log (‘Z?if(ii}))

est un estimateur fortement consistant de H (ty); c’est-a-dire que I/‘_\[N(to) tend presque strement
vers H(tg) quand N tend vers +oo.

05 0.8
07 07
06 06
05
0.4
-15 03

20 0z
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oo 0z 04 06 08 10 oo 02 04 06 11:] 10 oo 02 04 06 08 10

Estimation de la fonction de Hurst du mouvement brownien multifractionnaire
(H(-) a gauche, une trajectoire M associée au milieu et l’estimation de H(-) a droite)

Remarques 1.2.8. o La condition L > 2 permet de décorréler les accroissements et obtenir un
théoreme central limite pour Hy (o).

e [’estimateur donné par le Théoreme 1.2.7 converge point par point et ne converge a priori pas
uniformément sur tout l'intervalle [0,1]. Il semble plus intéressant d’obtenir une convergence
uniforme; c’est le cas dans l'article [AH17], ol est construit, dans le cadre non gaussien du
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mouvement multifractionaire stable linéaire, un estimateur de la fonction déterministe de Hurst
qui converge uniformément a une vitesse que ’on peut estimer.

e Notons également que la preuve du Théoreme 1.2.7 qui est donnée dans la littérature, que nous
avons citée, repose essentiellement sur des méthodes gaussiennes qui nécessitent de disposer d’une
estimation précise de la covariance des accroissements généralisés dy , du mouvement brownien
multifractionnaire.

Signalons que dans le Chapitre 6 de cette thése nous construisons un estimateur qui converge
presque surement, au sens de la norme uniforme, vers la fonction de Hurst aléatoire d’un pro-
cessus multifractionnaire non classique. L’une des difficulté pour obtenir ce résultat est que
ce dernier processus est non gaussien, en outre sa fonction de covariance est beaucoup plus
complexe que celle du mouvement brownien multifractionnaire classique.

1.2.B Un premier type de processus multifractionnaire avec exposant aléatoire

Le fait que dans la définition (1.2.1) la fonction de Hurst H (-) soit déterministe est restrictif pour
les applications. Par exemple, en finance, I’exposant de Holder ponctuel peut étre interprété
comme le poids que donnent les investisseurs aux prix du passé pour prendre leurs décisions
(voir [BPP12]) et il n’y a pas de raison & priori pour que ce poids soit déterministe. Il peut
donc étre intéressant de réussir a définir une nouvelle classe de processus multifractionnaires
avec un parametre fonctionnel aléatoire. Cependant, il n’est pas possible de simplement rem-
placer la fonction déterministe H (-) par un processus stochastique {S(t)},.g dans la définition du
mouvement brownien multifractionnaire car I'intégrale (1.2.1) ne serait plus définie au sens d’Ito6.

En 2003, George C. Papanicolaou et Knut Solna suggerent dans [PS03] de remplacer la
fonction de Hurst déterministe H(-) du mouvement brownien multifractionnaire par un proces-
sus stochastique {S(t)},.p suffisamment régulier, a accroissements stationnaires et indépendant
du mouvement brownien {B(s)},.r. Cependant, leur idée ne se généralise pas du tout au cas
général ot {S(t)},cr peut dépendre du mouvement brownien {B(s)} . car l'intégrale (1.2.1)
ne serait plus correctement définie.

En 2005, Antoine Ayache et Murad S. Taqqu définissent dans [AT05] un nouveau processus
multifractionnaire avec une fonction de Hurst aléatoire a partir d’un processus stochastique
{S(t)}1ejo,1) & valeurs dans un compact [a,b] C ]0,1[. IIs introduisent tout d’abord le champ

gaussien {BH(t)}(t7H)E[O71]><[a,b] défini par
W(t, H) € [0,1] x [a,b], Bu(t) ;:/ ((t = )72 = (—s)2) aB(s) (1.2.3)
R

et qui & H fixé correspond, & un facteur multiplicatif pres, a la définition (1.1.2) du mouve-
ment brownien fractionnaire. Ils obtiennent ensuite la convergence uniforme en (¢, H) pour la
représentation en série aléatoire suivante du gaussien défini par (1.2.3) suivante

[e%e] —+o00
V(t, H) € [0,1] x [a,b], Ba(t):= > > aji(t,H)ejx,

j=—00 k=—o00
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ol {Ej,k}j wez sont des variables aléatoires indépendantes de méme loi N(0,1), et o les coeffi-
cients déterministes a;x(t, H) sont donnés par la relation

et —1 ~

W%}k(f)df- (1-2'4)

V(t, H) € [0,1] x [a,8], V), k € Z, aju(t, H) ;:/

R
Notons que {¢j7k}j ez désigne une base d’ondelettes de Lemarié-Meyer de L?(R). Le nouveau
processus {Z(t)},¢0,1) Peut alors étre défini par la relation

—+o0o —+o00

VEe (0,1, Z(t) == Y > ajn(t, S(t))ejk- (1.2.5)

j=—00 k=—00

Ce processus fait parti d’une nouvelle classe de processus multifractionnaires, appelée MPRE
(Multifractional Processes with Random Exponent).

L’étude d’un tel processus avec un parametre fonctionnel aléatoire est bien plus complexe
que celle du mouvement brownien multifractionnaire. En effet, contrairement au mouvement
brownien multifractionnaire ce nouveau processus n’est pas gaussien; de plus, sa loi et sa fonction
de covariance ne sont pas explicites, et comme nous I’avons vu avec les exemples du mouvement
brownien fractionnaire et du mouvement brownien multifractionnaire, avoir acces a une formule
explicite de la fonction de covariance d’un processus est un outil précieux pour I’étudier.

Dans le méme article, Ayache et Taqqu déterminent les exposants de Holder ponctuel et
local du processus {Z (t)}te[o,l] dans le cas général ou ce dernier n’est a priori pas indépendant
du mouvement brownien {B(s)} g-

Théoréme 1.2.9. Supposons que la condition (C) suivante soit satisfaite presque-sirement par
le processus stochastique {S(t)},c0 1)

(C): as(t) > S(t), pour toutt € R.

ot Bs([0,1]) désigne l’exposant de Hélder global de S (voir (1.1.5)) sur lintervalle [0,1]. Alors,
pour tout T € R, il existe un événement Q.(7) de probabilité 1, tel que

az(r,w) =az(r,w) = S(1,w), pour tout w € Qu(T).

Le premier ingrédient pour démontrer ce théoreme est une majoration des coefficients aléatoires
(€j,k)jkez, Présents dans (1.2.5), au moyen du lemme suivant.

Lemme 1.2.10. I existe une variable aléatoire C' > 0 avec des moments finis de tout ordre et
un événement 2y de probabilité 1 tels que

Vw € Qus, Vi k € Z, [gj1(w)] < Cw)y/log(2 + [])v/1og(2 + |k]).-

Remarque 1.2.11. Ce lemme est tres commode pour s’affranchir des (g4);rez lorsque 'on
cherche, au moyen de la série aléatoire, a majorer la valeur absolu d’un accroissement du pro-
cessus Z. Signalons au passage que des résultats analogues au Lemme 1.2.10 jouent un role
important dans le Chapitre 5 et le Chapitre 7 de cette these.
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Le second ingrédient de la preuve du Théoreme 1.2.9 est I'estimation des coefficients (a; i (t, S(t)));kez
définis a (1.2.4). L’ondelette v; ) de Lemarié-Meyer est tres réguliere et permet donc de faire
tendre ces coefficients tres vite vers 0 quand k& — oo en effectuant des intégrations par parties.
Soulignons tout de méme que bien que ces coefficients tendent tres vite vers 0, ils ne sont pas
explicites ce qui rend la définition (1.2.5) peu adaptée pour simuler le processus.

La méthode du temps local, que nous avons décrite précédemment, ne semble par permettre
d’étudier l'irrégularité de ce processus Z puisque I'on ne sait pas si ce processus admet un temps
local, de plus on ne dispose pas de formules explicites pour les fonctions caractéristiques de ses
lois finis dimensionnelles (voir Remarques 1.1.17).

De plus, un autre défaut considérable du processus Z est qu’il n’a pas de représentation sous
forme d’intégrale d’It0, il est donc difficile d’utiliser les outils performants du calcul stochastique
d’It6 pour I’étudier.

Dans un autre registre, une condition de régularité (C) est toujours nécessaire pour le Théoréeme
1.2.9 et on aimerait 'affaiblir pour s’autoriser des parametres fonctionnels moins réguliers.

1.3 Processus multifractionnaires non classiques

1.3.A Les processus multifractionnaires de Surgailis

C’est en 2008, dans son article [Sur08], que Donatas Surgailis va introduire un nouveau type
de processus multifractionnaire. Ces processus sont construits a partir d’'une fonction réelle
continue a(-) a valeurs dans | — 1/2,1/2[ qui pourra étre interprétée comme H(-) —1/2 ou H(-)
est la fonction de Hurst. Les processus de Surgailis {X (t)},cp et {Y(t)},cg sont donnés par les

relations
X(t) = /R ( /0 tr(alm)(T _ s)i(T)_leH(s’T)dT> dB(s)

et

— 1 als) —Hy(sit) [ oyols) —Hi(s,
Y(t).—/Rr(l_Fa(S))«t—s)jL e~ Hels) _ (_g)a)g H(0>)dB(s),

avec pour tous s < ¢

H_(s,t) 12/ Mdu, H,(s,t) ::/ Mdv.

t—u v— 8

Ces processus proviennent d’opérateurs d’intégration et de dérivation multifractionnaires et sont
plus complexes que le mouvement brownien multifractionnaire classique. Une importante idée
nouvelle qui transparait déja est que le parametre fonctionnel de tels processus peut ne pas
dépendre de la variable ¢ qui indexe le processus, mais étre dépendant de la variable d’intégration
s associée a l'intégrale stochastique qui représente le processus. Un tel processus stochastique
ou le parametre fonctionnel dépend de la variable d’intégration est dit multifractionnaire non
classique.
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Surgailis montre que ces deux processus sont bien définis lorsque «(-) vérifie les trois condi-
tions suivantes. La premiere condition est une condition de Dini uniforme suivante

/1 a(t) = a(t + )|

du < +00.
-1 |ul

(1) : sup
teR

La deuxiéme condition est la suivante

D inf -1 .
(2) 52%&(70 > 0 pour X, l1Lr€11R0z(u) > —1/2 pour Y

La troisieme condition est une majoration de la moyenne généralisée supérieure de Césaro

t
(3) : @sup := limsup 1 a(u)du < 1/2. (1.3.1)
t—s—+oo l — S Jg
Soulignons que contrairement au mouvement brownien multifractionnaire classique, la condition
(1.3.1) permet au parametre fonctionnel «(-) de prendre parfois de grandes valeurs. Surgailis
démontre également au sens faible (c’est-a-dire au sens des lois finis dimensionnelles) 1’auto-
similarité locale asymptotique de ces processus.

Théoréeme 1.3.1. Soit T € R, tel que a(7) € ]0,1/2] dans le cas de X et a(7) € |—1/2,1/2[\ {0}
dans le cas de Y. Supposons que la condition (D) suivante soit satisfaite par la fonction af-)

1
D) : h) — = —_— .
D)+ la(r+) - a0l =, o o)
Alors les processus X et'Y sont faiblement localement asymptotiquement auto-similaires au point
T d’ordre H(T) = a(1) + 1/2. En somme, il existe une constante strictement positive c(1) telle
que le processus {)\*H(T) (X (74 At) — X(T))}teR converge au sens des lois finis dimensionnelles

vers le mouvement brownien fractionnaire {C(T)BH(T)(t>}t€R quand X\ — 0 (de méme pourY).

Remarque 1.3.2. La condition (D) sur le parametre «(-) des processus de Surgailis est beaucoup
plus faible que la condition (C) (présente par exemple dans le Théoreme 1.2.6) sur la fonction
de Hurst H(:) du mouvement brownien multifractionnaire.

Faire dépendre la fonction de Hurst de la variable d’intégration pourrait ne pas sembler
trés judicieux & prime abord. En effet, il n’est pas certain que la méthode d’ondelettes qui
fonctionnait bien pour les processus multifractionnaires classiques puisse d’adapter a ce nouveau
contexte. Pour illustrer cette affirmation, reprenons les coefficients d’ondelettes (a; (¢, H)); rez
définis a (1.2.4)

et —1 ~

ajr(t, H) 1:/RZ.§’£‘H_1/21/)3',1<:(5)(1§-

Lorsque H est constante ou dépend de la variable ¢, on montre que ces coefficients tendent tres
vite vers 0 quand k — 400 en effectuant des intégrations par parties. Cependant, si on fait
dépendre H de la variable d’intégration & alors on peut plus difficilement intégrer par parties;
les coefficients convergent lentement et on ne réussit plus a déterminer les exposants de Holder.
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Aucun résultat sur la régularité locale des processus de Surgailis n’apparait alors explicitement
dans la littérature. D’autre part, Surgailis reconnait lui méme dans l'article [BS13a] qu’il sera
bien plus complexe d’estimer le parametre fonctionnel (comme le fait le Théoreme 1.2.7) de ses
processus et plus généralement, des processus multifractionnaires non classiques car leur fonc-
tion de covariance devient beaucoup plus complexe.

Sous certaines hypothéses sur la fonction «(-), nous apportons une réponse a chacun de ces
deux problemes dans le Chapitre 3 de cette these. En particulier, nous déterminons les exposants
de Holder locaux et ponctuels des processus de Surgailis, pour un événement universel qui ne
dépend pas du point considéré, en montrant que la différence entre chacun des deux processus
de Surgailis et le mouvement brownien multifractionnaire est plus réguliere que ce dernier. De
plus, nous montrons que Iestimateur fortement consistant Hy (to) du Théoréme 1.2.7 fonctionne
également pour les processus de Surgailis.

1.3.B Une nouvelle classe de processus multifractionnaires non classiques
avec exposant aléatoire

1.3.B.a Le Riemann-Liouville MPRE

C’est en s’inspirant plus ou moins de 'idée introduite dix ans plus t6t par Surgailis que Antoine
Ayache, Céline Esser et Julien Hamonier construisent dans l'article [AEH18] un nouveau proces-
sus multifractionnaire non classique au moyen de I'intégrale d’Ito, dont le parametre fonctionnel
n’est plus une fonction déterministe H(-) mais un processus stochastique dont l'indice est la
variable d’intégration. De cette maniere, le parametre fonctionnel peut étre adapté a la filtra-
tion (Fs)scr & laquelle est associé le mouvement brownien {B(s)}, . Pour cela, ils considerent
uniquement la partie haute-fréquence du mouvement brownien fractionnaire, aussi appelé pro-
cessus de Riemann-Liouville fractionnaire, notée {RH(t)}te[O,1]7 qui gouverne la régularité des
trajectoires du mouvement brownien fractionnaire, et qui est définie pour H € ]0, 1[ par

vt €[0,1], Ru(t) := /1(t—s)f—1/2d3(s). (1.3.2)
0

Ils remplacent ensuite le parametre de Hurst constant H par un processus stochastique { H(s)} s€(0,1]

adapté a la filtration (Fs)ser et a valeurs dans un compact déterministe [H, H] C ]1/2,1[. Ce
nouveau processus {X (t)}c(o 1 est donc défini par

vVt € [0,1], X(t):= /01 K (s)dB(s)

Ki(s) = (t — 5)7&712 (1.3.3)

Ils décomposent ensuite le noyau (1.3.3) dans la base de Haar de L?(]0,1]) qui est composée des
fonctions

U= Ty et hyg =277 (Lp-ipo-shs1/2) — Lp-ierrym2-igsny) »  ENet ke {0,...,27 1},
(1.3.4)
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et obtiennent une représentation de {X(t)},c() en série aléatoire, donnée par le théoreme
suivant.

Théoréme 1.3.3. Supposons que pour certaines constantes p € 11/2,1] et ¢ >0 on a
va,y € 0,1, E(|H(@) — H)P) < o -yl

Alors, il existe un événement universel Q.. de probabilité 1, tel que

+o00 271

Vo € Dy X(t,w) = (Ki(-,w),U)mo(w) + D > (Ki(w), hyn)ejn(w),
J=0 k=0

ot la convergence est uniforme en t sur [0,1] et ou

1
mi= [ UEiB(E) = B) - BO)
0
et
1
Ejk 1= / hj(s)dB(s) = 29/2 (23(2—<j+1)(2k +1)) = B(277k) - B2 (k + 1)))
0

sont des variables aléatoires de méme loi N'(0,1).

Remarque 1.3.4. Dans ce cadre, I'un des intéréts de la base de Haar ici est qu’elle donne des
coefficients que ’on peut facilement estimer. En effet, en combinant (1.3.3) et (1.3.4) on obtient

) (k+1/2)277 (k+1)2739
<Kt, h],k) = 23/2 (/ (t - S)f(s)il/2d5’ — / (t — S)f(s)l/2d8> .
k23 (k+1/2)2-7
On fait ensuite approximation H(s) ~ H(k277) lorsque s € [k277, (k + 1)277[ pour avoir
, (k+1/2)277 » (k+1)277 »
(Ko hyp) = 2012 ( / (¢ )10 s [ (t - ) 102071 2ds>
k2— (k+1/2)2-3
23/2

Kihjp)~ oo
(K, hie) H(k277) 4+ 1/2

(6 = w2 TOEDR2 4 (g 1)29) 02002,

Les coefficients (K, h; 1) peuvent donc étre approximés facilement ce qui permet au méme article
[AEH18] d’introduire deux méthodes de simulation du processus {X(t)},c(o 1)-

0.90 0.4
0.85 02
0.80
0.0
0.75
-0.2
0.70
0.65 —0.4
0.60
-0.6
0.55
T T T T T T _UE T T T T T T
00 02 04 06 08 10 0.0 02 0.4 06 0a 10

Une réalisation H(-,w) a gauche et la trajectoire associée X (-,w) a droite
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Cependant, les conditions du Théoreme 1.3.3 sont toujours nécessaires et ils ne parviennent pas
a obtenir une méthode de simulation de X dans un cadre plus général.

Toutefois, nous présentons dans le Chapitre 5 de cette theése, une méthode de simulation du
processus {X (t)},c(,1) dans le cas ol le processus stochastique {H(s)}¢(o 1 est a valeurs dans
un compact déterministe de 0,1 et & trajectoires non continues.

Par ailleurs, grace a cette décomposition de X via la base de haar, Ayache, Esser et Hamonier
obtiennent une minoration des exposants de Holder.

Théoréme 1.3.5. Supposons que les trajectoires de {H(s)}se[O’l] soient presque-sturement holderiennes
d’ordre v > 1/2 et que pour certaines constantes p € |1/2,1] et ¢ > 0 on ait

va,y € 0,1, E(H(@) - H)P) < o -yl
Alors, il existe un événement universel ), de probabilité 1, tel que
ax(r,w) > ax(r,w) > H(t,w), pour tout (1,w) € [0,1] x Q..

Remarque 1.3.6. La condition d’holderiennité du Théoreme 1.3.5 est parfois plus faible que
la condition (C) des processus multifractionnaires classiques, c’est par exemple le cas lorsque
H >~.

1.3.B.b Reécents résultats sur une classe de processus plus générale que le Riemann
Liouville MPRE

Récemment dans [LMS21], Dennis Loboda, Fabian Mies et Ansgar Steland ont proposé un nouvel
angle d’attaque pour étudier la régularité du Riemann Liouville MPRE ainsi qu’une vaste classe
de processus qui le généralise. En effet, les processus stochastiques qu’ils étudient sont de la
forme

W0, X(1) = /t ot $)dB(s) (1.3.5)

—0o0

ou pour tout réel ¢ > 0 fixé, l'intégrande aléatoire {g(¢, s)} est un processus adapté a la

s€]—00,t[
filtration (F;)ser et vérifiant ffoo lg(t, s)|2ds < 400 presque-siirement; ce qui garantit 1’existence
de l'intégrale d’Itdé dans (1.3.5). En outre, pour pouvoir étudier la régularité de X, Loboda, Mies
et Steland imposent & g plusieurs conditions supplémentaires qui sont présentées dans [LMS21]
ainsi que dans le Chapitre 4 de cette these; citons tout de méme deux exemples de processus ¢

qui vérifient ces conditions:
V(t,s) € Ry xR, gi(t,s) := (t — 8)5(8)71/2 _ (_5)5(8)71/2
et

V(t,s) e Ry x R, go(t,s) :== (t — S)f(s)—lﬂe—)\(t—s)’
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ot A > 0 est fixé et {H(s)},.p est un processus stochastique adapté a la filtration (F)scr et a
valeurs dans [H, H] C |0, 1[. Le processus g; correspond a l'intégrande du mouvement brownien
multifractionnaire (1.2.1) ol on a remplacé H(t) par le processus stochastique {H(s)},cg. Le
processus go correspond quant & lui au noyau du processus de Matérn ([LSEO17]).

Leur idée directrice est de tirer du fait que ces processus disposent d’une représentation via
Iintégrale d’It6 pour leur appliquer certains outils performants du calcul stochastique d’Ito. Ils
commencent par établir une judicieuse généralisation du Théoreme 1.1.5 (Kolmogorov-Chentsov)
de sorte a ce que ce théoreme devienne un outil bien adapté pour la minoration des exposants
de Holder aléatoires.

Théoréme 1.3.7. Soient T > 0 ainsi que {Y (t)}yejoq) @ valeurs réelles et {a(t)},cpo ) a

valeurs dans |0, 1[ deux processus stochastiques. Le processus {a(t)},cpo 1) est a trajectoires semi-

continues inférieurement et pour tout ouvert ou fermé B C [0,T] la fonction ag := tin]g a(t) est
€

mesurable et ne s’annule pas. Supposons que pour un certain p > 0, il existe € > 0 et une
constante C(p,€) tels que pour tous t,t' € [0,T] avec |t —t'| < e on ait

. ’Y@) —Y()["

< C(p7€)|t - t/|

[t — /]%es)

Alors {Y () }ep0,r) admet une modification dont les trajectoires sont, sur tout intervalle fermé
B C [0,T], ag-holderiennes. Ainsi, il existe un événement universel Q. de probabilité 1 tel que

ay (T,w) > ay(r,w) > a(r,w), pour tout (T,w) € 0, T[xy.

Remarque 1.3.8. Lorsque a est constante et déterministe, on retrouve le Théoreme 1.1.5 avec
d=pete=ap.

Corollaire 1.3.9. Soient T > 0 ainsi que {Y (¢)},c10, 71 €t {a(t) }eom) comme dans le Théoréme
1.3.7. Supposons que pour tous p > 1 et § > 0, il existe un € > 0 et une constante C(p,e,d) tels
que pour tous t,t' € [0,T] avec |t —t'| < e on ait

gl Y® -y

< C(p,&,96).
|t — t/| % (p.€,9)

Alors {Y(t)}te[O,T] admet une modification dont les trajectoires sont, sur tout intervalle fermé
B C [0,T], ag-hélderiennes. Ainsi, il existe un événement universel Q0 de probabilité 1 tel que

ay (T,w) > ay(1,w) > a(r,w), pour tout (T,w) € |0, T[xs.

Pour appliquer le Corollaire 1.3.9, il faut étre capable de majorer les moments des accroissements
de Y. Pour cette raison, I'inégalité de Burkholder-Davis-Gundy (voir [Mao07,Pro05]) donné dans
la proposition suivante joue un role tout a fait fondamental dans larticle [LMS21].

Proposition 1.3.10. Soit p € [1,4o00| arbitraire et fixé. Il existe une constante déterministe
universelle a(p) pour laquelle on a le résultat suivant: pour tout processus stochastique {f(s)}scr
qui est (Fs)ser-adapté qui vérifie presque-sirement fj;o |f(s)[?ds < +o0, on a

S(ACCHE a(p)E(( /- If(8)|2d8>p/2> , (16)
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ot fj;o f(s)dB(s) désigne l'intégrale d’Ito de f sur R.

Remarque 1.3.11. L’inégalité de Burkholder-Davis-Gundy est a mettre en parallele avec I’équivalence
des moments gaussiens donnée par le Lemme 1.1.6. En effet, cette inégalité donne une majora-
tion des moments de tout ordre p > 1 au moyen du moment d’ordre 2.

Dans la suite de cette partie, et bien que leurs résultats restent valables pour une classe de
processus plus vaste (voir [LMS21] ou Chapitre 4), on supposera dans un soucis de simplicité
que le processus { X (t)},5, est de la forme

V>0, X(t) ::/ (1t = 8)2O7Y2 ()21 (), (1.3.7)

R
ot {H(s)},cp est un processus stochastique adapté a la filtration (Fs)ser et a valeurs dans
[H, H] C ]0,1[. En combinant l'inégalité (1.3.6) et le Corollaire 1.3.9, l’article [LMS21] parvient
a obtenir minorations des exposants de Holder local et ponctuel données par la théoreme suivant.

Théoreme 1.3.12. S’il existe une fonction déterministe croissante et continue p : Ry — R4
avec u(0) = 0 telle que presque sirement

vs' 8" € R, |H(s") — H(s")| < p(]s’ = §"]), (1.3.8)
alors il existe un événement universel ()] de probabilité 1 tel que
ax(t,w) > ax(t,w) > H(T,w), pour tout (1,w) € R} x OF.
Sinon, il existe un événement universel 25 de probabilité 1 tel que
ax(t,w) > ax(r,w) > H, pour tout (T,w) € RY x 5. (1.3.9)

Remarques 1.3.13. e Le fait que la fonction p doit étre déterministe dans la condition (1.3.8) sem-
ble étre restrictif. Cependant, il est possible de relacher cette hypothése de fonction déterministe
avec une procédure de localisation via des temps d’arréts (voir section 4.3). Notons aussi
que cette condition (1.3.8) est beaucoup plus faible que la condition (C) (par exemple dans
le Théoréme 1.2.4) du mouvement brownien multifractionnaire.

e Les inégalités (1.3.9) sont obtenues méme dans le cas ou H est discontinue ce qui implique
la continuité des trajectoires du processus X, contrairement au mouvement brownien multifrac-
tionnaire classique qui était discontinu aux points de discontinuité de la fonction de Hurst (voir
Proposition 1.2.2).

De plus, Loboda, Mies et Steland réussissent a obtenir une majoration des exposants de Holder,
qui est cependant valable pour un événement qui dépend du point considéré, a partir de la forte
convergence locale asymptotique du processus X. Plus précisément :

Théoréme 1.3.14. On suppose qu’il existe une fonction déterministe croissante et continue
u: Ry — Ry telle que presque sirement

(D): Vs',s" € R, |H(s') — H(s")| < pu(]ls' —s"]) = o <M>

|s—s'|—=0
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Alors en tout point T > 0, le processus X est fortement localement asymptotiquement auto-
similaire d’ordre H(7). En somme, pour tous réels a < 0 < b fixés le processus
{)\_H(T)(X(T + At) — X(T))}te[a p converge en loi vers un mouvement brownien fractionnaire

{/ <(t - 5)5(7)71/2 - (—s)f(T)71/2> dé(s)} quand X — 07 dans Uespace des fonctions
R te(a,b]

continues C([a,b]) et ou {E(s)} o est un mouvement brownien indépendant de H(T).
s€la,

Corollaire 1.3.15. Sous les mémes conditions que le Théoréme 1.5.14: pour tout point T € R,
il existe un événement Q. (1) de probabilité 1, tel que

ax(t,w) <ax(r,w) < H(t,w), pour tout w € Q, (7). (1.3.10)

Théoreme 1.3.16. Sous les mémes conditions que le Théoréme 1.5.14: pour tout point T € R,
il existe un événement Q.(7) de probabilité 1, tel que

ax(t,w) =ax(r,w) = H(T,w), pour tout w € Q, (7). (1.3.11)

Remarque 1.3.17. La condition de régularité (D) qui apparait dans I’énoncé du Théoreme 1.3.14
est beaucoup plus faible que la condition (C) du Théoreme 1.2.4.

Bien que ce nouveau Théoreme 1.3.16 constitue un progres considérable dans 1’étude de
la régularité locale des MPRE, aucun résultat n’est alors connu pour un événement universel
qui ne dépend pas du point considéré (voir Remarque 1.1.10). Sous une faible hypothese de
régularité de Holder sur les trajectoires de H, nous proposons un tel résultat dans le Chapitre
4. La démonstration de ce nouveau résultat repose sur une stratégie de minoration des oscilla-
tions locales du processus; historiquement, ce sont les méthodes du temps local qui permettaient
d’obtenir de telles inégalités (voir Théoreme 1.1.16) mais ces méthodes sont difficilement util-
isables dans le contexte du processus X qui est non classiques (voir Remarques 1.1.17). Notre
méthode s’inspire de celle développée par Antoine Ayache en 2020 dans l'article [Aya20] pour le
processus d’Hermite, bien qu’elle fut significativement modifiée pour s’adapter au contexte de
ces processus multifractionnaires non classiques avec un parametre fonctionnel aléatoire.

D’autre part, comme nous avons déja eu l'occasion de le mentionner, nous donnons dans le
Chapitre 5 une méthode de simulation du MPRE Riemann-Liouville (1.3.2) sous des hypotheses
bien plus faibles que celles de larticle [AEH18|. Cette méthode de simulation consiste pour
s € [k277, (k+1)277[ 4 approximer H(s) par sa valeur moyenne sur ce méme intervalle dyadique.
L’inégalité de Burkholder-Davis-Gundy (1.3.6) est un élément clé de nos démonstrations.

Enfin, nous proposons dans le Chapitre 6 un estimateur uniforme du parametre H du processus
(1.3.7). C’est a notre connaissance la premiere fois qu’est mis en exergue un estimateur qui
converge au sens de la norme uniforme d’un parametre fonctionnel aléatoire.
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Chapter 2

Introduction and background

Let us consider a complete filtered probability space (£, (Fs)scr, F,P) and {B(s)},cr a (Fs)-
Brownian motion ([LL12]), i.e. a real-valued Gaussian process with continuous paths which
satisfies:

- For all s € R, B(s) is Fs-measurable.

-If s <t, B(t) — B(s) is independent of the o-algebra F;.

- If s <'t, the distribution of B(t) — B(s) is the same as the distribution of B(t — s) — B(0).

On the other hand, L?(R) denotes the space of square-integrable functions on R and with
real values.

2.1 Fractional Brownian motion

2.1.A From Brownian motion to fractional Brownian motion

In 1827, the biologist Robert Brown discovered what would later be called Brownian motion.
During his experiments on pollen particles suspended in water, he observed that these particles
had a constant and anarchic movement, but he was unable to explain the origin of this move-
ment. At first he thought that this property was specific to pollen particles, but later he found
these strange movements with other types of particles such as dust particles. His observations
were published in 1828 in [Bro28]. It was in 1900 that a mathematical theory of Brownian
motion was formulated for the first time in the Louis Bachelier’s thesis [Bac00]. Then, it was in
1905 in [Ein05] that Albert Einstein gave for the first time a physical and statistical explana-
tion of Brownian motion as a consequence of the multiple shocks of the particles studied with
the water molecules. They both highlighted several properties of the Brownian motion, namely
independent and Gaussian increments with variance proportional to the elapsed time and also
continuous paths. However, no one had yet rigorously proven the mathematical existence of a
process that would satisfy the fundamental properties of the Brownian motion. Norbert Wiener
showed in 1923 in [Wie23] the existence of such a process {B(s)},.p called Brownian motion or
Wiener process in his honour.

As the Gaussian distribution, can be found in a hudge number of phenomena (physical, bi-
ological and social), the distribution of the Brownian motion can be found in many situations;

29
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indeed, the distribution of the Brownian motion appears as a limit of some random walks, for
example, through the Donsker’s functional central limit theorem. It is this fundamental prop-
erty that makes the Brownian motion a very useful mathematical object in many domains, such
as finance, where it is omnipresent. In 1951, the hydrologist Harold E. Hurst pointed out in
[Hur51] some correlations in the annual flood data of the Nile River; since the increments of the
Brownian motion are always independent, it is therefore not a good candidate to describe this
kind of phenomenon. It is thus necessary to find a new type of process which will make possible
to take into account of the property of long memory which is present in particular in the Hurst’s
data and which induces a correlation of increments in the data.

It was Benoit Mandelbrot who recognised this property of long memory in another stochastic
process called Wiener Heliz and introduced in 1940 by Andrei Kolmogorov in [Kol40] for his
work on Hilbert spaces. Mandelbrot and John W. Van Ness demonstrated many properties of
this process in their paper [MNG68] and popularised the name ”fractional Brownian motion”.
The fractional Brownian motion of Hurst parameter H € (0,1), denoted by {Bu(t)},cp, is a
centred Gaussian process whose covariance function is given by

c(H)
2
where ¢(H) > 0 is a deterministic constant. In the same article [MN68], Mandelbrot and

Van Ness showed that the fractional Brownian motion of Hurst parameter H € (0,1) can be
represented, up to a multiplicative constant, by the following Wiener integral

Vvt € R, Bp(t) = F(H}FW)/R ((t A (—5)5*1/2) dB(s), (2.1.2)

Vt,s € R, E[Bu(t)Bu(s)] = (125 + |s[2H — |t — s|2H) (2.1.1)

where I' denotes the Gamma function and

y | a¥ ifx>0
voy €R, (””)+'_{0 if £ < 0.

In particular, when H = 1/2, one obtains the Brownian motion.

The fractional Brownian motion has two fundamental properties; the first one is called
self-similarity and means that the fractional Brownian motion is scaling invariant, up to a
multiplicative constant. Mathematically, it can be written as

Ya >0, {Bp(at)},en < {aBr(t)}, .y, (2.1.3)

where £ denotes the equality in the sense of finite-dimensional distributions. This property of
self-similarity characterises fractals and makes the fractional Brownian motion a fractal object.
The second property is stationary increments which means that the fractional Brownian motion
is translation invariant and is written

Vr e R, {By(t+7) — Bu(r)}en = {Bu(t)}ex - (2.1.4)

Reversely, any centred Gaussian process which satisfies these two properties is (self-similarity
and stationary increments) is a fractional Brownian motion. Let us emphasize that, except for
the very particular case H = 1/2, increments of the fractional Brownian motion are no longer
independent which makes it to be a more adapted tool than Brownian motion.
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2.1.B Regularity of the paths of the fractional Brownian motion

Let us first recall that paths of the fractional Brownian motion are (for a modification), with
probability 1, continuous everywhere but nowhere differentiable. To quantify the regularity of
a function continuous everywhere but differentiable nowhere, we introduce Holder spaces.

Definition 2.1.1. Let I be a compact interval of R and 8 € [0,1]. A continuous function
f 1 — Ris said to be § Holder function on I if

t)— f(t
sup L{?(ﬁ)’ < +00.
tt'el ’t —t ‘
t#£t!

Let CA(I) be the space of 3-Hélder functions on I. Observe that

CP(I) c CPr(I), forall 0 < B < B <1

We also introduce a pointwise variant of Holder spaces.

Definition 2.1.2. Let 7 € R and 8 € [0,1]. The pointwise Hélder space C?(7) is the set of
continuous functions f defined on a neighbourhood of 7 and with values in R such that

t —
346 >0, sup M < +o0.
o<lt—rj<s [t —T]
Notice that
CﬁQ(T) C Cﬁl(r), forall 0 < 81 < 3 < 1.

From these two spaces, we can define two exponents which quantify the local regularity and
the pointwise regularity at some point 7 € R of a continuous and non-differentiable function.

Definition 2.1.3. Let J be an open interval in R and f : J — R a continuous function. The
local Hélder exponent of f at point 7 € J is denoted by af(7) and defined as

ay(r) :=sup {ﬂf(I), I compact interval included in J and such that 7 € }} )

where ; denotes the interior of I and S¢(I) is the global Hélder exponent of f on I defined as

By(1) i=sup {B € [0,1], f e (D)}, (2.1.5)

The local Holder exponent of f at point 7 € J is denoted by a¢(7) and defined as

ayf(T) :=sup {B €f0,1], f e C*B(T)}.

Remarks 2.1.4. e It can be shown that for any point 7 and for any continuous function f defined
in a neighbourhood of the point 7, one has

af(T) = sup {r € [0,1], limsup If@®) = f(7)l

t—T |t - 7_|T

<+OO},
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and

Wi =t

af(T):SUP{?E [0,1], limsup ’f(tl)_f@//)<+oo}‘

e The inequality a¢(7) < ay(7) always holds true. This inequality is sometimes strict; for
example the ”chirp” function ¢ : [—1,1] — R defined by

_ \x]sin|%| ifx#0
Q(I)_{o if 2 = 0.
This function oscillates a lot but with a small amplitude and one gets the following strict

inequality a4(0) =1/2 < oy(0) = 1.

The closer these exponents are to 1, the smoother the function f is. In framework of stochastic
processes, the following Kolmogorov-Chentsov theorem (see [KS87,KS07]) is often used to obtain
a lower bound for local and pointwise Holder exponents.

Theorem 2.1.5. (Kolmogorov-Chentsov) Let I be a compact interval of R and {X(t)},c; a
stochastic process such that for some constants § > 0 and € > 0 one has

Je(I) >0, Vt,t' € I, EIX(t) — X()]° < (D)t — /|,

Then, there is a continuous modification of {X (t)},c; whose paths are in CY(I) for all v < e/6.

In all what follows, a stochastic process will always be identified with its continuous modification.
By applying the Kolmogorov-Chentsov theorem to the fractional Brownian motion, one obtains
a lower bound for its local and pointwise Holder exponents.

Lemma 2.1.6. (equivalence of Gaussian moments) For all p > 0, there exists a constant
c(p) > 0 such that, for any centred normal random variable X, one has

E(XP) = o) (E(X1)".

Proof. The lemma is trivial if X has zero variance thus one assumes that \/E(|X|?) > 0. The

random variable % has a N(0,1) distribution. Let Y be a random variable which also

has a N'(0, 1) distribution, we can write for all p > 0

P
1 2

— (Y IP) = p—y/2d’

) (V) = = [ 1l ay

([
E(|X]?)

then

B(xP) = (= [ o2y ) (m0xP)"™
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Proposition 2.1.7. There is a universal event 2, of probability 1, such that
apy, (T,w) > ap,(t,w) > H, forall (T,w) € R x Q,.
Proof. Using definition (2.1.1), one obtains for all ¢,# € R

E [|Bu(t) ~ B (t)|*] = E[Bu(t)Bu(N)] +E [Bu(t)Bu(t)] — 2E [Bu(t)Bi()] = e(H)|t — ¢,
(2.1.6)

According to Lemma 2.1.6 and equality (2.1.6), for all n > 1, there exists a constant ¢(2n) > 0
such that

Viot' € R, E||But) — Bu(t)|”"] = e(2mpe(H)" |t — o/

Thus for any integer n > i, we can apply the Kolmogorov-Chentsov theorem with § := 2n and

€ :=2Hn — 1 on the interval I(n) := [—n,n|. Thus, there is an event Q(n) of probability 1 such
that
~ 2Hn — 1
Vw e Qn), V7 € | —n,n[, ap,(T,w) > Bpy, (I(n),w) > ;LT
The result is proved for €, := m Q(n). O
n>1/(2H)

Proving that a continuous function is differentiable everywhere seems less difficult than prov-
ing that it is differentiable nowhere. Irregularity properties are often more complex to derive.
Nevertheless, one can obtain an upper bound for the pointwise and local Holder exponents on
an event which depends on the point 7 € R by using the two fundamental properties of the
fractional Brownian motion.

Proposition 2.1.8. For all T € R, there exists an event Q.(T) of probability 1, such that
ap, (T,w) < apy(t,w) < H, forallw e Q. (7).

Proof. Let 7 € R be fixed. For all integers n, M > 1 and real number £ > 0, we introduce the

event
. M} |

Let us fix M > 1 and € > 0. Using the property of stationary increments (2.1.4), one gets

By (1 +96) — Bu(T)
§H+e

Q(n, M,e) = {1sup
Les<t

Vn > 1, P(Q(n,M,e)) > P (‘BH(T +n71) — BH(T)‘ pHte > M) =P (|BH(n_1)| npf+e > M) )
Then using the self-similarity property (2.1.3), one obtains

Vn > 1, P(Q(n, M,¢)) > P(|By(1)|n° > M) =1— P (|Bg(1)] < Mn™%).
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The random variable By (1) has a Gaussian distribution with a non-zero variance thus

P(Q(n,M,e)) >1—P(|Bu(1)| < Mn™%) — 1.

n—-+4o0o

Let set Qu(M,e) := |J Q(n, M,e). The latter event is still of probability 1 by the continuity
n>1
of probability for an increasing sequence of events. In particular, one has that

By (T +6,w) — By (T,w)

Vw € D (M,e), AN > 1, Vn > N, sup JE=

Los<t
+ <0<

Bl

and consequently that

By (1t 4 6,w) — By (1,w)
gH+e

Yw € Qi (M, e), sup
6€]0,1]

Next, letting Q* be the event of probability 1 defined as Q. := [ [] Qu(M,e) one gets that
eeQf M1

o

By (T + d,w) — B (T,w)

Vw € Q,, Ve >0, sup e

6€]0,1]

-

and consequently that
Yw € Qy, ap,(T,w) < H.

Theorem 2.1.9. For all 7 € R, there exists an event Q. (7) of probability 1, such that
apy (T,w) = ap,(t,w) =H, foralw e Q.(7).

Remark 2.1.10. It is important to emphasize that in Theorem 2.1.9 the event €, (7) depends
on the point 7. To go from a determination of Hélder exponents (local and pointwise) for all 7
almost surely to a determination almost surely for all 7 is a difficult task and brings us into more
complex techniques. Determining the Holder exponents on a universal event of probability 1 not
depending on 7 gives much more informations; as for instance informations on the singularity
spectrum of fractional Brownian motion By defined as

Va € R, D(a) = dimy,. {7 € R, ap, (1) =a},

where dimy,,, denotes the Hausdorff dimension (see [Fal90]). In particular, the following The-
orem 2.1.11 shows that fractional Brownian motion is a monofractal object. We mention in
passing that singularity spectrum plays a fundamental role in multifractal analysis (see for ex-
ample [Jaf99,Ball4, AJT07]).

The result remains true for a universal event of probability 1 ([Ber72,Xia97]).

Theorem 2.1.11. There is a universal event 2, of probability 1, such that
apy (T,w) =ap,(r,w) =H, forall (T,w) € R x Q,.
In the following, we present two methods to obtain the Theorem 1.1.11; the first one is based

on local times and the second one on the wavelets methodology. Another proof of this result
can be found by using 2-microlocal analysis (see [HLV09)]).
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2.1.B.a Local times and Berman’s principle

In this subsection, I denotes a compact interval of R and {Z(t)},.; is an arbitrary stochastic
process whose paths are Borel measurable functions.

Definition 2.1.12. Let us fix w € Q and a Borel set 7' € B(I). The occupation measure
associated to Z(-,w) at ”the period of time” T is the measure pr(e,w) defined on B(R) as

VA € B[R), pr(A,w) = \{teT, Z(t,.w)c A}),

where )\ denotes the Lebesgue measure. The quantity pur(A,w) can be interpreted ”as the
amount of time” spent by the path Z(-,w) in the Borel set A during the period of time T

Definition 2.1.13. Let T' € B(I), the local time on T of the process {Z(t)},c; is well defined
only if, for P almost all w € Q, the occupation measure pr(e,w) is absolutely continuous with
respect to the Lebesgue measure A. In this case, the local time is denoted by L(e,T,w) and it
is defined as the Radon-Nikodym derivative of ur(e,w) with respect to A

L(e,T,w) := d,qu()o\,w)

Thus, for any Borel measurable nonnegative function f on R one has

/ F@)dpr(z,w) = / F@)L(z, T, )\ (dz).
R R

The following proposition (see for example [Ayal9]) allows to prove the existence of local times
for the fractional Brownian motion.

Proposition 2.1.14. Assume that {Z(t)},c; is a centred Gaussian process. Then, a sufficient
condition for having the existence of L(e,T) and its square integrability in (z,w) is that

/T < /TE [(Z(t) — 2(s))?)""? dt) ds < +oo.

In the fractional Brownian motion case, one assumes that T' is a compact interval of R and one
uses (2.1.6) to obtain

/T</TIE[(BH(t)—BH(s))2]1/2dt> ds < c(H)_1/2/T </T |t—s|_Hdt> ds
:c(H)1/2/T </Tst]Hdt> ds

with the convention T' — s := {x — s, € T'}. Then setting v(T') := sup {|z|, € T}, it follows

that
2v(T) 2v(T)
/ </ \t_Hdt> dsg/ / It|~H dt ds:A(T)/ It~ dt < 400,
T T—s T —2u(T) —2uv(T)

which implies the existence of the local time L(e,T") for any compact interval 7.
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Thanks to the Berman’s principle, can be used for obtaining results on irregularity of a stochastic
process. Roughly speaking, this principle can be formulated in the following way: the more the
paths of the local times {L(x,T), (z,T) € R x B(I)} are regular and the more the paths of the
associated stochastic process {Z(t)},.; are irregular. It is often less difficult to show a regularity
property than an irregularity property, thus, Berman’s principle provides an important strategy
for obtaining an upper bound of the local and pointwise Holder exponents of stochastic processes.

Definition 2.1.15. Assume the existence of the local time L(e, I'), the Radon-Nikodym theorem
then ensures the existence of the local times L(e,T') for any T € B(I) ([Rud86]). In particular,
this is the case for the intervals T' = I(s) where

Vsel, I(s):={x<s, xe€l}.

The stochastic process {Z(t)},.; is said to have a jointly continuous local time on (the compact
interval) I, if the stochastic field {L(z,I(s)), (z,s) € R x I} has a continuous modification.
When it exists, we denote this continuous modification by {L(x, I(s)), (z,s) € R x I}.

Theorem 2.1.16. (Berman’s principle) Assume that {Z(t)},.; has continuous paths as well
as {L(x,I(s)), (z,s) € R x I} ajointly continuous local time on I. Moreover, assume that there
exists an event g of probability 1 on which one has

Yw e Qp, V7 € ;, lim sup {sup L(z,[r—p,7+ p],w)pG(T)l} < +o00, (2.1.7)
p—0t  (zeR

where 0(-) is a function with values in (0,1). Then, one gets

pz(t,w) < pz(r,w) <O(1), forall (r,w) € T x Q.

Proof. Let us fix w € Qq, 7 € } and p > 0 small enough so that [T — p,7 + p] C I. Then, one
denotes by Oscz ([T — p, T + p|,w) the oscillation of Z(-,w) on the interval [T — p, T + p| defined
as

Oscz([t — p, 7+ pl,w):=  sup Z(t,w)— inf Z(t,w).
te[r—p,m+p] te[r—p,m+p

The continuity of Z(-,w) ensures that this oscillation exists and is finite. Let us introduce the
compact interval

J(1,p,w) := inf Z(t,w), sup Z(t,w)
te[r—p,m+p telr—p,m+p|

Observe that the measure p(._, -4, (®,w) is supported by J(7, p,w) then L(z, [T—p, 7+p],w) =0
for all x ¢ J(7, p,w). One gets

Hr—p,m4p (va) = /

ﬁ(.’E, [T—p,T—l—p],w)dx:/ E(x; [T—,O,T—i-p],w)dx
R

J(r,pw)
< M (7.p,w)) x sup L(x, [r — p,7 + pl,w)
z€R

< OSCZ([T —pT+ p]?“) X Supﬁ(x, [T —p T+ ,OLW), (218)
zeR
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where

Hir—pran(Row) = A({t € [r = p, 7+ ], Z(t,w) € RY) = 2. (2.1.9)
Putting together (2.1.8) and (2.1.9), one obtains

2< (OSCZ([T —-p, T+ p],w)pfa(T)) X (supﬁ(x, [T —p, 7+ p],w)pe(T)ﬂ)
zeR
thus, (2.1.7) ensures that, for all £ > 0, one has
lim sup {p*(g(THE)Och([T —p, T+ p],w)} = +o0. (2.1.10)
p—0t

On the other hand, using triangle inequality, one gets for all € > 0

—(0(r)+2)

p Oscz([r — p, 7 + p),w) = p~ @+ sup |Z(t1,w) — Z(ta,w)]

t1,ta€[T—p,7+p]

<2070 sup |Z(tw) — Z(1,w)|
te[r—p,m+p]

thus, thanks to (2.1.10), one obtains

Ve > 0, limsup {p_(e(TH'E) sup  |Z(t,w) — Z(T,w)|} = +o00.
p—0t te[r—p,7+p]

O]

Remarks 2.1.17. e The condition (2.1.7) can be interpreted as a condition of regularity on
{L(z,1(5))} (4,5)erxs With respect to the variable s uniformly in the variable z. Indeed, we can
write

Vo €R, L(z,[1—p, 7+ pl,w) = L(z,I(T+ p),w) — L(z,I(T — p),w),

and the continuity on R x I of the function with compact support (x,s) — L(x,I(s)) ensures

the existence of supﬁ(az, [T —p, 7+ p],w) = sup E(x, [T —p, T+ pl, w) and also that
IEER IEJ(Tvpﬂw)
lim sup {supﬁ(x, [T—p,T—i—p],w)} =0. (2.1.11)
p—0t  (zeR

The condition (2.1.7) is therefore a faster convergence condition than (2.1.11) which comes from
the continuity of {L(z, 1(s))} s erxr-

e To obtain a regularity property for local times of the type (2.1.7), it is often necessary to
have explicit expressions for the characteristic functions associated with the finite-dimensional
distributions of the process Z. Local time methods become inefficient in the context of stochastic
processes whose characteristic functions of the dimensional-finite distributons do not have an
explicit form; which is the case for all the multifractional processes studied in this thesis (see
section 2.3).

An alternative method to local times is the wavelets methodology. Different variants of the
wavelets methodology can be found in a number of articles on the study of the regularity and
local irregularity of stochastic processes.
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2.1.B.b The wavelets methodology and its variants

A wavelet basis is a Hilbertian basis of L*(R) formed of real-valued functions (¢;x);jkez gen-
erated by translations and dilations of the same function 1 € L?(R) called the mother wavelet
with

Vo € R, jx(x) =272y (2 — k).
In particular, any function f € L?(R) can be expressed as

+oo +o0o

F=> Y artik (2.1.12)

Jj=—00 k=—00

where the convergence holds in L?(R) and the wavelet coefficients (a;);rez are defined by

ajk = (f, Vjk) = /Rf(t)wj,k(t)dt. (2.1.13)

One of the main interests of wavelets in the analysis of local regularity can be seen, through an
important result of Stéphane Jaffard (see [Jaf91,Jaf04]): if f is a Holder continuous function
on R and ¢ a regular enough wavelet, one gets the following characterisation of the pointwise
Hoélder exponent at point 7 € R

log [29/2q,.
ayf(7) = liminf inf og| a5k .
j—+oo kez log(277 + |1 — k277])

This equality is a consequence of the following Theorem 2.1.18.

It is assumed that the mother wavelet ¢ is differentiable and has zero integral (i.e. its first
moment vanishes). Moreover, ¢ and its derivative function 1)’ are rapidly decreasing at infinity,
more precisely

Vi e {0,1}, Ym e N, sup [¢D(z)|(1 + |z|)™ < +oc0. (2.1.14)
z€R

These conditions on 1 are classical and satisfied by many wavelets.

Theorem 2.1.18. Let f € L?(R) be bounded and globally ¢ Hélder continuous function (with e
arbitrarily small), o € (0,1) and xo € R. If ay(xg) > « then there exists a constant ¢ > 0 such
that

Vi k € Z, |ajy] < 27 @FVDI (1 4292 — k|%) . (2.1.15)

Reversely, if (2.1.15) is satisfied then there exists a constant ¢ > 0 such that for all x € R with
|z — x0| <1 one has

@) = flao) < o = aol*log (2 )

thus of(xo) > «
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We only give a proof of the first part of the theorem, the proof of the second part is much more
complex and we refer to [Jaf04] for it.

Proof. Let us fix 79 € R and set d; := 21/ QQM. Since the first moment of v vanishes, we have

ik €7, diy—2 /R F@) 2z — k)de = 2 /R(f(:v) = Flao) (2 — k)da.

|f (@)= f(zo)]

e exists and is finite. Using

Since f is bounded with af(xg) > o, the quantity ¢; := sup
zeR
the triangle inequality, the inequality (a +b)® < a® + b for a,b > 0 and (2.1.14) with ¢ = 0 and

m = 2, one obtains

A |z — xo|* ‘ / |z — k277|% + |zo — k27|
d:] <2 . dr < 27 -
|dj k| < Cl/R(l—HQJx—kDQ r=aa R (1+ 272 — k|)?

Finally, using the change of variable ¢t = 272 — k, one gets

i [t|% + 2720 — k|® o |t]e . 1
dirl <2 O‘jcl/ dt < 27%¢y; ———dt + |2 xg — k|* —dt
s AN TEae NTEaTiERA " J T

<27 (1+ (2o — k|%)

where ¢y > 0 is a constant.

The simplest example of wavelet basis is that of Haar introduced in 1909 ([Haal0O]) where
the mother wavelet ¢ is defined as

1 if0<t<1/2
VteR, Y(t) := -1 if1/2<t<1
0 else.

Another well known class of wavelet bases are the Meyer bases. One can derive from such
a basis, different types of representations for fractional Brownian motion in terms of random
series. These representations have been introduced in the seminal article [MST99]. One of them
is the following:

+oo  +oo
VtER, By(t)= Y > 277 (Uy(2t—k) - Uu(-k)) cjk,

j=—00 k=—o00

where Uy denotes the fractional primitive (on the left) of order H + 1/2 of a Meyer wavelet
¢ and where the ¢, are independent standard (i.e. A(0,1)) Gaussian random variables. This
representation in random series allows to have an alternative proof of the Theorem 2.1.11 and
allows, in an indirect way, to simulate the fractional Brownian motion.
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The Haar wavelet on the left and a Meyer wavelet on the right.

These two wavelets are completely opposed: the Haar wavelet is irregular whereas the Meyer
wavelet is very regular which makes it very convenient for using techniques that require regularity
such as integrations by parts for instance. Nevertheless, the Haar basis still has an advantage,
namely the corresponding coefficient can be computed explicitely or approximated in a numerical
way without great difficulty (see Remark 2.3.4). Let us also emphasize note that several new
results of our thesis are obtained thanks to the Haar basis (see Chapter 7).

Before ending this subsection, we mention that the wavelet method is one among many other
methods for simulating fractional Brownian motion. Several of them are discribed in the article
[Coe00] which also presents several statistical estimators of the Hurst parameter H.

oo 02 04 06 [ek:] 10 0o 02 0.4 06 08 10 0o 02 o4 06 o8 10

Simulations of the fractional Brownian motion
(H = 0.3 on the left, H = 0.5 in the middle, H = 0.8 on the right).

These simulations illustrate the result provided by Theorem 2.1.11: the closer the Hurst param-
eter H is to 1, the smoother and more regular the paths are; on the other hand, the closer the
Hurst parameter H is to 0 and the more rough and irregular the paths are.

2.2 Classical multifractional processes

The local regularity the fractional Brownian motion is prescribed by the constant Hurst param-
eter H (as shown by the Theorem 2.1.11). Thus, its local regularity cannot evolve from one
point to another and it remains the same all along the path. Therefore, fractional Brownian
motion does not seem to be a well adaped model for describing many phenomena (stock market
prices, encephalograms, generation of artificial mountains, etc) which require that roughness of
paths changes from one point to another.
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2.2.A Multifractional Brownian motion

To overcome this limitation of fractional Brownian motion coming from the fact its regularity
cannot change from point to point, Romain-Francois Peltier and Jacques Lévy Véhel as well
as Albert Benassi, Stéphane Jaffard and Daniel Roux independently introduced a new type of
Gaussian process, called multifractional process, in the middle of the 1990s, in the articles [PL95]
and [BJRI7]. The idea is to replace the constant Hurst parameter H of fractional Brownian
motion by a deterministic function ¢ — H () with values in (0, 1), which depends on the variable
t consisting in the index of the process. Let us emphasize that this idea of making the Hurst pa-
rameter depends on the index of the process t characterizes the multifractional processes called
classical.

Using the definition (2.1.2), they defined a new Gaussian stochastic process {M(t)},cg,
called multifractional Brownian motion, by the following relation

Yt ER, M(t) = M/R ((t—s)f“)*m— (—s)f“)*l/?) dB(s). (2.2.1)

Even if it is more complex than that of the fractional Brownian motion, it is still possible to
compute the covariance function of the multifractional Brownian motion ([ACLV00)).

Proposition 2.2.1. For allt,s € R, one has
E(M(1)M(s)) = D(H (), H(s)) (|10 4 |s[HOME) _ |p _ gjHO+16))

where

T2z + 1I(2y + 1) sin(7z) sin(7y)
Die,y) = 2z +y + 1) sin(n(z + y)/2) )

When the function H(+) is discontinuous or not fairly regular, the local and pointwise Holder
exponents at the point 7 do not coincide with the value of H(-) at the point 7 as shown for
example by the following proposition (see [Ayal9]).

Proposition 2.2.2. Assume that the Hurst function H(-) is discontinuous at some point T € R*,
then there exists an event Q. (7) of probability 1 such that, for any w € Q. (T) the path M(-,w)
1s discontinuous at the point T.

Nevertheless, when the function H(-) is sufficiently regular, the local regularity of the mul-
tifractional Brownian motion can evolve from one point to another and the Holder exponents
coincide with the values taken by H(-) ([PL95,BJRI7]).

Theorem 2.2.3. Assume that the following condition (C) is satisfied by the function H : R —
(0,1)
(C): apg(t)> H(T), forall T € R.

Then, for all T € R, there exists an event Q. (1) of probability 1, such that

apm(T,w) =am(r,w)=H(r), for allw € Q. (7).
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Ten years later, Antoine Ayache, Stéphane Jaffard and Murad S. Taqqu demonstrate with
wavelets methods in the article [AJTO07] that the result remains true for a universal event of
probability 1. Another demonstration of this result can be found from 2-microlocal analysis (see
[Her04, HLV09]).

Theorem 2.2.4. Assume that the following condition (C) is satisfied by the function H : R —
(0,1)
(C): ag(r)> H(r), forallT € R.

Then, there exists a universal event ), of probability 1, such that

apm(t,w) = am(r,w)=H(r), forall (1,w) € R x Q.

Remark 2.2.5. Condition (C) is for example satisfied when the function H(-) is a Lipschitz
function.

This new process {M(t)},.p does not preserve the two fundamental properties of self-
similarity and stationary increments of the fractional Brownian motion; nevertheless, there are
a locally property of asymptotic self-similarity.

Theorem 2.2.6. Assume that the following condition (C) is satisfied by the function H : R —
(0,1)
(C): apg(t)> H(T), forall T € R.

Then, at every fixed point T € R, the stochastic process { M(t)}}1er is strongly locally asymptot-
ically self-similar of exponent H(T). This means that, for some positive deterministic con-
stant ¢(t) and for any fized positive real number T, when X — 04, the stochastic process
{ANHEOM(1 + At) — M(T))}tGR converges in distribution to {c(7) B (r)(t)}ter in the Banach
space of the real-valued continuous functions C([=T,T],||-|cc)-

Under condition (C), for all point ¢ there is a fractional Brownian motion of Hurst parameter
H (t) which is tangent to the path of the multifractional Brownian motion at point ¢.

There are few methods for simulating the multifractional Brownian motion; a simulation
method is presented by Peltier and Lévy Véhel in their paper [PL95].
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Simulation of the multifractional Brownian motion
(the Hurst function H(-) on the left and an associated path of M on the right)
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We can also estimate H(tp), the value of the Hurst function H(-) at an arbitrary and fixed
point tg € [0, 1], from the observation of a discretised realisation {M (%) }0 <pey (Where N is a
large enough integer) of the multifractional Brownian motion (see [AL04, BS13a, BCI98, Coe05,
Coe06]). The estimator is constructed from a generalized discrete variations of order L > 1
denoted by (dnk)o<k<n—r and defined as

L k+
VE€{0,....N =L}, dy = aM <Nq>

q=0

where

Vg e {0,...,L}, a,:= (1)1 (2)

For example, when L = 1 one gets a classical increment

k kE+1
V/{?E{O,...,N—l}, dN’k—M (N) - M (N), (2.2.2)

and when L = 2 one obtains an increment between two increments

et =) - (5] (552) - (2]

To understand how these variations can be used to estimate the values of H(-), let us assume that
L =1 and the integer N is large enough to make the approximation H((k 4+ 1)/N) ~ H(k/N).
By combining (2.2.2) with Proposition 2.2.1, on obtains the approximation

E|dN,k|2 ~ N—QH(k/N).

The quantity H(to) is thus closely related to the values of (dy x)? located in a neighbourhood
of ty. Let us fix a real a € (0,1/2). For any integer N > 2, the discrete neighbourhood of the
point tg € [0, 1], denoted by vx(to), is defined as

< N“} .

Then, let us denote by Vn(t9) the square of the mean square of (dyj)x in the neighbourhood
of the point tg

L
N

I/N(to) = {]{?E{O,...,N},

1
Fon) 2 (e’

kGVN(to)

VN(to) =

It is from Vv (tp) that the consistent estimator of H(ty) can be constructed. Heuristically, Vi (¢o)
will follow a strong law of large numbers thus, for N big enough and k € vy (tp) one gets the
approximation

Vi (to) ~ Eldy j|> ~ N72HE/N) o N—2H (o),
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This leads us to the following estimates

The following theorem ([BCI98, Coe05, Coe06]) highlights the convergence of this second esti-
mator. This estimator has the advantage of being invariant when the process M is multiplied
by a constant.

Theorem 2.2.7. Assume that L > 2 and the following condition (C) is satisfied by the function
H:R—(0,1)
(C): ag(t)> H(t), for allt € R.

Then, for all ty € [0,1]

ﬁN(to) =2"llog (‘ZZ%?))

is a strongly consistent estimator of H(to); that is, Hy(to) converges almost surely to H(tg)
when N goes to +00.
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FEstimation of the Hurst function of multifractional Brownian motion
(H(-) on the left, an associated path of M in the middle and the estimation of H(-) on the
right)

Remarks 2.2.8. e The condition L > 2 allows to decorrelate the increments and to obtain a
central limit theorem for H ~N(to).

e The estimator given by the Theorem 2.2.7 converges point by point and does not converge
a priori uniformly on the whole interval [0,1]. It seems more interesting to obtain a uniform
convergence; this is the case in the article [AH17], where an estimator of the deterministic Hurst
function is constructed, in the non-Gaussian framework of linear stable multifractional motion,
which converges uniformly at a speed that can be estimated.

e [t should be noted that the proof of the Theorem 2.2.7 which is given in the literature, relies
essentially on Gaussian methods which require to have a precise estimate of the covariance of
the generalized increments dy j of the multifractional Brownian motion.

Let us mention that in the Chapter 6 of this thesis, we construct an estimator which converges
almost surely, in the sense of the uniform norm, to the random Hurst function of a non-classical
multifractional process. One of the difficulties is that this process is non-Gaussian, and its
covariance function is much more complex than that of the classical multifractional Brownian
motion.
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2.2.B A first type of multifractional process with random exponent

The fact that in the definition (2.2.1) the Hurst function H(-) is deterministic may seem to be
restrictive for applications. For example, in finance, the pointwise Holder exponent can be inter-
preted as the weight that investors give to past prices to make their decisions (see [BPP12]) and
there is no reason for this weight to be deterministic. It may therefore be interesting to define
a new class of multifractional processes with a random functional parameter. However, it is
not possible to simply replace the deterministic function H(-) by a stochastic process {S(t)},cp
in the definition of the multifractional Brownian motion because the integral (2.2.1) would no
longer be defined in the It6 sense.

In 2003, George C. Papanicolaou and Knut Solna suggest in [PS03] to replace the deter-
ministic Hurst function H(-) of the multifractional Brownian motion by a stochastic process
{S(t)};cr which is regular enough, with stationary increments and independent of the Brownian
motion {B(s)},.r. However, their idea does not generalise to the general case where {S(t)},cp
can depend on the Brownian motion {B(s)},.r because the integral (2.2.1) would no longer be
correctly defined.

In 2005, Antoine Ayache and Murad S. Taqqu define in [AT05] a new multifractional process
with a random Hurst function from a stochastic process {S(t)},c[1) With values in a compact
set [a,b] C (0,1). They first introduce the Gaussian field {Bg (t)}; mryep0,1x[a,p) defined as

V(t, H) € [0,1] x [a,b], Br(t) ;Z/R((t—s)fm—(—s)fW) dB(s) (2.2.3)

and which at a fixed H corresponds, up to a multiplicative factor, to the definition (2.1.2) of
the fractional Brownian motion. Then, they obtain the uniform convergence in (¢, H) of the
following random series representation

—+00 “+o00

V(t, H) € [0,1] x [a,b], Ba(t):= > > aji(t,H)ejx,

j=—00 k=—00

where {5j,k}j yez, are independent random variables of the same distribution A(0,1), and where
the deterministic coefficients a; (¢, H) are given by the relation

et —1
V(t, H) € [0,1] % [a, ], Vi, k € Z, a;(t, H) = / g€

R

(2.2.4)

Notice that {tjr},c; denotes a Lemarié-Meyer wavelet basis of L?*(R). The new process
{Z()}1ejo,1) can be defined by the following relation

—+00 “+o00

VEe 0,1, Z(t) == DY > ajn(t,S(t))ejk- (2.2.5)

j=—00 k=—00

This process is part of a new class of multifractional processes, called MPRE (Multifractional
Processes with Random Exponent).
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The study of such a process with a random functional parameter is much more complex
than that of the multifractional Brownian motion. Indeed, unlike the multifractional Brownian
motion, this new process is not Gaussian; moreover, its distributions and covariance function are
not explicit, and as we have seen with the examples of the fractional Brownian motion and the
multifractional Brownian motion, having access to an explicit formula of the covariance function
of a process is a precious benefit to study it.

In the same paper, Ayache and Taqqu obtain the pointwise and local Holder exponents of the
process {Z(t)},c(0,1) in the general case where the process may be dependent on the Brownian
motion {B(s)},cp-

Theorem 2.2.9. Assume that the following condition (C) is satisfied almost surely by the
stochastic process {S(t)}yep 1]

(C): as(t) > S(t), forallt € R,

where Bs([0,1]) denotes the global Hélder exponent of S (voir (2.1.5)) on the interval [0,1].
Then, for all T € R, there exists an event Q.(7) of probability 1, such that

az(r,w) =az(r,w) = S(1T,w), for alw € Q. (7).

The first ingredient to prove this theorem is an upper bound of the random coefficients (¢; 1) rez
in (2.2.5), given by the following lemma.

Lemma 2.2.10. There exists a random variable C' > 0 with finite moments of any order and
an event Qi of probability 1 such that

Vw € Qu, Vi, k € Z, |gj1(w)] < Cw)/10g(2 + [5])v/1og(2 + [K]).

Remark 2.2.11. This lemma is very convenient in order to get rid of the coefficients (¢; ) rez,
when one seeks to find an upper bound for the absolute value of an increment of the process Z
by using the series representation (2.2.5) . Let us mention in passing that similar results play
an important role in the Chapter 5 and the Chapter 7 of this thesis.

The second ingredient of the proof of the Theorem 2.2.9 is the estimation of the coefficients
(ajr(t,S(t)))jrez defined at (2.2.4). The Lemarié-Meyer wavelet 1)}, is very regular and thus
allows to make these coefficients converge very quickly to 0 when k& — oo by making multiple
integrations by parts. Let us underline that although these coefficients converge very quickly
to 0, they are not explicit which makes the definition (2.2.5) not very adapted to simulate the
process.

The local times method, which we have described previously, does not seem to allow us to
study the irregularity of this process Z since we do not know if this process admits a local
time, moreover we do not have explicit formulas for the characteristic functions of its finite-
dimensional distributions (see Remarks 2.1.17).

Moreover, another considerable shortcoming of the Z process is that it has not It6 integral rep-
resentation, so it is difficult to use the powerful tools of the It6 calculus to study it.

On the other hand, a regularity condition (C) is always necessary for the Theorem 2.2.9 and
one would like to weaken it to allow less regular functional parameters.
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2.3 Non-classical multifractional processes

2.3.A Surgailis multifractional processes

It is in 2008, in his article [Sur08], that Donatas Surgailis has introduced a new type of mul-
tifractional process. These processes are constructed from a continuous real function a(-) with
values in (—1/2,1/2) which can be interpreted as H(-) — 1/2 where H(-) is the Hurst function.
The Surgailis multifractional processes {X () },.p and {Y(¢)},.p are defined as

X(t) = /R < /0 tr(al(T))(T - 8)3[_(7)1(21{‘(8’7)(17') dB(s)

and

o 1 os) —Ho(st) _ (_ yols) —H (s,
Y(t)._/RF(Ha(S))((t—s)+ e~ Hels) _ (_g)a H(O))dB(s),

where for all s < ¢

H_(s,t) ::/ Mdu, H, (s,t) ::/ Mdv.

t—u v — 8

These processes come from multifractional integration and derivation operators and are more
complex than the classical multifractional Brownian motion. An important new idea is that
the functional parameter of such processes may not depend on the variable ¢ that indexes the
process, but be dependent on the integration variable s. Such a stochastic process where the
functional parameter depends on the integration variable is said to be non-classical multifrac-
tional.

Surgailis shows that these two processes are well defined when «(-) satisfies the following
three conditions. The first condition is a uniform Dini condition as follows

/1 |a(t) — aft + )

du < +o00.
-1 |ul

(1) : sup
teR

The second condition is

(2) : ;IGII]%O((U) > 0 for X, ig}%oz(u) > —1/2 for Y.

The third condition is an upper bound for the generalized mean of Cesaro

1 t
(3) : Qgyp = limsup —— [ a(u)du < 1/2. (2.3.1)

t—s—+oco l =8 Jg
Let us emphasize that contrary to the multifractional Brownian motion, the condition (2.3.1)
allows the functional parameter a(-) to sometimes take large values. Surgailis also demonstrates
in a weak sense (i.e. in the sense of finite-dimensional distributions) the local asymptotic self-

similarity of these processes.
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Theorem 2.3.1. Let T € R, such that a(1) € (0,1/2) in the case of X and o(7) € (—1/2,1/2) \ {0}
in the case of Y. Assume that the following condition (D) is satisfied for the function «f-)

(D) : |a(t + h) — a(r)| o © <|log1(h)\> .

Then the processes X and Y are weakly locally asymptotically self-similar at the point T of
order H(t) = «(7) + 1/2. This means that, for some positive deterministic constant c(7),
when A — 0%, the stochastic process {)\_H(T) (X(T+ At) — X(T))}teR converges in the sense of

finite-dimensional distributions to {c(7)By ) (t)}, ., (as well as forY).

teR

Remark 2.3.2. The condition (D) on «(-) is much weaker than the condition (C) (for example
in Theorem 2.2.6) on H(-).

Making the Hurst function depends on the variable of integration might not seem very
judicious at beginning. Indeed, it is not certain that the wavelet method that worked well
for classical multifractional processes can be adapted to this new context. To illustrate this
statement, let us take the wavelet coefficients (a; (¢, H)); 1 defined at (2.2.4) as

et — 1 ~

ajr(t, H) = /R W%,k(f)d?
When H is constant or depends on the variable t, we can prove that these coefficients converge
very quickly to 0 when k — 400 by using integrations by parts. However, if H depends on the
variable of integration £ then it is more difficult to integrate by parts; the coefficients converge
slowly and we no longer succeed in determining the Holder exponents. No results on the local
regularity of the Surgailis processes then appears explicitly in the literature. On the other hand,
Surgailis himself admits in the article [BS13a] that it will be much more complex to estimate
the functional parameter (as the Theorem 2.2.7 does) of his processes and more generally, of the
non-classical multifractional processes because their covariance function becomes much more
complex.

Under some assumptions on «(-), we give an answer to each of these two problems in Chapter
3 of this thesis. In particular, we determine the local and pointwise Holder exponents of the
Surgailis processes, for a universal event that does not depend on the location, by showing
that the difference between each of the two Surgailis processes and the multifractional Brownian
motion is more regular than the latter. Moreover, we show that the strongly consistent estimator
Hp (to) of the Theorem 2.2.7 also works for the Surgailis processes.

2.3.B A new class of non-classical multifractional processes with random
exponent

2.3.B.a Riemann-Liouville MPRE

It is by being more or less inspired by the idea introduced ten years earlier by Surgailis that
Antoine Ayache, Céline Esser and Julien Hamonier has constructed in the article [AEH18] a
new non-classical multifractional process by using the It6 integral. The functional parameter
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is no longer a deterministic function H(-) but a stochastic process indexed by the integration
variable. By this way, the functional parameter can be adapted to the filtration (Fs)ser to which
the Brownian motion {B(s)},cp is associated. To do so, they only considered the high-frequency
part of the fractional Brownian motion, also called fractional Riemann-Liouville process, denoted
by {RH(t)}te[O,l] which governs the regularity of the paths of the fractional Brownian motion,
and defined for H € (0,1) by

vt €[0,1], Ru(t) := /1(t—s)f—1/2d3(s). (2.3.2)
0

Then, they replaced the constant Hurst parameter H by a stochastic process {H (8)}36[0,1]

adapted to the filtration (Fs)ser and with values in a deterministic compact [H, H] C (1/2,1).
This new process {X(t)},¢[o 1) is thus defined as

1
e [0,1], X(t) = /O Ky(s)dB(s),

where

Ki(s) = (t — 5)7&712 (2.3.3)

Then, they decomposed the kernel (2.3.3) into the Haar basis of L?([0, 1]) which is composed of

the functions

U:=Tppet hjp = 2/ (]1[2—J'k,2—j(k+1/2)[ - ]1[2—j(k+1/2),2—f(k+1)[) , jeNandk e {07 _— 1} )
(2.3.4)

and they obtained a random series representation of {X (t)}te[o,l] , given by the following theo-
rem.

Theorem 2.3.3. Assume that for some constants p € (1/2,1] and ¢ > 0 one has
va,y € [0,1], E (|H(z) ~ H)P) < o -y,

Then, there exists a universal event Qs of probability 1, such that

+00 27 —1

Vw € Qo X(t,w) = (Ky(w), Umo(w) + D Y (Ki(-,w), hyg)ejn(w),
j=0 k=0

where the convergence is uniform in t on [0,1] and

1
N = /0 U(s)dB(s) = B(1) — B(0)

and
1
ik = / h;r(s)dB(s) = 29/2 (23(2*0“)(% +1))— B2 k) — B2 (k + 1)))
0

are Gaussian random variables of the same distribution N(0,1).
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Remark 2.3.4. In this context, one of the interests of the Haar basis is that it gives coefficients
that can be easily estimated. Indeed, by combining (2.3.3) and (2.3.4) one obtains

. (k+1/2)277 (k+1)277
(Ky, hyg) = 2972 ( / (t— )71 205 / (t — s)f<s>—1/2ds> .
k2—i (k+1/2)2-
Then, we do the approximation H(s) ~ H(k277) when s € [k277, (k 4+ 1)277) to get
) (k+1/2)277 i (k+1)277 L

<K@mwzwﬂ</ (-9 s [ a—@T“”*”w>
k23 (k+1/2)2-3

2i/2

Kihjp) m =
Ko hin) ~ F) 1172

(6 = w2 ) TOEDR2 4 (g 1)29) 02002,

The coefficients (K, hj) can thus be approximated easily and the same article [AEH18] has
introduced two methods of simulation of the process {X(¢)},c(o 1)-

0.90 0.4
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0.0
0.75
-0.2
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-0.6
0.55
. . . . . . =081 . . . . .
0.0 0.2 0.4 0.6 0.8 10 0.0 02 0.4 0.6 08 10

A realization H(-,w) on the left and the associated path X (-,w) on the right

However, the conditions of Theorem 2.3.3 are still necessary and they fail to provide a method
of simulating X in a more general case.

Nevertheless, we present a simulation method of the process {X(¢)},c[) in Chapter 5 of this
thesis, in the case where the stochastic process { H(s)} sc[0,1) has values in a deterministic compact
of (0,1) and non-continuous paths.

Moreover, thanks to this decomposition of X via the Haar basis, Ayache, Esser and Hamonier
obtain a lower bound for the Holder exponents.

Theorem 2.3.5. Assume that the paths of {H(s)}c)oq are almost surely Hélder continuous
functions of order v > 1/2 and for some constants p € (1/2,1] and ¢ > 0 one has

va,y € [0,1], E (|H(z) - Hy)) < clo - y[*
Then, there exists a universal event Q) of probability 1, such that
ax(r,w) > ax(r,w) > H(t,w), for all (1,w) € [0,1] X Q.

Remark 2.3.6. The Holder condition of the Theorem 2.3.5 is sometimes weaker than the condition
(C) of the classical multifractional Brownian motion; for example when H > .
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2.3.B.b Recent results on a more general class of processes than the Riemann
Liouville MPRE

Recently in [LMS21] Dennis Loboda, Fabian Mies and Ansgar Steland have proposed a new
strategy to study the local regularity of the Riemann Liouville MPRE as well as a large class of
processes that generalize it. Indeed, the stochastic processes they study are of the form

W0, X(1) = / "yt $)dB(s) (2.3.5)

—00

where for all fixed ¢ > 0, the stochastic process {g(t,s)} se]—co,t 15 adapted to the filtration

(Fs)ser and satisfies almost surely ffoo lg(t,s)|>ds < +o00. Moreover, in order to study the
regularity of X, Loboda, Mies and Steland have added several conditions on g which are specified
in [LMS21] as well as in Chapter 4 of this thesis; let us give two examples of processes which
satisfy these conditions:

V(t,s) € Ry xR, g1(t,s) := (t — s)f(s)_l/Q _ (_8)5(5)—1/2
and
V(t,s) € Ry xR, ga(t,s) = (t — S)E(S)—lﬂef)\(tfs)’

where A > 0 is fixed and {H(s)},p is a stochastic process adapted to the filtration (Fs)scr and
with values in [H, H] C (0,1). The process g; corresponds to the integrated function of the
multifractional Brownian motion (2.2.1) where the deterministic function H(t) is replaced by
the stochastic process {H (s)},cp. On the other hand, the process go is the kernel of the Matérn
process ([LSEO17]).

Their main idea is to take advantage of the fact that these processes have a representation
via the It6 integral to apply to them some powerful tools of the It6 calculus. They started by
proving a judicious generalization of the Theorem 2.1.5 such that this theorem becomes a good
tool to obtain a lower bound for the random Holder exponents.

Theorem 2.3.7. Let T' > 0 be a fized real number. One introduces two stochastic processes

{Y () }epo,r with real values and {a(t)}eio 7y with values in (0,1). The process {a(t)}epr) is

lower semicontinuous and for any open or closed set B C [0,T] the function ap := tinli;a(t) 18
€

measurable and is zero nowhere. Assume that, for some constant p > 0, there exists € > 0 and
a constant C(p,€) such that for all t,t' € [0,T] with |t —t'| < e one has

Y(t) - Y(#)
El——%——
|t — /|t

p
< C(p,e)lt —1'|.

Thus, {Y (t)},cp0,r) has a modification with Holder continuous paths of order ag on any interval
B C [0,T). Then, there exists a universal event S, with probability 1 such that

ay (T,w) > ay(r,w) > a(r,w), forall (t,w) € (0,T) X Q.

Remark 2.3.8. When a is constant and deterministic, one finds the Theorem 2.1.5 with § = p
and € = ap.
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Corollary 2.3.9. Let T' > 0 be a fiwed real number and let us consider the processes {Y (t) }yepo 1y
and {a(t)}te[O’T} as in the Theorem 2.8.7. Asume that, for all real numbers p > 1 and 6 > 0,

there exists € > 0 and a constant C(p,e,0) such that for all t,t' € [0,T] with [t —t'| < e one has
P

Y(t)-Y(
o -y

< C(p,&,96).
|t — ¢/|%en 0 (p,e,9)

Thus, {Y () }ep0,r) has a modification with Holder continuous paths of order ag on any interval
B C [0,T). Then, there exists a universal event S, with probability 1 such that

ay (tT,w) > ay(r,w) > a(r,w), forall (r,w) € (0,T) x Q.

To use the Corollary 2.3.9, one must be able to find an upper bound for the moments of the
increments of Y. For this reason, the Burkholder-Davis-Gundy inequality (see [Mao07, Pro05])
given in the following proposition plays a fundamental role in the article [LMS21].

Proposition 2.3.10. Let p € [1,400) be arbitrary and fized. There is a universal deterministic
finite constant a(p) for which the following result holds: for any (Fs)ser-adapted stochastic
process f = {f(s)}ser satisfying almost surely fj;o |f(s)|?ds < +o0, one has

2| [ rwane]) < a(p)E(( /- If(8)|2d8>p/2> , (236)

where fj—;o f(s)dB(s) denotes the Ité integral of f on R.

Remark 2.3.11. The Burkholder-Davis-Gundy inequality looks like the equivalence of Gaussian
moments given by the Lemma 2.1.6. Indeed, this inequality gives an upper bound for the
moments of any order p > 1 from the moment of order 2.

In the following, we will assume for the sake of simplicity (although their results remain true for
a larger class of processes (see [LMS21] or Chapter 4)) that the process {X ()}, is of the form

vt >0, X () ::/

A ((t — g2 _ (—s)f@*l/?) dB(s), (2.3.7)

where {H(s)},cp is a stochastic process adapted to the filtration (F;)scgr and with values in
[H,H] C (0,1). Putting together the inequality (2.3.6) and the Corollary 2.3.9, the article
[LMS21] obtains a lower bound for the local and pointwise Holder exponents given by the
following theorem.

Theorem 2.3.12. If there exists an increasing and continuous deterministic function p: Ry —
R4 with p1(0) = 0 such that almost surely

Vs’ 8" € R, |H(s") — H(s")| < u(]s’ = §")), (2.3.8)
then there exists a universal event )] of probability 1 such that
ax(T,w) > ax(r,w) > H(t,w), for all (T,w) € R} x Q.
Otherwise, there exists a universal event {25 of probability 1 such that

ax(T,w) > ax(r,w) > H, forall (1,w) € R} x Q3. (2.3.9)
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Remarks 2.3.13. e The fact that the function g must be deterministic in the condition (2.3.8)
seems to be restrictive. However, it is possible to relax this assumption with a localization pro-
cedure via stopping times (see section 4.3). Note also that this condition (2.3.8) is much weaker
than the condition (C) (e.g. in the Theorem 2.2.4) of the multifractional Brownian motion.

e The inequalities (2.3.9) are obtained even in the case where H is discontinuous which implies
the continuity of the paths of the process X in contrast to the classical multifractional Brow-
nian motion, which was discontinuous at the points of discontinuity of the Hurst function (see
Proposition 2.2.2)

Moreover, Loboda, Mies and Steland obtained an upper bound for the Hoélder exponents for
an event depending on the location. This result is obtained from the strong local asymptotic
convergence of the process X. More precisely:

Theorem 2.3.14. Assume that there exists a deterministic increasing function p : Ry — R4
such that almost surely

1
D): Vs, s" e€R, |H(s') — H(s")| < e = _ .
(D) oo € B (1) = HEO < plls =) | = o s
Then, at any point T > 0, the process X is strongly locally asymptotically self-similar of order
H(1). Roughly speaking, for all fized real numbers a < 0 < b the process
{)\_H(T)(X(T+ At) — X(T))}te[a p converges in distribution to a fractional Brownian motion

{/ ((t— s)f(T)_l/2 — (—s)f(T)_1/2> dé(s)} when A — 01 in the space of continuous
R te(a,b]

functions C([a,b]) and where {E(s)} . denotes a Brownian motion independent on H(T).
s€la,

Corollary 2.3.15. Under the same assumptions as the Theorem 2.3.14: for all T € R, there

exists a universal event Q0(7) of probability 1, such that

ax(r,w) <ax(r,w) < H(r,w), for allw € Q(1). (2.3.10)

Theorem 2.3.16. Under the same assumptions as the Theorem 2.3.14: for all T € R, there
exists a universal event Q.(T) of probability 1, such that

ax(r,w) = ax(r,w) = H(t,w), for allw € Q.(7). (2.3.11)

Remark 2.3.17. The regularity condition (D) that appears in the statement of Theorem 2.3.14
is much weaker than condition (C) of Theorem 2.2.4.

This new Theorem 2.3.16 constitutes a considerable progress in the study of the local regu-
larity of MPREs. Nevertheless, no result is known for a universal event which does not depend
on the location (see Remark 2.1.10). Under a weak assumption of Holder regularity on H paths,
we give such a result in Chapter 4. The proof of this new result relies on a strategy of minimiz-
ing the local oscillations of the process; historically, it is the local time methods which allowed
to obtain such inequalities (see Theorem 2.1.16) but these methods are hardly usable in the
context of the process X (see Remarks 2.1.17). Our method is inspired by the one developed
by Antoine Ayache in 2020 in the paper [Aya20] for the Hermite process, although it has been
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significantly modified to fit the context of these non-classical multifractional processes with a
random functional parameter.

On the other hand, as we have already had the opportunity to mention, we give in Chapter 5
a simulation method of the Riemann-Liouville MPRE (2.3.2) under much weaker assumptions
than those of the article [AEH18]. This simulation method consists for each s € [k277, (k+1)277)
to approximate H(s) by its mean value on this same dyadic interval. The Burkholder-Davis-
Gundy inequality (2.3.6) is a key element of our demonstrations.

Finally, we give in the Chapter 6 a uniform estimator of the parameter H of the process (2.3.7).
To our knowledge, this is the first time that an estimator that converges in the sense of the
uniform norm of a random functional parameter is obtained.
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Chapter 3

On local path behavior of Surgailis
multifractional processes

This chapter is a restatement of the article [AB22b)].

3.1 Introduction and statement of the main results

Let H € (0,1), the fractional Brownian motion Field (FBF) of Hurst parameter H, which is
also called multivariate fractional Brownian, is a real-valued centred continuous Gaussian field
on RY denoted by {Bp(t)},cgy having, for all #/,¢” € RY| the covariance:

Cov(By(t'), Bu(t")) = E(Bu(t")Bu(t")) = c(H) (|t'|* + [t — |’ —¢"|*), (3.1.1)
where ¢(H) is a positive constant only depending on H, and | - | is the Euclidian norm. where
c(H) is a positive constant only depending on H, and |- | is the Euclidian norm. One refers

to e.g. Chapter 1 of the book [Ayal9] for a detailed presentation FBF. Notice that the equal-
ity (3.1.1) can equivalently be expressed as: E|Bg(t') — By (t")|> = 2¢(H)|t' — t"|*H for ev-
ery t/,#" € RY; thus the existence of a modification of {Bp(t)},cgy with Hélder continu-
ous paths on any bounded subset of R results from the equivalence of Gaussian moments
and the well-known Kolmogorov-Chentsov Holder continuity theorem (see e.g. [KS87, Kho02]
and Proposition 3.2.1 in the beginning of the next section). Also, notice that, up to a mul-
tiplicative constant, {Bp(t)};cgn is in distribution the unique Gaussian field which satisfies
the following three fundamental properties: self-similaritity that is for all fixed positive real
number a one has {By(at)};cpn 4 {a By (t)},cgn, where the symbol 2 means equality of
finite-dimensional distributions; stationarity of increments, that is for each fixed t € RY one has
{Bu(t+t) — Bp(t)}icrn 4 {Bu(t)}1ern; and isotropy, that is for every fixed orthogonal matrix
Q of size N one has {By(Qt)};crn g {Bu(t)};er~. Though FBF is a useful model, a serious
limitation of it comes from the fact that local behavior of its paths does not change from point
to point. More precisely, roughness of paths of a continuous nowhere differentiable real-valued
stochastic field {Z(t)},cgny around some fixed point 7 € RY is usually measured through the
pointwise Holder exponent at T

az(T) :=sup {r €10,1]; limsupM < +oo} , (3.1.2)

t—T ’t - 7-|T

95
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or through the local Hélder exponent at T

az(T) :=sup {?6 [0,1]; limsup w < —1—00} . (3.1.3)

e A A

Observe that, one always has that

az(r) <az(r), forallTeRN, (3.1.4)

Local roughness of paths of the FBF {Bp(t)};cgny does not change from point to point since it
is known (see for instance [Xia97,Ber72, Ber73,Pit78, Ayal9]) that there exists a universal event
Q, of probability 1 such that one has

apy (T,w) = ap,(,w) = H, forall (1,w) € RN x Q,.

In order to overcome this limitation of FBF, it has been proposed in [BJR97,PL95] to replace
its constant Hurst parameter H by H(t), where H(-) denotes a continuous function on RY with
values in some compact interval included in (0,1). This idea has led to Multifractional Brownian
motion Field {M(t)};cgny which is more commonly called multivariate Multifractional Brownian
motion (MBM). It is usually assumed that the continuous function H(-) satisfies the condition:

ag(t) > H(r), forallTeRY, (3.1.5)

where ap(7) denotes the local Hoélder exponent of H(-) at 7.
Remarks 3.1.1.

() Under the condition (3.1.5), it was shown (see [AJT07, Ayal9]) that there exists a universal
event 2, of probability 1 such that one has

am(t,w) = apm(r,w) = H(r), forall (1,w) € RN x Q.. (3.1.6)

(73) Also, under this same condition (3.1.5), it was shown (see [BJRI7, Ayal9]) that, at every
fixed point 7 € RY, the stochastic field {M(t) }1ern is strongly locally asymptotically self-
stmilar of exponent H (7). This means that, for some positive deterministic constant ¢(7)
and for any fixed positive real number T, when A — 0., the stochastic field {\=# MM (T+
Au) — M(T))}uGRN converges in distribution to {c(7)Bp(r) () }yern in C([-T,T]V) the
Banach space of the real-valued continuous functions on the cube [T, T]" equipped with
the uniform norm.

(737) When one drops the condition (3.1.5), then (3.1.6) fails to be satisfied except maybe in
some very particular cases. Namely, under very weak conditions, [Her06] showed that, for
each 7 € RV \ {0}, one has almost surely

am(t) =H(t)Nag(r) and am(r) = H(T) Nag(T); (3.1.7)

later [Ayal3, calb] proved that the second equality in (3.1.7) only holds on an event of
probability 1 which depends on 7.

(iv) When one drops the condition (3.1.5), then it can be shown that {M(t)},crn fails to
satisfy the local-self similarity property (ii) except maybe in some very particular cases.
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From now on, we assume that N = 1. Since we are mainly concerned with the non-classical
Gaussian multifractional processes introduced by Surgailis in his article [Sur08], it is convenient
to use the same notations as in this article. Therefore, we denote by «(-) the continuous function
on R defined as:

alx) =H(z)—1/2, forall z eR. (3.1.8)

Similarly to the article [Sur08], we always suppose that «(-) satisfies the uniform Dini condition:

1 — u
up [ 120 =0+ )

teR J—1 |ul

du < +00. (3.1.9)

Yet, in contrast with the latter article, our main results require us to impose to «(-) to be with
values in a compact interval [nf, up) included in (0,1/2) and to satisfy the other condition:

ao(7) > a(rt)+1/2, forall 7 €R, (3.1.10)

which is in fact nothing else than the usual condition (3.1.5) with N = 1 expressed in terms of
af(-).

Remark 3.1.2. The two conditions (3.1.9) and (3.1.10) hold typically when «a(-) is an arbitrary
function with values in any compact interval included in (0,1/2) which is Holder continuous
of any order 8 € [1/2,1] on the whole real line; in other words, for all 2’,z” € R, one has
la(z") — a(z")] < c|lz’ — 2"|?, where ¢ denotes a finite constant not depending on z’ and "

We are now going to precisely define the classical Gaussian MBM {M(t)}icr initially
introduced in [PL95], and the two non-classical Surgailis Gaussian multifractional processes
{X(t)}+er and {Y (t) }+er constructed in [Sur08]. To this end, we make use of the usual conven-
tion:

for all (y,6) € R?, one has (y)i :=y? if y > 0 and (y)ﬂ =0 else. (3.1.11)

The classical MBM {M(t) };er with continuous paths is defined, for each ¢ € R, through the
Wiener integral:

M(t) = /R W (16— )39 — ()5 dB(s). (3.1.12)

where {B(s)}ser denotes the standard Wiener process and I'(-) the well-known ”Gamma” func-
tion, recall that

+o0
[(x):= / y*LeVdy, foreach z € (0,+00).
0

When «f+) is with values in (0,1/2), then it easily follows from (3.1.11), (3.1.12), and the equality
I'(1+z) = 2I'(x), for all x € (0, +00), that, for every t € R, one has

M(t):/R</0t F(;(t))(T—s)i““dT) dB(s). (3.1.13)

The two non-classical Surgailis multifractional processes { X (t) }1er and {Y (¢)}+cr with contin-
uous paths are, for every t € R, defined through the Wiener integrals:

X(t) = /]R < /0 tr(alm)(f - 5)3‘_<T>16H<S’T>d7> dB(s) (3.1.14)
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and
1 als) —Hy(s,t) als) —H,(s,0)
Yt)=] ————((t— Y (= S dB 1.1
0= | ey (=10 () E0Y aBs),  (3.015)
where, for all real numbers s and ¢ satisfying s < t, one has set
t _ t t _
H_(s,t) :—/ a(ut)a()du and Hy(s,t) :—/ Mdv. (3.1.16)
B —u s v—5

Remark 3.1.3. Some of the results concerning { X (¢) }er and {Y (¢) }1cr which were obtained in
[Sur08] are the following.

(¢) The process {X (t)}icr can be defined under the very weak 3 conditions: (3.1.9), ainf :=
infyer a(u) > 0 and @gyp < 1/2, where

Qgup := limsup
t—s—+oo U — S

/t a(u)du . (3.1.17)

Moreover, for some finite constant ¢ and for every ', ¢” € R satisfying |[t' —t”| < 1, one has
E|X(#) — X (#")|? < ¢|t’ — ¢"[?>*mi+1; thus one can derive from the equivalence of Gaussian
moments and the Kolmogorov-Chentsov Holder continuity theorem that there exists a
modification of {X(¢)}cr whose paths are on each compact interval Holder continuous
functions of any order strictly less than i, + 1/2.

(77) Assume that 7 € R is a fixed point such that a(7) € (0,1/2) and
la(t) — a(r)| = 0(‘ log |t — 7'|‘71) when |t — 7| — 0. (3.1.18)

Then, at this point 7, the process { X (¢) }+cr is weakly locally asymptotically self-similar of
exponent H(7) = a(7r) + 1/2. This means that, for some positive deterministic constant
¢(7), when A — 04, the finite-dimensional distributions of the centred Gaussian process
{NEO(X (7 + M) — X (7))} converge to those of the fractional Brownian motion

{e(7) B () (u) buer.

(797) The process {Y (f)}1er can be defined under the very weak 3 conditions: (3.1.9), qins >
—1/2 and @gyp < 1/2 (see (3.1.17)). Moreover, for some finite constant ¢ and for every
t',#" € R satisfying [¢'—t"| < 1, one has E|Y (#) Y (t")|? < c[t/ —t"|>*ntFL: thus there exists
a modification of {Y(¢)}+cr whose paths are on each compact interval Hélder continuous
functions of any order strictly less than ajne + 1/2.

u€eR

(iv) Assume that 7 € R is a fixed point such that «(7) € (—1/2,1/2) \ {0} and (3.1.18) holds.
Then, at this point 7, the process {Y (t) }ter is weakly locally asymptotically self-similar of
exponent H(7) = a(r) + 1/2.

The following proposition easily results from Holder continuity of paths of {X (t)}:cr, part
(7i) of Remark 3.1.3 and Theorem 1.74 in [Ayal9).

Proposition 3.1.4. Let 7 € R be a point satisfying the same conditions as in part (ii) of
Remark 3.1.3. Then ax(7), the pointwise Hélder exponent of {X (t)}ier at T, satisfies

ax(r) = H(T),

where the equality holds on an event of probability 1 which a priori depends on T.



Introduction and statement of the main results 59

The following proposition easily results from Hoélder continuity of paths of {Y(¢)}icr, part
(iv) of Remark 3.1.3 and Theorem 1.74 in [Ayal9].

Proposition 3.1.5. Let 7 € R be a point satisfying the same conditions as in part (iv) of
Remark 3.1.3. Then ay (), the pointwise Hélder exponent of {Y (t) }ier at 7, satisfies

ay (1) = H(7),
where the equality holds on an event of probability 1 which a priori depends on T.

Remark 3.1.6. Combining Remarks 3.1.1 (i77) and (iv) and Remarks 3.1.3 (i) and (iv) with
Propositions 3.1.4 and 3.1.5, it turns out that when the condition (3.1.10) (i.e. the condition
(3.1.5)) fails to be satisfied for some point 79, then the two processes {M(t)}icr and { X (¢) }icr,
as well as the two processes {M(t)}1er and {Y(¢)}1er, have in general a different local path
behavior in a neighborhood of 7.

From now on, we will always suppose that the following hypothesis (A) holds.

Hypothesis (A): a(:) is a continuous function on R with values in [ounf, asup] C (0,1/2)
which satisfies the two conditions (5.1.9) and (3.1.10).

In the framework of the hypothesis (A), it is natural to seek to compare the classical MBM
{M(t)}+er with each one of the two non-classical multifractional processes {X (t)}icr and
{Y'(t)}ter. This leads us to introduce the two centred Gaussian processes with continuous
paths {R(t) }+er and {D(t)}icr defined, for all t € R, as:

R(t) := X (t) — M(t) (3.1.19)
and
D(t) ==Y (t) — M(t). (3.1.20)

The following two theorems are the two main results of our article. Roughly speaking they show
that {R(t) }+cr and {D(t) }+er are locally more regular than { M (t)}scr. Thus, it turns out that
under the hypothesis (A) (in which the assumption (3.1.10) on «(-) or (3.1.5) on H(-) plays a
crucial role), { X (¢) }+er and {Y (t) }+er have exactly the same local path behavior as { M (t) }ter-

Theorem 3.1.7. Assume that the hypothesis (A) is satisfied. Then, there exists a universal
event Q' of probability 1 such that one has

ap(r,w) > a(r)+1/2=H(1) = apm(r,w), forall (t,w) € R x . (3.1.21)

Theorem 3.1.8. Assume that the hypothesis (A) is satisfied. Then, there exists a universal
event Q" of probability 1 such that one has

ap(r,w) > a(t)+1/2=H(1) = apm(r,w), for all (t,w) € R x Q". (3.1.22)
It easily follows from Theorem 3.1.7, (3.1.19), (3.1.6), (3.1.2), (3.1.3) and (3.1.4) that:

Corollary 3.1.9. Assume that the hypothesis (A) is satisfied and that ' is the same event of
probability 1 as in Theorem 3.1.7. Then, one has

ax(r,w) =ax(r,w) =a(r)+1/2=H(t), forall (r,w)e R x Q.
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It easily follows from Theorem 3.1.8, (3.1.20), (3.1.6), (3.1.2), (3.1.3) and (3.1.4) that:

Corollary 3.1.10. Assume that the hypothesis (A) is satisfied and that Q" is the same event of
probability 1 as in Theorem 3.1.8. Then, one has

ay(t,w) = ay(r,w) =a(r)+1/2=H(t), forall (T,w) € R xQ".

Corollary 3.1.11. Assume that the hypothesis (A) is satisfied. Then, at every fixed point
T € R, the stochastic process { X (t) }+cr is strongly locally asymptotically self-similar of exponent
H(1) = a(1)+1/2. More precisely, for some positive constant c¢(7) and for any fized positive real
number T', when X — 04, the stochastic process {)\_H(T) (X (T4 Au) — X(T))}ueR converges in
distribution to {c(T) By (r)(u)}uer in C([=T,T]) the Banach space of the real-valued continuous
functions over the compact [—T,T] equipped with the uniform norm.

Proof. Tt follows from (3.1.19) that, for each fixed positive real number A, the stochastic process
{)\_H(T)(X(T—i—)\u)—X(T)) }ueR can be expressed as the sum of the two processes {)\_H(T) (M(T+
Au) —M(T))}ueR and {/\*H(T) (R(T+ Au) —R(T))}ueR. One already knows from [BJRI7, Ayal9]
that the process {\™H (™ (M (7+ ) —M(7)) }ueR
in C([—T, T]) when A — 04. Thus, for proving the corollary it is enough to show that the
process {A\"H((R(T + Au) — R(1))}, cg» viewed as a random variable with values in the space
C([—T, T ]), converges almost surely to 0 in this space when A\ — 05. The latter fact results
from Theorem 3.1.7, (3.1.4) and (3.1.2) which entail that, for each w € €' (the same event
of probability 1 as in Theorem 3.1.7), there are 3 positive finite constants Cp(w), £o(w) and
no(w) such that, for all real number v satisfying |v| < no(w), one has ‘R(T +o,w) — R(T,w)‘ <
Co(w)|v|H (D +eo(w), O

converges in distribution to {¢(7) By (7) () }uer

Corollary 3.1.12. Assume that the hypothesis (A) is satisfied. Then, at every fixed point
T € R, the stochastic process {Y (t) }+cr is strongly locally asymptotically self-similar of exponent
H(t)=a(r)+1/2.

The proof of Corollary 3.1.12 is skipped since it is very similar to that of Corollary 3.1.11
except that Theorem 3.1.8 and (3.1.20) have to be used instead of Theorem 3.1.7 and (3.1.19).

Before ending the present section, let us emphasize that Theorem 3.1.7 (resp. Theorem 3.1.8)
is the main ingredient for proving strong consistency of a statistical estimator of a(7) derived
from the observation of a discretized path of the Surgailis multifractional process X (resp. Y)
in a neighborhood of any fixed point 7 € R. From now on and till the end of the present section
one denotes by S either X or Y, and one assumes that, for each integer N large enough, a
discretized realization {S(&), S(&H), S(&E2)} ke (r) is observed; notice that the set of indices

vn(7), which can be viewed as ”discrete neighborhood of 77, is defined as vn(7) := {k €
Z,|E -7 < N~%}, where a € (0,1/2) is a fixed parameter allowing control of width vy (7).
As explained in Remark 5 of [BS13a], the study of the covariance function of the process S is
significantly more difficult than that of the classical MBM M. This is why, as far as we know,
the problem of finding from a discrete realization of S a consistent statistical estimator of a(7)
remains open. The following theorem provides a solution to this problem when the hypothesis
(A) holds.
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Theorem 3.1.13. For all integer N large enough one denotes by #(vn (7)) the cardinality of
vn(T) and one sets

Vi(r) = #(th) k@%:m (S <;> -2 (T) + S (k;\;2>>2 , (3.1.23)

where T € R is any fixed point and S is either the process X or Y. Then, under the hypothesis
(4),

S(r
an(7) := (log4)log <‘2%;((T))> - % (3.1.24)

is a strongly consistent estimator of a(T); that is an(T) converges almost surely to a(T) when

N goes to +00.

Proof. For the sake of simplicity, we assume that S = X; the proof can be done in a similar
way when S = Y. The empirical mean V3! (7) (resp. V(7)) is defined by replacing in the
empirical mean (3.1.23) the Surgailis multifractional process S by the classical MBM M (resp.
the process R defined through (3.1.19)). It is known (see for instance [AL04,BS13a]) that

V]O/l (T) a.s.
E(Vi'(7)) Notoo

1 (3.1.25)

and
E(Vi'(r))

c(T)N=2a()+1/2) N 1o
where ¢(7) is a positive constant. Observe that it results from (3.1.24) and (3.1.26) that for
proving the theorem it is enough to show that

VR(T) e
E(V{(1)) N—+oo

1, (3.1.26)

y 1. (3.1.27)

Next, notice that in view of (3.1.25), one can get (3.1.27) by proving that

WO -]

E(V%(T)) N—+oco

0. (3.1.28)

Combining the triangle inequality with (3.1.19) and the definitions of Vi (), V'(7) and V#(7)
(see (3.1.23)), one obtains that

Ve - o) | < V. (3.1.29)

Moreover, using the definition of |/ V¥ (7), Theorem 3.1.7 and (3.1.3) one has, for some &y > 0,
aT)+1/24+80 R a.s.

N Vi) S50, (3.1.30)

Finally, putting together (3.1.29), (3.1.30) and (3.1.26) it follows that (3.1.28) is satisfied. =~ [J

Remark 3.1.14. It is worth mentioning that a careful inspection of the proof of Theorem 3.1.8
shows that it remains valid when the condition [@inf, sup] C (0,1/2) in the hypothesis (A) is
weakened to [inf, @sup] C (—1/2,1/2). Thus, Corollaries 3.1.10 and 3.1.12 as well as Theorem
3.1.13 for § =Y also remain valid under this weaker assumtion.
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3.2 Proof of Theorem 3.1.7

Let us first point out that the proof of Theorems 3.1.7 mainly relies on the following proposition
which is a classical result derived from the equivalence of Gaussian moments and the well-known
Kolmogorov-Chentsov Holder continuity theorem (see e.g. [KS87,Kho02]).

Proposition 3.2.1. Let {Z(t)},cp be a real-valued Gaussian process with continuous L paths.
Suppose that, for some compact interval I C R and for some constants ¢ > 0 and ¢ € (0,1], the
inequality

E’Z(t/) _ Z(t”)’z < C‘tl - t”‘QC

holds for all t',t" € I. Then, with probability 1, the paths of {Z(t)},cg satisfy on I a uniform
Hoélder condition of any order 3 € (0,(). More precisely, there exists Q; an event of probability 1,
which a priori depends on I, such that one has

Z(t',w) = Z(t", w)]
|t’ _ t//|ﬁ

sup < 400, forall (w,B) € Q) x(0,(). (3.2.1)

tl,t/lel

Remark 3.2.2. For proving Theorem 3.1.7 it is enough to show that, for all fixed £y € R, there
are 3 constants g4, > 0, 1y, > 0 and ¢, > 0, which may depend on %y, such that

E[R(t") — R(t"))? < ¢4, [t' — |20 +1/2430) — for all ¢/ 4" € I(to, 1, /2), (3.2.2)

where I(to,mt,/2) = [to — Mty /2, to + Nty /2] Indeed, in view of Proposition 3.2.1, it results from
(3.2.2) that there exists €2 an event of probability 1 such that

[R(',w) — R(t",w)|
_ t//|o¢(to)+1/2+2at0

sup

; < +oo, forallwe Q. (3.2.3)
¢ €l (to,mey /2) |t

Observe that, using the continuity at ¢y of the function «a(-), one can choose 7, small enough so
that
la(t) — a(to)| < ey, forallte I(ty,n:,/2). (3.2.4)

Next, let [ (to,m1,/2) be the open interval, containing ¢y and included in I(to,n,/2), defined as

°

I(to, ey /2) == (to — Mo/2,t0 + Mty/2). One clearly has that R = (J, cg I(to,7t,/2). Therefore,
the local compactness of R implies that

R= | I(tom: mom/2), (3.2.5)
meN

for some sequence (tg n)men of real numbers. Next, one denotes by €' the event of probabiliy 1

defined as
o ( N Qt07m> N Q.
meN

'For the sake of simplicity, we can make this continuity assumption since we already know that the paths of
the Gaussian processes {R(t) }+cr and {D(t)}icr, defined through (3.1.19) and (3.1.20), are continuous functions
and we are interested in their local Holder regularity. Notice that when the assumption of continuity of the paths
of {Z(t)}ser is dropped then (3.2.1) holds for a well-chosen modification {Z()}ier of {Z(t)}ter.
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where Q,, is the same event of probability 1 as in (3.1.6) with N = 1. Let (1,w) € R x €' be
arbitrary and fixed. One knows from (3.2.5) that there are m(7) € N and 7(7) € (0,1) such that

I(T’ ﬁ(T)) C Io(t(),fﬁ(’r)a ntoym(.,.>/2) . (326)
Thus, it follows from (3.2.6), (3.2.4) and (3.2.3) that
[R(t',w) = R(t",w)|

+1/2+€t0,ﬁ(_r>
[R(t', w) — R(t",w)]
_ t,,‘a(to,m(f))+1/2+2€t0,%(7)

sup
t " €1(,7(T)) ’t/ _ t//‘a(f)

< +o0. (3.2.7)

< sup
tlvt//eI(tO,m(T)77”0,7%(7’) /2) ’t/

Finally, (3.2.7), (3.1.3), (3.1.6), and (3.1.8) imply that (3.1.21) is satisfied.

From now on, the goal is to prove that, for any fixed ¢ty € R, the inequality (3.2.2) holds. To
this end, one will make an extensive use of the following lemma borrowed from [Sur08].

Lemma 3.2.3. One assumes that the continuous function «o(-) satisfies the condition (5.1.9).
Then, for all fized (strictly) positive real numbers € and v, there is a constant C' (which depends
on € and v) such that the inequalities

(t — )= < O (f — 5)Feuwte (3.2.8)
and
(t — ) e Hr(8t) < O (f — g)Furte (3.2.9)

hold for all real numbers s and t satisfying t —s > v. Recall that the exponent Gsup € [Qinf, Csup)
was defined in (3.1.17).

Notice that, one knows from (3.1.10) that the open interval (a(to)+1/2, & (o)) is non-empty.
Let v € (a(to) + 1/2,an(to)) be arbitrary and fixed. Then, one can derive from the definition
of local Holder exponent (see (3.1.3)) that there are two constants k, > 0 and § € (0,1/2], such
that one has

la(z) — a(y)| < kolz —y|”, forall z,y € I(ty,26) := [to — 20, to + 20]. (3.2.10)

Remark 3.2.4. In all the sequel, one assumes that the two arbitrary and fixed positive real
numbers € and 7 are small enough so that they satisfy the following four conditions:

e <8 ! x min {aunf, 1/2 — asup . v — (alto) + 1/2)}, (3.2.11)
n<6/2<1/4, (3.2.12)
0’ <38/2—1n/2 (3.2.13)

and
la(z) —a(y)| <e, forall z,y € I(ty,2n). (3.2.14)

Observe that a straightforward consequence of (3.2.10) and (3.2.12) is that

la(z) — a(y)| < kolz —y|7, forall x,y € I(ty,2n). (3.2.15)
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Remark 3.2.5. In all the sequel, tg € R is arbitrary and fixed; one denotes by ¢ and t + h, where
h € (0, 1], two arbitrary real numbers belonging to the interval I(¢o,7/2), and one sets

o%(t,h) := E|R(t + h) — R(t)|. (3.2.16)

It can easily be seen that for proving (3.2.2) it is enough to show that there exists a positive
finite constant Cjy not depending on ¢t and h such that one has

o (t, h) < Cy hHto)+1/2+e) (3.2.17)

Using (3.2.16), (3.1.19), (3.1.13), (3.1.14) and the isometry property of Wiener integral, one
gets that

B th 1 Coaltm-1, [t _ah-1
"%“’h)‘/ﬂ@[/o erEe [ AL e LR

t+h 1

2
(r— s)i(T)_leH(s’T)dT] ds

B /R [/0t+h (r(oz(t1+ 7 r(al(t)) 7= i(t“) dT 2

+ /:M <I’(o¢1(t))(7— — )20 r(al(T)) (r— S)i(T)leH_(S’T)>dT] ds.

Then, it follows from the inequality

|
o\
=
2
2

(u+v)* < 2u? + 20, for all (u,v) € R?, (3.2.18)
that
o%(t,h) < 2\ (t, h) 4+ 2Xa(t, ), (3.2.19)

where

= e 1 _oeltth) =1, 1 a1 2
A1(t, h) ‘_/R_/O <F@z(t+h))(7— )y dr F(a(t))(T )y >d7] ds (3.2.20)

and

._ [ 1 F—3 a(t)-1 1 r—s a(T)_leH_(s,T) . ? 5
e = [ (a9 gy Jir] @s. (@22m

The following lemma provides an appropriate upper bound for A (¢, h).

Lemma 3.2.6. There is a constant C1, not depending on t and h, such that
Ai(t,h) < CLh. (3.2.22)

Proof. Let us set

. B t+h t+h 1 1 a1 2
(2 h) ._/_OO (/O (F(a(t—i—h)) F(a(t»)(f §) 210 ) g (3.2.23)
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and

2
Mt h) = /_t;h (/OHh I‘(al(t)) <(7‘ — s)i(Hh)_1 — (17— s)i(t)_l) dT) ds. (3.2.24)
Then one can derive from (3.2.20), (3.2.23), (3.2.24) and (3.2.18) that
A(th) <2 (Mt h) + M(th)). (3.2.25)
Let us first show that one has for some constant cg, not depending on ¢t and h,
M (t, h) < coh™. (3.2.26)
Applying on the interval [a(t) Aa(t+h), a(t) Va(t+h)] C [ding, asup) € (0,1/2) the mean value

theorem to the infinitely differentiable positive function x +— 1/T'(x), and using the inequality
(3.2.15), one obtains that

1 1
‘F(a(t +h) F(a(t))‘ < ah’, (3.2.27)

where the positive constant ¢; does not depend on ¢ and h. Then combining (3.2.23) and (3.2.27)
with the inequality a(t + h) > ajnr one gets that

t+h t+h B—1 2
At,n) <@n» / / (r— )3 a0 ) as
0

2

272 t+h

cth™ a(t+h) a(t+h)
< 17 _ (=
S A+ hy? /oo <(t+h s) (=s)% ds

2

212y ptoo
< ah / <sa<t+h> —<s-t—h>i“+h>> ds. (3.2.28)

Qipf J0O

Next, one studies two cases t + h > 0 and t + h < 0. In the case where t + h > 0 one has

+o0 2
/ (Sa(t—i-h) _ (5 - h)i(t+h)) ds
0

t+h +oo 2
= / g2etth) gg 4 / ((s 4t R)elth) so‘(t+h)> ds

0 0
2
20(t+h)+1 +oo
s e | (<s+1>a<t+h>—sa<t+h>> ds.  (3:2.29)
0

Next, observe that, for each fixed real number s > 1, by applying on the interval [s, s 4+ 1] the
mean value theorem to the infinitely differentiable function z — ") one obtains that

(s + 1)et+h) so‘(t+h)’ < 5wl for all s > 1.
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Therefore, one has that

+oo 2 1 +o00
/ (s + 1)t _galt+h) ) gg < / ds + / s =2 s = . (3.2.30)
0 0 1

Next, one denotes by ¢g the constant defined as:

2
—a ( 2041 20ren +1> 1
= t inf t p P .
co N (Ito] +m) + (|to| +n) <2ainf+ 1 + o

Then, using (3.2.28), (3.2.29), (3.2.30) and the fact ¢t + h € I(to,n/2) := [to — n/2,t0 + n/2], it
follows that (3.2.26) is satisfied. Let us now turn to the case where ¢ + h < 0. In this case one

has
+o0o 2
/ (Sa(tJrh) _ (3 —t— h)(j_(t+h)> ds
0

2
+oo
_ (—(t + h))2a(t+h)+1/ ((8 + 1)a(t+h) _ Soz(t-l—h)) ds

0

< o ((Jtol + P+t (Jto] + m)2ot). (3.2.31)

Thus combining (3.2.28) and (3.2.31) it turns out that (3.2.26) is satisfied in this case as well.
Let us now prove that one has for some constant cs, not depending on ¢ and h,

M (t,h) < c3h™. (3.2.32)
Let ¢4 be a positive constant, only depending on ¢, such that one has
|log(z)| < ea(zva)®, forall z € (0,+00). (3.2.33)
Moreover, let I';ns be the positive constant defined as

Tingi=  inf  T(z) > 0. (3.2.34)
2€(0,4+00)

One mentions in passing that Ty, is larger than 1/2. Using (3.2.24), the mean value theorem,
(3.2.33), (3.2.15) and (3.2.11) one obtains that

2
2 _ 2 pt+h [ pt+h
A2(t,h) < & ot 1 1) — adt) / (/ <(T — )P g (r s)is“p_pra) dT) ds
0

2

inf —00

0421 k2 e « € + Qsupt€ ’ 2
< | —= sMnfTE (g — ¢ — RGN p g¥uwpTE _ (g ¢ — h) 5P ds|h7.
= | (cing — €)%T%; /0 ( ¥ ( )+

(3.2.35)
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In the case where ¢t + h > 0, one has
+oo 2
/ Sainf_a _ (S —t— h)f:_inffE + Sasup"l‘a _ (S —t— h)isup+€ ds
0

t+h 2
— / (Soﬁnf*E + Sasup+5> dS
0

2
+oo
+/ <(3 + t + h)ainf_ff _ sainf_a + (S + t + h)asup+5 _ S(Xsup+5) dS
0

[to]+n +o0 2
< 2/ (SQ(Otinf*E) + 82(asup+€)>ds + 2/ (3 b+ )RS i E ) (g
0 0

2

—+o00
+ 2/ (s+t+ h)a“‘erE — g%uwpte | g
0
2

400
< 4(1 4 [to] +1)° + 2(¢ + k)X eme—2)+1 / ((s 4 1)%ini e Samf_€> ds
0

2

+oo

+ Q(t—i- h)Q(ozsup-i-e)—i—l/ ((S + 1)o¢sup+5 o Sasup—i-a) ds
0

< Cs,
(3.2.36)

where c5 is the finite constant, not depending on t and h, defined as:

cs = 4(1+ [to] + n)2 (1 +/
0
+oo 2
+ / ((S 4 1)%supte SQSUP+E) ds | .
0

+o0 2
((8 + 1)ainf_5 _ Sainf—s) ds

In the case where ¢t + h < 0, one has
+o0 2
/ Sainf_E _ (S —t— h)iinf_a + Sasup+5 _ (S —t— h)isup_s ds
0

2
+o0
< 2(—(t + h))Am—o)1 / ((s+ 1) _ sainf—a) ds

0

2
+o0
+ 2(—(t—|— h))?(asup+a)+1/ ((S + l)asup—i—a _ Sasup—i—a) ds
0

<C5.

(3.2.37)

Thus, (3.2.35), (3.2.36) and (3.2.37) entail that (3.2.32) holds.
Finally, combining (3.2.26) and (3.2.32) with (3.2.25), one gets (3.2.22). O
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Let us now focus on A2(¢, h) defined in (3.2.21). Using the inequality
(u+v+w)? <3w?+0?+w?), forall (u,v,w) € R3, (3.2.38)

and (3.2.34) one has that

Aa(t,h) < 3X\5(t, h) + 3T FA3(t, k) + 3T 2 \3(¢, h), (3.2.39)
where
2
t+h 1 1
AL(E, ;:/ / ( _ > r— ) O7 | ds, 3.2.40
2lb0)= f, ( . \T@ Tam) 7" (3:240)
2
t+h
M2(t, h) ::/R (/t ’(7‘ - s)i(t)_l —(r— s)i(T)_l) eH(S’T)dT> ds (3.2.41)
and
t+h 2
Ny (t, h) ::/R /t (r— s)?f_(t)*l ‘eH‘(S’T) - 1‘ dr | ds. (3.2.42)

In view of (3.2.39), our next goal is to obtain three lemmas which will allow us to conveniently
bound from above A}(¢,h), A3(t,h) and A3(t, h).

Lemma 3.2.7. There is a constant 021, not depending on t and h, such that
AL(¢, h) < ChR20+om)+1,

Proof. Similarly to (3.2.27), it can be shown that there is a constant ¢1, not depending on ¢, h
and 7, such that, for all 7 € [t,t + h], one has

1
‘ <alt—7" <ch?. (3.2.43)

1
I'(a(t)) F(Oé(T))’
Next combining (3.2.40) and (3.2.43) one gets that

2
t+h alt)-1
A (t,h) < C%/ / (r— s)+( dr | ds|h?. (3.2.44)
R\ Jt
Moreover, one has

2
t+h “+0o0 2 h
a(t)-1 1 / alt) o) / 2a(t)
T—35 dr | ds = —— s+ h —s ds + S ds
/]R (/t ( S+ > a(t)? ( 0 (( ) ) 0

hQainf—H ~+o00 2 1
< D) _ ga(®) 1
S </0 (54120 = 7) R e—

inf
h2%inf+1 1
S _ 3.2.45
- al, 2t 20 +1 )7 ( )

where the constant ¢z, which does not depend on t and h, is the same constant as in (3.2.30).
Finally combining (3.2.44) and (3.2.45) one obtains the lemma. O
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Lemma 3.2.8. There is a constant C3, not depending on t and h, such that
Ma(t,h) < C3n™.

Proof. First observe that using the mean value theorem, (3.2.14), (3.2.33) and (3.2.15) , one
has for all 7 € [t,t + h] and s < T

(7 = 5)* D71 — (7 — 5)*(1] < clm((T — 5)* ) =172 (7 — s)“<t0)_1+25) . (3.2.46)
where the constant ¢; does not depend on ¢ and h. Next, one sets
K_(to) :=sup {|H_(a,b)|, (a,b) € I(tr,d) and a < b}. (3.2.47)

Observe that K_(tp) is a finite constant. Indeed, one can derive from (3.1.16) and (3.2.10) that,
for all (a,b) € I(to,0) satisfying a < b, one has

|a (b)] b du 2 du
< < —_— =
|H_(a,b)] / — " du <k, B wi ko e < +00.

It results from (3.2.41), (3.2.46), (3.2.47), the inequalities (7 — s); < 4n < 1, for all (7,s) €
I(to,2n)? C I(tg,9)* (see (3.2.12))7 and the inequality

T—s>n/2, forall (r,s) €R?st. 7 €[t,t+h]C I(tg,n/2) and s <t+h—3n/2,
(3.2.48)

that

2
t+h
)\g(t, h) < C% hZ'y/ (/ ((T _ S)i(to)*lf% + (7_ . S)i(to)lJrQs)eH_(s,T)dT) ds
—00 t

2
t+h t+h
< [4621(@0)/ (/ (r— S)i(t°)125d7> s
t+h—3n/2 t
o [t+h—3n/2 t+h 2
+ (1 + (2/17)46) / (/ (r— s)o‘(t(’)_HQeeH(s’T)dT) ds] h?.
t

— 00

t+h

(3.2.49)

Let us now prove that each one of the two integrals in the right-hand side of the last inequality
can be bounded from above by a finite constant not depending on ¢ and h. In view of (3.2.11)

one has
2
t+h t+h
/ / (r— s)i(to)_l_QadT ds
t+h—3n/2 t

2
t+h
< / <(t +h— )02 (¢ s)’i(t‘))‘25> ds

(ctint — 2¢)? t-+h—3n/2

1 t+h 5 (t) 4
e —— t4+ h — s)**\0)7%¢ s
(Cting — 2¢)? /t+h3n/2( )

1

3n/2
= (26)2/ Z2a(t0)746d2 =C2. (3250)
Qinf — 0
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On the other hand, one can derive from (3.2.48), Lemma 3.2.3 (with v = 1/2) and (3.2.14) that

t+h—3n/2 t+h 2
/ / (7 — 5)alt0) =142 H(s7) g | s
—00 t

t+h—3n/2 [ ith 2
_ / / (7 — 5)2(to)=a(r) (1 _ gyalr)=1422 H_(s7) g | g
t

—00

2

t+h—3n/2 t+h B _
< CQ/ (/ <<T — §)@sup— it 4 (1 — S)QS“P*HZE) dT) ds < c3, (3.2.51)
—00 t

where C' is the same finite constant as in (3.2.8), and c3 is the finite constant not depending on
t and h defined as:

C \? [t Tsuptde  Tsupt+d Tsupt+2 Goupt-2¢ ) 2
c3 = / ((S + l)asup"!‘ £ Sasup+ & + (S + l)asup+ g _ Sasup"l‘ 5) ds.
0

asup

Finally, putting together (3.2.49), (3.2.50) and (3.2.51) one obtains the lemma. O

Lemma 3.2.9. There is a constant CS; not depending on t and h, such that
)\%(tv h) < C%hz(a(t0)+l/2+g).

Proof. One can derive from (3.2.42) that

Ny(t, h) = pa(t, h) + pa(t, h) + ps(t, h), (3.2.52)
where
t—8/2 t+h 2
ity h) = / (1 — 5)*®~1 ‘eH*(S’T) - 1) dr | ds, (3.2.53)
—00 t
t—h?® t+h 2
ua(t, h) ::/ / (r — )21 ’eH*(S’T) - 1‘ dr | ds, (3.2.54)
t—6/2 t
and
t+h t+h ) 2
ps(t, h) ;:/ / (r— s)i(t)f ‘eH‘(S’T) — 1’ dr | ds. (3.2.55)
t—h2e \ Jt

Observe that one knows from (3.2.13) and the inequalities 0 < h < 7, that t — h?¢ > t — §/2.
Using (3.2.53), (3.2.18), Lemma 3.2.3 with v = /2, (3.2.14), the mean value theorem and
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(3.2.11), one obtains that

t—5/2 t+h 2 t—5/2 t+h 2
ui(t, h) < 2/ / (1 — 5)*O=-1H-(mgr | ds + 2/ / (r — 5)*O=1gr | ds
—00 t —00 t
t—5/2 t+h B 2 t—5/2 t+h 2
S B B e I R O A A
—00 t —00 t

< 2/ /+OO (5 4 h)Toupt2e — gOeupt2e 2ds TR /+Oo (s + h)*® — o) 2ds
= (@sup +26)2 J5)2 a(t)? Jso

+oo “+o0o
S [26«2(2/5)4& / 82a5up+4872d8 4 2/
5/2 5/2

“+o00

g2 =25 4 2/

g2t =2 g | 2.
5/2

(3.2.56)

Next, observe that it follows from (3.2.12), (3.2.13) and the inclusion [t,¢ + h] C I(to,n/2) that
[t—3/2,t—h%*] C I(tp,5). Thus, using (3.2.54), (3.2.47), the mean value theorem and (3.2.11),
one gets that

t—h2e t+h 2
pa(t, h) < (eK*(tO) + 1)2/ / (r— s)a(t)_ldT ds
t

t—5/2
K_(to) 2 6/2 2 5/2
< (eK-(to) 1 1) / (s 4+ h)™® — 520 ) gy < (K-00) 4 1)2h2/ $20(0)-2,
Oé(t)2 hQS h2a

IESEN

(eK-(t0) 4 1)?

p2(a(to)+1/24¢)
1 — 2a6up

h2—26 <

1 — 2aup
(3.2.57)
In order to bound from above pus(t, h), one denotes by E_(tg) the finite constant defined as:

xT

E_(tg) :== sup{ ,x€Rand 0 < |z| < K_(to)} . (3.2.58)

Observe that the inclusion [t —h?¢,t+h] C I(to,d), (3.2.47), (3.2.58), (3.1.16) and (3.2.10) entail
that, for all (s,7) € [t — h*,t + h] x [t,t + h] satisfying s < T, one has

E_(to) ka

S (T —s)7. (3.2.59)

|- 1] < B_(to) |H_(5,7)| < E_(to) ka / (r—u)'du =

Thus, one can derive from (3.2.55) and (3.2.59) that

B 2 rt+h 2
ps(t, h) < <M> / ((t+h—s)v+a<t> —(t— s)f““)) ds. (3.2.60)
inf t—h2e

Moreover, standard computations, the mean value theorem, the inequality v > 1/2 and the
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inequalities 0 < ainf < agyp allow to show that

t+h 2
/ (t +h— S)7+a(t) _ (t _ S)1+a(t) ds
t

—_h2e
h2e 2 h
S/ ((h+s)v+a(t) _57+oc(t)> ds+/ $2(r+a®) g4
0 0
h2z~:
< h2(y + a(t))? / <(5 1 1)20+a-1) 4 5—2(1—7—a(t))>d3 1 p20rta()+
0

1
< B2y + agyp + 1)? / ((s 4 1)20esn 1) 4 3*2(1*7*%“))613 1] (3.2.61)
0

Then (3.2.60) and (3.2.61) entail that, for some constant ¢; not depending on ¢ and h, one has
p3(t,h) < cih?. (3.2.62)

Finally, putting together (3.2.52), (3.2.56), (3.2.57), (3.2.62) and (3.2.11) one obtains the lemma.
t

We are now in a position to prove the inequality (3.2.17).

Remark 3.2.10. Putting together (3.2.39) and (3.2.11) with Lemmas 3.2.7, 3.2.8 and 3.2.9 one
obtains that

Aa(t, h) < Cy W elto)+1/2+e) (3.2.63)

where the constant Cp := 3(C4 +T 7 C3+T 7 C3). Thus, it results from (3.2.19), Lemma 3.2.6,
(3.2.63) and (3.2.11) that

o%(t,h) < 2(Cy + Cy)h2@t)+1/2+e)

which shows that (3.2.17) is satisfied.

3.3 Proof of Theorem 3.1.8

Remark 3.3.1. By arguing as in Remark 3.2.2 it turns out that for proving Theorem 3.1.8 it is
enough to show that, for all fixed ¢ty € R, there are 3 constants e, > 0, 1, > 0 and ¢, > 0,
which may depend on ty, such that

E|D(t') — D(t")? < ¢y [t' — "2 @) TL/24320) - for all ¢/, 4" € I(to, 04y /2)- (3.3.1)

Remark 3.3.2. In all the sequel, one assumes that ¢ty € R is arbitrary and fixed and that
d € (0,1/2] is the same as in (3.2.10). Also, one assumes that the two arbitrary and fixed
positive real numbers ¢ and 7 are small enough so that they satisfy the 3 conditions (3.2.11),
(3.2.12) and (3.2.14).
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Remark 3.3.3. In all the sequel one denotes by t and ¢ + h, where h € (0, 1], two arbitrary real
numbers belonging to the interval I(¢y,n/2), and one sets

o (t,h) :=E|D(t + h) — D(t)|>. (3.3.2)

It can easily be seen that for proving (3.3.1) it is enough to show that there exists a positive
finite constant Cjy not depending on ¢ and h such that one has

o (t, h) < Cp h2(elto)+1/2+e) (3.3.3)

Using (3.3.2), (3.1.20), (3.1.15), (3.1.12), the isometry property of Wiener integral, and
(3.2.18) one gets that

o2 (t,h) < 2Ao(t, h) + 2A1(t, h) + Ao (t, h) + As(t, h), (3.3.4)
where
Ao(t, h) = / o . (6 R = )20 — ()M (3.3.5)
’ oo \ (1 +a(t+h)) +
2
1
_ _elt) _ (el
T(1+ o) ((6 =90 = (= )) ds,
" 2
Ay (t, h) ::/ ! - (t+h— s)a(s)e_H+(s’t+h) ot (t— s)a(s)e_H+(S’t) ds,
oo \ (1 + a(s)) I'(1+ «a(s))
(3.3.6)
¢
Ao(t, ) = / b g n— @it Ly jyale) Hi(s)
=y \ (1 +af(s)) I'(1+ afs))
(3.3.7)
1 1 ?
o _ a(t+h) ()
Titagthytth=9 T raraq Y ) ds
and
B 2
As(t, h) = /t+ - (t+h— S)O‘(S)e_H+(5’t+h) - L (t+h— s)a(Hh) ds.
’ ¢ [(1+ a(s)) L1+ a(t+h))
(3.3.8)
The following lemma provides an appropriate upper bound for Ay(¢, h).
Lemma 3.3.4. There is a constant Cy, not depending on t and h, such that
Ao(t, h) < Coh?. (3.3.9)

Proof. 1t follows from (3.3.5), (3.2.20), (3.2.18), (3.2.34) and the equality I'(z + 1) = 2I'(z), for
all z € (0,4+00), that N
Ao(t,h) < 2\ (¢, h) + 2T F Ao(t, h) (3.3.10)
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where .
T - 2
Ao(t,h) := / ((t +h—5)*® — (¢t — s)"(t)) ds .
—0Q0
Moreover, using the mean value theorem, one has that
Ao(t, h) < ch?, (3.3.11)

where the finite constant ¢ := fn+°° (SQ(QS“P_I) + SQ(O‘inf_l))ds. Finally, putting together (3.3.10),
(3.2.22) and (3.3.11), one gets (3.3.9). O

The following lemma provides an appropriate upper bound for Aq (¢, h).

Lemma 3.3.5. There is a constant C1, not depending on t and h, such that
Ai(t,h) < C1h*. (3.3.12)

Proof. One can derive from (3.3.6), (3.2.34) and (3.2.18) that

Ay(t, h) < 2T32 (A}(t, h) + A2(t, h)) , (3.3.13)
where
+o0o 2
ANt h) = / (t+ h+ )29 (e_H+(_5’t+h) - e—H+(—Sv”) ds (3.3.14)
—t+n
and
+oo 2
A3(t,h) = / . e 2H+(=5) ((t +h+ )2 — (t+ s)a<*s>) ds. (3.3.15)
an/

Let us first focus on Aj(t, h). It can easily be seen that

o Hi(=sit+h) _ —Hy(=st) _ ,—Hy(=st+h) (1 _ eH+(—s,t+h)—H+(—s,t)) (3.3.16)
and that N
sup — < +oo, for each fixed My € (0, +00). (3.3.17)
lz|<Mo | T

Moreover, in view of (3.1.16) and the fact that a(-) is with values in [ainf, dsup] C (0,1/2) one
has, for all real number s > —t 4+ 7, that

h

’H+(_57t+h)_H+(_Svt>’: Q(S—l—t)‘

<

/h o(=s) —alv+t) (3.3.18)
0

v+t+s

Then, putting together (3.3.14), (3.3.16), (3.3.17) and (3.3.18), one obtains, for some finite
constant ¢; not depending on ¢ and h, that

AL(t,h) < /

—t4n
9 +00 (t—i— h+8)2a(—s)€—2H+(—s,t+h)
< eth (s +1)2
—t+n

+oo 2
(t +h+ S)Qa(—s) <6—H+(—s,t+h) _ 6—H+(—s,t)> ds

ds.
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Thus, using (3.2.9), in which ¢ and s are replaced by ¢t + h and —s, and the fact that h € (0, 1],
one gets that

Aj(t,h) < =

+o0o 20isup+2¢€
c1C? / (‘Sﬂ)pds] h2. (3.3.19)
n

Notice that (3.2.11) and the inequality @sup < owup imply that the integral in the right-hand
side of (3.3.19) is finite.
On the other hand, it follows from (3.3.15), the mean value theorem, and (3.2.9) that

—+00

+00 -

A3(t,h) < h? / e 2 (=5b) (1 4 5)2a(=9) "2 < | 2 / §2Fw 225 2 (3.3.20)
—t+n n

Finally, putting together (3.3.19) and (3.3.20) with (3.3.13) one gets (3.3.12). O

In order to derive an appropriate upper bound for As(t, h), defined in (3.3.7), let us express
it as:

Ao (t,h) = AS(t,h) + A3(t, h), (3.3.21)
where
! o 1 () g~ H (1) 1 (8)g—H (5.1
— _o\ads) ,—H4 (s, - _oa(s) ,—Hi(s,
A5(t, h) : /tn F(1+a(s))(t+h s)%e F(1+a(5))(t s)*e
(3.3.22)
2
- ! (t+h — s)*t+h) 4 __ (t—s)*®) | ds
1+ a(t+h)) (14 «at))
and
A2(t h) - /t ;(t +h— S)a(s)e—H+(s,t+h) _ ;(t _ S)a(s)e—H+(s,t)
24" ' t—nhl/2 F(l + a(s)) F(l + a(s))

(3.3.23)

2
! (t— s)o‘(t)> ds.

o _a(t+h)
T tagrayt Th—s

I'(1+at))

The following lemma provides an appropriate upper bound for Al(t, h) defined in (3.3.22).

Lemma 3.3.6. There is a constant Cd, not depending on t and h, such that
AS(t,h) < CF (h*Y + p2elto)+1/247e) (3.3.24)

Proof. Tt follows from (3.3.22), (3.2.38) and (3.2.34) that

inf inf

At h) < 3<F—2 APt B) + T2 A% (8, h) + AY3(t, h)) : (3.3.25)
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where
AV B) = /t"h1/2 (t+ h — 5)200) (67H+(s,t+h) _ 67H+(s,t))2 ds , (3.3.26)
t—n
AL (1) = /t o (14 h— 520 — (1 = 5)°O) 200 4 (3.3.27)
and B

t—nhl/2 1 1 2
AL3 (¢, h) = / (t+h—spetm L gew] g

tn IF'l+a(t+h)) I'(14 a(t))
(3.3.28)
Let us first focus on Aé’l(t, h). One clearly has that
(e—HJr(S,t—i-h) _ e—H+(S,t))2 — 6—2H+(S,t+h) (1 _ eH+(S,t+h)—H+(S,t)>2 . (3329)

Moreover, in view of the inclusions [t, ¢+ h] C I(tg,n/2) and [t —n,t —nh'/?] C I(tg,2n), one can
derive from (3.1.16), (3.2.15) and the mean value theorem that one has, for all s € [t—n, t—nh'/?],

P Ja(s) — a(v)]

Hilst+ )~ Ho(s ) < [ v
t v—S
<k (b= 8)7 = (E = 8)7) < g RO (3.3.30)
and
t+h _
]H+(s,t+h)]§/ ]a(s)—a(vﬂdv
s v—8
t+h
< ka/ (v—s)"do=kay " (t+h—5)7 <kay '(n+1)7.  (3.3.31)

Thus, putting together (3.3.26), (3.3.29), (3.3.30), (3.3.17), (3.3.31) and «(s) € [tinf, Qsup], OnE
gets, for some (finite) constant ¢; not depending on ¢ and h, that

AV h) < eh'H (3.3.32)

As regards A} (t, h) defined in (3.3.27), one can derive from (3.3.31), the mean value theorem,
the inclusion [t — n,t — nh'/?] C I(to,2n), (3.2.14) and (3.2.11) that
t—nht/2
A2 (t,h) < coh? / (t — s)2elto)=e=1) gg < o p2lalto)+1/2)+7e (3.3.33)
t—n
where ¢o and ¢, are two (finite) constants not depending on ¢ and h.
As regards A%’?’(t, h) defined in (3.3.28), one can derive from (3.2.38), and (3.2.34) that
tonhl/? ( 1 1

2
Tl+al+h) T+ a(t))> (t+h =) ds

AP (t, ) < 3/

t—n

t—nh1/2 )
+ 3Fi;% / <(t +h— S)a(t—i-h) —(t— S)Ot(t-l—h)) ds
t—n

t—nh1/2 2
+3T50 / (6= )2 — (1 = 5)0) " ds. (3.3.34)
t—=n
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Rather similarly to (3.2.26), it can be shown that, for some constant ¢z not depending on ¢ and
h, one has

t—nh!/? 1 1 2 pa(tih) ,

Rather similarly to (3.3.33), it can be shown that for some constant ¢4 not depending on ¢t and
h, one has

t*ﬁhl/2 9
/ ((t+ h— s)eltHh) _ (¢ — S)a(t+h)> ds < cyh2(@(to)+1/2)+7e (3.3.36)
t—n

Rather similarly to (3.2.35), it can be shown that for some constant ¢ not depending on ¢ and
h, one has

tf’r]hl/Q 9
/ ((t _ )l g s)a(”) ds < csh?Y. (3.3.37)
t—n

Finally, putting together (3.3.25), (3.3.32), (3.3.33), (3.3.34), (3.3.35), (3.3.36), (3.3.37) and
the fact that v € (1/2,1), it follows that (3.3.24) holds. O

The following lemma provides an appropriate upper bound for A3(¢, h) defined in (3.3.23).
Lemma 3.3.7. There is a constant 022, not depending on t and h, such that
A2(t, h) < C2 pHalto)+1/2)+62 (3.3.38)
Proof. Using (3.3.23) and (3.2.18) one has that
A2(t,h) < 2(A§’O(t, h) + A2, h)) : (3.3.39)

where, for j =0 or j =1,

AP (e = |

t
t—nhl/2 (F(l + a(t + ]h))

(t 4 jh — s)olt+ih) (3.3.40)

2
1 .
s s e(s) ,—Hy (s t+jh)
F(1+a(s))(t+]h s)*e > ds.

In view of (3.3.39), in order to show that (3.3.38) is satisfied it is enough to prove that, for each
j € {0,1}, the following inequality, in which ¢ denotes a (finite) constant not depending on ¢
and h, holds

AS7(t, h) < ¢h?elto)+1/2)+6s (3.3.41)
It follows from (3.3.40), (3.2.38) and (3.2.34) that

A3 (t, ) < 3(<p1,j (t,h) + T8 02, (t, h) + T2 ¢s5(¢, h)) : (3.3.42)
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where
' 1 1 ’ 2a(t-+jh)
(th) = ___ t+ jh— $)2WH g (3.3.43
#15(1) /t_,]hm T talttim) Tita)) "9 5 (3343)
t
p2,(t, h) = / (t+ jh — 5) 2200 (1 = e~ Hi(st43h))2 g (3.3.44)
t—nhl/2
and
t . 2 ,
©3,5(t, h) ::/ ((t + jh — 8)*tHM) _ (¢ 4 jh — S)O‘(S)> e~ M+ (st43h) g g (3.3.45)
t_nh1/2

It results from (3.3.43), the mean value theorem, (3.2.15), (3.2.12), (3.2.14) and (3.2.11) that
¢

p1,(t,h) < a1 / (t + jh — s)H2elttih) g (3.3.46)
t—nhl/2

< cl1h1/2(1+2'y+2a(t0)725) < C/lh2(oz(t0)+1/2)+757

where ¢; and ¢} are two (finite) constants not depending on ¢ and h. Next, observe that, similarly
to (3.3.31), it can be shown that there exists a (finite) constant ¢z, not depending on ¢, h and
s, such that, for all s € [t — nh'/2, ], one has

|Hy (s, + jh)| < cah?/?. (3.3.47)

Thus, one can derive from (3.3.44), (3.3.47), (3.3.17), (3.2.12), (3.2.14) and (3.2.11) that
t .
302,j(t7 h) < c3 hV/ (t + jh — S)Qa(t-l-jh)ds < CéhQ(a(tO)+1/2)+78, (3348)
t—?’]hl/2

where c3 and ¢4 are two (finite) constants not depending on ¢ and h. Next, using (3.3.45),
(3.3.47), the mean value theorem, (3.2.15), (3.2.33), (3.2.14) and (3.2.11), one gets that

t
©3,5(t, h) < cah? / (t + jh — 5)2 )22 (3.3.49)
t—nhl/2

< ¢RI 2a(t0)49) < f 2Aalto)+1/2)+6e

where ¢4 and ¢} are two (finite) constants not depending on ¢ and h. Finally, putting together
(3.3.42), (3.3.46), (3.3.48) and (3.3.49), one obtains (3.3.41). O

The following lemma provides an appropriate upper bound for As(¢, h) defined in (3.3.8).

Lemma 3.3.8. There is a constant Cs, not depending on t and h, such that
As(t, h) < Csh?T1%e, (3.3.50)

Proof. Tt follows from (3.3.8), (3.2.38) and (3.2.34) that

As(t,h) < 3(A§(t, h) + T2 A2(, h) + T2 A, h)) , (3.3.51)

inf
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where
1 " 1 1 ’ 20(s+t) ,—2H.1 (s+t,t+h)
— _ _ als - +(s )
Az(t,h) : /0 (F(1+a(s+t)) F(1+a(t+h))> (h—s) e ds, (3.3.52)
h
AZ(t h) = / (h — 5)20059) (= Ha(sH0th) 1Y (3.3.53)
0
and

A3(t, D) = /O " ((h _ )l _(p s)a<t+h>)2 ds. (3.3.54)

Observe that, similarly to (3.3.31), it can be shown that there exists a (finite) constant cj, not
depending on ¢, h and s, such that, for all s € [0, k], one has

\Ho(s+t,t+h)| <eclh?. (3.3.55)

One can derive from (3.3.52), (3.3.55), the mean value theorem and (3.2.15) that
h
ALt B) < eh? / (h— 5)200H0 gs < cun20r+ome+1 (3.3.56)
0

where co is a (finite) constant not depending on ¢ and h. Moreover, it follows from (3.3.53),
(3.3.55) and (3.3.17) that

h
A2(t,h) < e3h® / (h — 5)2+9) dg < zh?2O0Fme)+1 (3.3.57)
0

where c3 is a (finite) constant not depending on ¢ and h. Furthermore, using (3.3.54), the mean
value theorem, (3.2.15), (3.2.33) and (3.2.11) one has that

h
Ag(t, h) < C4h27/ s2(@int=8) gg < ¢, p2(VFint—e)+1 , (3.3.58)
0

where ¢4 is a (finite) constant not depending on ¢ and h. Finally, putting together (3.3.51),
(3.3.56), (3.3.57), (3.3.58), the inequality 2y > 1 and the inequality ains > 8¢ (see (3.2.11)), one
obtains (3.3.50). O

We are now in a position to prove the inequality (3.3.3).

Remark 3.3.9. Putting together (3.3.4), (3.3.9), (3.3.12), (3.3.21), (3.3.24), (3.3.38), (3.3.50),
the fact that h € (0, 1], the fact that v € (1/2,1) and (3.2.11), it follows that (3.3.3) is satisfied.
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Chapter 4

Moving average Multifractional
Processes with Random Exponent:
Lower bounds for local oscillations

This chapter is a restatement of the article [AB22a]. The Appendix 4.3 is unpublished.

4.1 Introduction and statement of the main result

Roughly speaking multifractional stochastic processes (see e.g. [Ayal9]) are continuous real-
valued stochastic processes with non-stationary increments which extend the well-known frac-
tional Brownian motion (see e.g. [EM02,ST94)); yet, in contrast with it, their local path rough-
ness can be prescribed via a functional Hurst parameter and thus can change from point to
point. For a generic multifractional process Y = {Y(t)};cr. , path roughness in a neighborhood
of any arbitrary fixed point 7 € R := R, \ {0} = (0, +00) is usually measured through ay (7),
the pointwise Holder exponent at 7, defined as:

ay (1) :==sup {a € [0,1] : limsup r~* Oscy (1,7) < +o0}, (4.1.1)

7'—>0+
where, for all real number r > 0 small enough,
Oscy (7,7) :==sup {|Y (') =Y (") : (¢',t") € [t —r, 7+ 7“}2} (4.1.2)

is the oscillation of the process Y on the interval [7 — 7,7 +r] C R . When a stochastic process
is the functional Hurst parameter of Y, then Y is said to be a Multifractional Process with
Random Exponent (MPRE). Such kind of process turned out to be useful in financial time series
modeling. Indeed, it has been shown in the literature (see for instance [BPP12, BPP13,BP14])
that MPRE allows to replicate main stylized facts (non-Gaussianity, volatility clustering and so
on) of financial time series, and it provides a rational for the trading mechanism (for instance its
pointwise Holder exponent at a given point can be viewed as a weight that investors assign to
the past prices in taking their trading decisions). A long time ago, [AT05] introduced a first type
of MPRE which is given by a random wavelet series, but unfortunately cannot be represented
through the usual It6 integral. In order to avoid the latter drawback, another type of MPRE
was introduced in the last few years in [AEH18], and was generalized very recently in [LMS21].
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Let (€2, (Fs)ser, F,P) be a complete filtered probability space, and let B = {B(s)}scr be a
standard Brownian motion with respect to the filtration (Fs)ser, the MPRE X = {X(t)}scr,
studied in [LMS21] is defined, for each fixed ¢ € R4, as the It6 integral:

X(t) = / g(t, ) dB(s), (4.1.3)

—0oQ

where, for each fixed ¢ € R, the stochastic process {g(t, s) }se(—oo,t) is adapted to the filtration
(Fs)se(—oo) and satisfies almost surely fioo lg(t, 5)|? ds < 400, which guarantees the existence
of Ito integral in (4.1.3). In order to show that X has a modification with continuous paths and
to conveniently bound from below its pointwise Holder exponents, a well adapted extension of
the Kolmogorov-Chentsov Holder continuity Theorem has been derived in [LMS21] (see Theo-
rem 2.1 and Corollary 2.2 in [LMS21]). Thus, the latter article has established that such a nice
modification of X exists as soon as the associated integrand g satisfies the 3 conditions (A), (B)
and (C) that we are now going to give.

Condition (A). For each fixed s € R, the random function t — g(t,s) is differentiable on
the open interval (s V 0,4+00). Moreover, there exist (Fs)ser-adapted processes {H(s)}ser,
{L(s)}ser and {R(s)}secr, such that H(s) € (0,1), L(s) > 0, R(s) > 1/2, and it holds, for all
teRY,

lg(t,s)| < L(s)|t —s/HE7V2  for every s € (t — 1,t),
18g(t,s)| < L(s)|t —s|TO32 for every s € (t —1,1),
10,g(t,s)] < L(s)|t —s|7®) | for every s € (—o0,t — 1].

Condition (B). There are deterministic real numbers H, H, L and R, such that, for all s € R,
one has
O0<H<H(s)<H<1, 0<L(s)<L and R(s)>R>1/2. (4.1.4)

Condition (C). One has, for all (s/,s") € [~1,+00)?,
|H(s") — H(s")| < p(ls' = ¢"|) (4.1.5)

where p is some deterministic function from Ry to Ry which is continuous and increasing and
satisfies 1(0) = 0.

Among many other things, the following theorem has been obtained in [LMS21].

Theorem 4.1.1. [LMS21] Assume that the conditions (A), (B) and (C) hold, then the process
X has a modification with continuous paths which is identified with X from now on. Moreover,
its pointwise Hélder exponents satisfy

P(VT e R, ax(r) > H(r)) =1. (4.1.6)

In other words, there exists )] a universal event of probability 1 not depending on T such that
one has
ax(t,w) > H(t,w), forall (1,w) € RY x Qf. (4.1.7)
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In order to obtain the further result on pointwise Holder exponents of X stated below, the
article [LMS21] has assumed that the integrand g satisfies the following additional condition
(A*) in which {L(s)}ser denotes the same process as in Condition (A).

Condition (A*). One has, for all t € RY,

‘g(t, s)—o(s)(t— S)H(S)_lﬂ‘ < L(s)|t — |12+ for every s € (t — 1,¢),

’@g(t, s) — 0o (s)(t — S)H(s)*l/z‘ < L(s)|t — s|T=3/240 - for every s € (t — 1,t),

where p is some positive deterministic real number which satisfies H + p < 1 and does not
depend on t and s, and where {o(s)}ser is a (Fs)ser-adapted process, not depending on t,
which is continuous on [—1, +00) and satisfies

0<|o(s)| < L(s), forallse][-1,+00). (4.1.8)

Theorem 4.1.2. [LMS21] Under the conditions (A), (A*), (B), (C) and the additional condition

lim u(e)log(e) =0, (4.1.9)
e—04
one has
P(ax(r) = H(r)) =1, forallT € R%. (4.1.10)

Let us point out that the keystone of the proofs of Theorems 4.1.1 and 4.1.2 given in [LMS21]
is the important Burkholder-Davis-Gundy inequality (see for instance [Mao07, Pro05]) as for-
mulated in the following proposition:

Proposition 4.1.3. Let p € [1,400) be arbitrary and fized. There is a universal deterministic
finite constant a(p) for which the following result holds: for any (Fs)ser-adapted stochastic
process f = {f(s)}ser satisfying almost surely fj;o |f(s)|>ds < +o00, one has

(] ) an(s)[') < a<p>E(( /- If(S)\2d8>p/2> , (4.1.11)

where fjoooo f(s)dB(s) denotes the Ité integral of f on R.

Remark 4.1.4. In fact the additional information brought by Theorem 4.1.2 with respect to
Theorem 4.1.1 is that, for each fixed 7 € R, there exists {)(7) an event of probability 1 which
a priori depends on 7, such that

ax(r,w) < H(r,w), forallwe Q(r). (4.1.12)

Notice that, in view of (4.1.1) the inequality (4.1.12) can equivalently be expressed as follows in
terms of the local oscillations of X in the vicinity of 7:

lim sup (T*H(T’”)*e Oscx (T, r,w)) = +oo, forall (§,w)e R} x Q(r). (4.1.13)

r—04

The main goal of this chapter is to show that when the condition (C) is strengthened to the
condition (C*) given below then a significantly more strong result than (4.1.13) holds, namely:
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Theorem 4.1.5. Suppose that the conditions (A), (A*), (B) and (C*) are satisfied. Then, there
exists 05 a universal event of probability 1 not depending on T such that one has

liménf (r*H(T’”)*H Oscx (T, r,w)) =+o0, forall (0,7,w) € R} xR} x Q3. (4.1.14)
r—U04

Condition (C*). There are two deterministic constants x € (0,+00) and v € (0,1) such that
one has, for all (s',5") € [~1,4+00)?,

|H(s') — H(s")| + |o(s') — o(s")| < s|s' = s"|". (4.1.15)

It is worth mentioning that a straightforward consequence of Theorems 4.1.1 and 4.1.5 and
(4.1.1) is that:

Corollary 4.1.6. Suppose that the conditions (A), (A*), (B) and (C*) hold. Let 2} and Q3
be the two universal events of probability 1 which were introduced in Theorems 4.1.1 and 4.1.5.
Then Q* := Q7 N Q5 is a universal event of probability 1 such that

ax(t,w) = H(T,w), for all (1,w) € R x Q. (4.1.16)

Remarks 4.1.7. (i) The conditions (B), (C) and (C*) might seem restrictive, yet they can be
relaxed by a localization procedure via stopping times (see for instance Section 4.4.1 in
[JP12]) which is explained in the setting of the MPRE X in Section 3 of [LMS21] and also
in Appendix 4.3 of our thesis in a much more detailed way. In particular, it is important
to mention that Theorem 4.1.5 remains true when the condition (4.1.15) only holds for all
s" and s” belonging to every fixed compact interval I C [—1,+00), and the constant & in it
is no longer a deterministic real number but a random variable (with finite values) which
may depend on I.

(ii) Let {H(s)}ser be an arbitrary (Fs)ser-adapted process with values in the deterministic
interval [H, H] C (0,1) (see the condition (B)) and which satisfies the condition (C*). A
natural example of an integrand g; for which all the conditions of Theorem 4.1.5 hold is
given by:

gi(t,s) == (t — s)f(s)_l/2 - (—s)f(s)_lﬂ, for all (t,s) € Ry x R,

with the convention that, for each (y,a) € R?, one has

o . |yt ity >0,
ye ._{ 0, clse: (4.1.17)

observe that in the very particular case where all the random variables H(s), s € R, are
equal to a same deterministic constant, the stochastic process X; associated to g; via
(4.1.3) reduces to a fractional Brownian. Another example of an integrand g satisfying
all the conditions of Theorem 4.1.5 is provided by:

ga(t,s) == (t — 5)2(8)71/26_’\“_8) , forall (t,s) € Ry xR,

where A € RY is an arbitrary fixed parameter; one mentions that the stochastic process
X associated to g2 via (4.1.3) is the so called multifractional Matérn process which was
introduced in [LMS21].
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(iii) Usually, in the literature relevant lower bounds for local oscillations of a stochastic process
Y valid on a universal event of probability 1 not depending on the location (that is the
point 7 in our setting) are obtained via the classical strategy (see e.g. [Ber70, Ber72,
Ber73,Xia97, Xia06, Xial3]) which consists in showing that the local time associated to Y
is regular in the set variable uniformly in the space variable. For deriving such a regularity
result for the local time explicit and exploitable formulas for the characteristic functions
of the finite-dimensional distributions of Y need to be available. Unfortunately, such
formulas are not available for the MPRE X. Thus, for proving Theorem 4.1.5 we make
use of another strategy which is to some extent reminiscent of that introduced in the last
few years in [Aya20] in the framework of Hermite processes. However several significant
modifications of the strategy of [Aya20] are needed since there is a wide difference between
the latter self-similar chaotic processes with stationary increments and the MPRE X.
Among other things the Burkholder-Davis-Gundy inequality provided by Proposition 4.1.3
plays a crucial role in our proof of Theorem 4.1.5.

(iv) In the framework of multifractal analysis (see e.g. [Jaf99,Ball4, AJT07]) one is very often
interested in determining singularity spectra of sample paths of stochastic processes. For a
generic process Y = {Y'(t) };er, with nowhere differentiable paths the singularity spectrum
py = {py (@) }aepo,1) is defined, for each w € Q (the underlying probability space) and a €
[0, 1], as the Hausdorff dimension (see e.g. [Fal90]) of the level set {7 € R%. : ay (T,w) = a},
where ay (1) is the pointwise Holder exponent of Y. Thus, in contrast with (4.1.10) the
more strong result (4.1.16) draws close connections between the singularity spectrum of
the MPRE X and its functional random Hurst parameter H.

4.2 Proof of the main result

Let o and H be the same processes as in the conditions (A) and (A*). One assumes that the
condition (B) is satisfied and one denotes by Z = {Z(t)}icr, and R = {R(t)};er, the two
processes defined, for all t € R, as:

t

Z(t) := / t o(s)(t — s)1O=124B(s) = / o(s)(t — s)HO=120 | y(s)dB(s)  (4.2.1)

-1 —00

and
R(t) .= X(t)— Z(t). (4.2.2)

One can easily derive from Theorem 4.1.1 applied to Z that:

Lemma 4.2.1. Suppose that the conditions (B) and (C) hold, then the process Z has a modi-
fication with continuous paths which is identified with Z from now on. Moreover, its pointwise
Holder exponents satisfy

PV eRY, az(r) > H(r)) =1. (4.2.3)

On the other hand, combining (4.1.3), (4.2.2) and (4.2.1), for all ¢ € Ry, one has R(t) =
ffoo g(t,s) dB(s), where §(t,s) := g(t,s) — o(s)(t — s)H)=1/2 Ij_1,4)(s), for every s € (—o0,1).
Moreover, one can derive from the conditions (A) and (A*), imposed to g, that g satisfies a
slightly modified version of the condition (A) in which, for all ¢ € R% and s € (t — 1,t), the
exponent H (s) is replaced by H(s) + p. Thus, similarly to Theorem 4.1.1 it can be shown that:
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Lemma 4.2.2. Assume that the conditions (A), (A*), (B) and (C) hold, then the process R
has a modification with continuous paths which is identified with R from now on. Moreover, its
pointwise Holder exponents satisfy

P(VT e Ry, ar(r) > H(T)+p) =1. (4.2.4)

Remark 4.2.3. In view of Lemma 4.2.2, (4.1.1) and (4.1.2), in order to show that Theorem 4.1.5
holds, it is enough to prove it in the particular case where X = Z. On the other hand, in view
of the fact that the interval R* := (0, +00) can be expressed as the countable union of the open,
bounded and overlapping intervals (2_1q, 1+ 2_1q), q € Z, it is enough to prove the theorem
for every 7 € (2_1q, 1+ 2_1q), the nonnegative integer ¢ being arbitrary and fixed. For the sake
of simplicity, we will only prove it when ¢ = 0, that is 7 € (0,1); its proof can be done in a
similar way for any other q.

For any integers j > 2 and k € {0,...,2/ — 1}, one denotes by A(j, k) the increment of the
process Z such that

A k) = Z(dain) — Z(dy). (4.2.5)
where d; ;41 and dj, are the two dyadic numbers on the interval [0,1] defined as:
djgr1:=(k+1)/27 and djy :=k/2. (4.2.6)

Observe that, in view of (4.2.1) and (4.1.17), the increment A(j, k) can be expressed as:

dj,k+1 o)—
A(j, k) = / O o) (g =) (= )T OT2) aBs). (4.2.7)

In all the sequel the parameter b € (0,1/2) is arbitrary and fixed. For each integer j > 2, one
sets ‘
ej = [27°], (4.2.8)

where | - | is the integer part function, and one denotes by £7 the non-empty finite set of positive
integers defined as:

£ :=Nn[1, (2 /e;) —1]. (4.2.9)
Observe that the cardinality of £/ satisfies, for some positive finite constant ¢ not depending on
Js . ,
Card(£7) < ¢27070) (4.2.10)
Also, observe that, for any [ € £7, the random variable A(j, le;), defined through (4.2.7) with
k = le;, can be expressed as

A(j,lej) = A(j,le;) + A(j, lej) (4.2.11)

where

~ djte;+1 _
A(j, lej) == / ! o—(s)((dj,lejﬂ—s)H@)*l/?—(dj,lej — 5)H¢) 1/2) dB(s)  (4.2.12)

dj,(1-1)e;+1
and
. dj,(1—1)ej+1 B B
A(j,lej) == /1 ’ 0(3)<(dj,zej+1 — )72 —(d g, — 5)7) 1/2> dB(s). (4.2.13)

Let us now focus on the study of asymptotic behavior of the random variables ‘A(j, lej)}
when j goes to +oc.
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Lemma 4.2.4. There is 23(b) an event of probability 1 depending on b on which one has
limsup sup oI (H(dsc;)+0(1-H)/2) ‘A(j, lej)‘ =0. (4.2.14)
J—+oo leLld

For showing that Lemma 4.2.4 holds one needs two preliminary results. In order to state
them one first has to introduce some additional notations. Let n € (0,1) be arbitrary and fixed
and such that

5kmY < b(1—H), (4.2.15)

where k, 7, b and H are as in (4.1.15), (4.2.8) and (4.1.4). One assumes that the integer Jo > 6
is chosen so that one has e;/ 21 < 279(1-b) < n/2, for all integer j > Jo. Then, one can derive
from (4.2.13) that

A, lej) = A (j, lej) + A" (5, le;) (4.2.16)

where

X710 dyte; =1 H(s)—1/2 H(s)—1/2

A(itej) = | a(s)((dﬂej+1 — ) — (djge; — ) ) dB(s)  (4.2.17)
and

dj,(1-1)e;+1

A"(j,lej) = /d o(5) ((djte; 11 = )72 = (dyge, = $)TO2) aB(s). (4.2.18)
jlej -n

Lemma 4.2.5. There is a finite deterministic constant ¢ > 0 such that, for all integer j > Jo,
one has

djyle.fn 2 .
sup/ ! ]a(s)\2‘(dj’lej+1 — g)H5)=1/2 _ (dje; — S)H(s)*lﬂ’ ds < ¢27Y . (4.2.19)
leLy J—1

Proof. of Lemma 4.2.5 Using the mean value Theorem, (4.2.6), (4.1.8), and (4.1.4), one gets, for
all j > Jg,l€ LI and s € [—1,dj e, — ], that

2 _ — — .
‘0(8)|2’(dj7l€]‘+1 _ S)H(S)*l/Z _ (dj,lej _ S)H(S)fl/Z < L2n2(ﬂfH) (dj,lej _ 8)2H73 9-2j

Thus setting ¢ := L2 n2(ﬂ_ﬁ) 2203 gy < +o00, it follows that (4.2.19) holds. O
n

Lemma 4.2.6. There is a finite deterministic constant ¢ > 0 such that, for all integer j >
Jo +2b71, one has

dj (1-1)e;+1 9iH(ds 1. — 2
S“p/ PG 5 ()2 (e, 1 — 8) TV~ (e, — 5) T2 ds
leLi Jd

j,l(ij_n

< 2 WA-H)/5) (4.2.20)
Proof. of Lemma 4.2.6 One can derive from the mean value Theorem, (4.2.6), (4.1.8), (4.1.4),
(4.2.8) and (4.1.15) that, for all j > Jo 4+ 207!, 1 € £7 and s € [djie; — 0, dj (1-1)e; 415

2 _ oV 2kr T3 o
\a(s)\Q (e, 11— S)H(s)—l/Z — (djge; — s)H(s)—l/Q <TL?2 (e, — S)QH(d],lej m)=2617=3 o 2
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and consequently that

dj (1-1)e;+1 )
/d ' \0(3)|2’(dj,lej+1 — ) A2 _(dy, — s)HE7L2 gs

gilej -n

— A d',(l*l)ew}l

dj,lej_n

L227%
< (2—3 21| _ 1
M+ — Hdye, —mp 2 (127 =1
eI T2 92

)2(H(dj,zejfn)fﬁn”*1)

T 9 20(1=b)(H(dj e —m)—rn7 1)

= 201-H)
4 L2 o~ 2(H (dj 1e; ~n)~ (1=b)sn +b(1T))
~ 2(1-H)
—y A _
< _16L° w 9~ 2(H(dg1e; ) +4b(1-H)/5) (4.2.21)
2(1— H)
where the last inequality follows from (4.2.15). Finally, (4.2.20) results from (4.2.21). O

We are now ready to prove Lemma 4.2.4.

Proof. of Lemma 4.2.4 It easily follows (4.2.16) and the triangle inequality that, for all integer
j > Jo+2b"!, one has

P( sup 208 (dite;) |A(j, lej)| > 2—j(8b(1—ﬁ)/15)+1)

leLi
< P( sup 2-7 dj, lej |A/ 7, 16])} > 9 —7(8b(1— H)/15)) (4222)
leLs
Hp( sup 2 H(dite;) A7 (G, 1e;)| > 2—j(8b(1—F)/15)) ‘
leLi

In order to conveniently bound each one of the two probabilities in the right-hand side of (4.2.22),
one denotes by p a fixed real number such that

15

One can derive from (4.1.4), (4.2.10), the Markov inequality, (4.1.11), (4.2.17) and (4.2.19) that

IP’( sup 27 ies) | A1, 1ej)| > 2‘j<8b(1—ﬁ)/l5)> < IP( sup | A/ (4, lej)| > Q—j(ﬁ+8b(1—ﬁ)/15))

leLi less
< Z (\A’ ],lej < 9—d(H+8b(1~ H)/15)) < oip(H+8b(1—H)/15) Z (}A’(j, lej)\p)
leLli lely

< 2010 =p(1=TI-8b(1=TD)/15)) < ., 9i(1=p(T1-T1)/15)) (4.2.24)

where ¢ is a constant not depending on j. Moreover, it results from (4.1.15), (4.2.15), (4.2.10),
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the Markov inequality, (4.1.11), (4.2.18) and (4.2.20) that

IP( sup 20 (i) A7 (G, 1ej)| > 2_j(8b(1_ﬁ)/15)))

lels
S ]P)( sup 2jH(dj,lej —n)+jrn” A”(j’ l€])| > 2_j(8b(1_ﬁ)/15)>
leLs
< P( sup ‘Qjmdj,zgj—n) A"(j,1ej)] > Q—j(nb(l—ﬁ)/lm)
leLs
< Z P<|2jH(dj,le]~—77) A”(j, lej)‘ > 2*1(115(1fﬁ)/15)>
leLs
< 9Jp(116(1~H)/15) Z E(‘QjH(dj,lej -n) A//(j7 lej)’p)
leLs
< 0223'((1*6)*1717(1*?)/15) 7 (4.2.25)

where ¢ is a constant not depending on j. Next, putting together (4.2.22), (4.2.23), (4.2.24)
and (4.2.25), one obtains that

+oo
ZP sup oI H(dj 1e;) ‘A(j, lej)\ > 27j(86(17ﬁ)/15)+1> < 1o

j—2 L

Thus, one can derive from the Borel-Cantelli Lemma that there is 25(b) an event of probability 1
depending b on which one has

sup sup 2.7'(H(dj,lej)+8b(1fﬁ)/15) ‘A(], lej)| < 400, (4226)
J22 leli
Finally, it is clear that (4.2.26) implies that (4.2.14) is satisfied on Q3(b). O

Let us now focus on the study of asymptotic behavior of the random variables ‘ﬁ(j, lej)}
(see (4.2.12)) when j goes to +oo. First, one needs to introduce some additional notations. For
each fixed integer j > 6, the integer M; > 1 denotes the integer part of j =1 ((23/ej) — 2), that is

Mj = i1 ((2/ej) —2)]. (4.2.27)

Moreover, (Uﬂﬁ)me{o’lw.’MJ_} denotes the subdivision of the interval [1, (29/e;) — 1} by the M;+1
points such that:

U;'@ = (27/ej) =1 and U, :=1+mj, for all m € {0,1,..., M; — 1}; (4.2.28)
notice that

G<UL, = Ul <25 (4.2.29)

For all integers j > 6 and m € {1,...,M,}, let £, be the non-empty finite set of positive
integers defined as: ‘ ' ‘
£, =Nn[U_,Ul]; (4.2.30)

observe that, (4.2.9), (4.2.28), (4.2.29) and (4.2.30) entail that

M;
o=, (4.2.31)
m=1
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and
j < Card(£J)) <2j, forallme{l,..., M} (4.2.32)

For every integers j > 6, m € {1,...,M;} and [ € £, the 3 random variables ﬁm(j, lej),
Al (j,le;) and A (4,le;) are defined as:

~ . jtej+1 N H(Cim)—1/2
A (g, lej) == / ’ J(Cj,m)((dj,lej+1 — s)H(Gm)=1/2 _ (dje; — 8)+(C” )=/ )dB(s),

dj,(1—1)e;+1
(4.2.33)
~, . jtej+1 N H(Cim)—1/2
Al (ile;) = / T (09) = 0 (G) (e =) TG T2 (e, — )L O a(s)
dj,(1-1)e;+1
(4.2.34)

and

—~ djle;+1 o
AL (s leg) = / J o(s) <((dj,Zej+1 — s)f=1/2 (djie; — s)f( ) 1/2>

dj,(1-1)e;+1
S (T L e (T v 2)) dB(s), (4.2.35)

where the dyadic number (; ,, is defined as:

CGm =y 3 qye i1 (4.2.36)
Notice that, in view of (4.2.12), (4.2.33), (4.2.34) and (4.2.35), one has
A, lej) = A (G, le) + AL (G, lej) + A" (j,lej),  for all | € L1, (4.2.37)

The following lemma allows to understand the reason for which one has introduced the
random variables Ay, (7,le;), | € L.

Lemma 4.2.7. For all integers j > 6 andm € {1,..., M;}, and for each finite sequence (z;)
of real numbers, one has, almost surely,

lech,

E<exp (z 3" 2 A, lej)>'f<jﬂm) (4.2.38)
lecd,
Jrles+1 ) _
— eXp ( _ 2 1 Z Zl / J ‘ (Cj’m)<<djylej+l _ S)H(Cj,m) 1/2

leld, dj,(1- Dej+1

H(Cjom)—1/2) |
(e, — )G /)‘ ds)_

Notice that (4.2. 38} means that, conditionally to the sigma-algebra F¢;  , the random variables

Am (4,lej), L € Em, have independent centred Gaussian distributions with variances
E(\Am(],le] 2 |f4j7m) L € £, satisfying

E(|Am (5 lej)* | 7, ,.)

djle;+1 oy H(Gjum)=1/2) |2
= [ ot ({gaen = )72 (g, = o)) s

dj,(1-1)e;+1

> 270 (Cjm)|? 27 HH (G (4.2.39)
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Proof. of Lemma 4.2.7 The main idea of the proof consists in the observation that, for all integers
j>6,me{l,...,M;} and | € L},, the Brownian motion B in (4.2.33) can be replaced by the
Brownian motion Wj n, = {Wjm(2)}ser, = {B(x 4+ {jm) — B(¢jm)}eer, which is independent
on the sigma-algebra F¢, . Therefore W;,, is independent on the integrand in (4.2.33), denoted
by Kj m, which is F¢, -measurable. Having made this observation the proof becomes classical:
it can be done in a standard way by approximating, for each fixed [ € E{n, the integrand K ,,, | =
{Kj,m,l(3)}se[dj,(l,mﬁl,dj,leﬁl] by a sequence (Kf )neN ({ K2 (s )}se[dj,(l,l)ejﬂ,dj,lejﬂ])neN
of elementary processes of the form:

-1
Fma(8) =) Al (8),

Q

3
I
o

where the random variables A,, 0 < p < g, are JF,, -measurable, and the finite sequence
(tp)o<p<q is a subdivision of the interval [d; ;_1)e, 41, djte;+1]- O

~ | integer j > 6, let (Ajm)meqs.., iy Rjm)metingys (Rjm)meft,..an,1s
(Ajm)me(t,... M, (A;7m)m€{1 ;) and (AJ m)me{l .M;} be the 6 finite sequences of nonnegative
finite random variables defined, for all me {1,..., M;}, as:

For every fixed integer j > 6, let (Aj m)me{l

Ajm = sup {lA(j, lej clefl) } (4.2.40)
Ajm = sup{ A lej)| < 1€ L] } (4.2.41)
Ajm :=sup { (. lej)| = 1€ L] } (4.2.42)
Ajm = sup{lﬁm(j, lej)| : le Ein} , (4.2.43)
A = sup {I&n(]} lej)| : L€ E?n} : (4.2.44)
and
A, = sup{!&%(j, lej)| : e E,%} : (4.2.45)

The main ingredient of the proof of Theorem 4.1.5 is the following proposition.

Proposition 4.2.8. There exists Q5(b) an event of probability 1 depending on b on which one
has

P : 5 H (Cjom) YA, > 1/4. 4.2.4
lmnt | dd,,, 270 1o Gm) ™ Ajm 2 1/ (42.46)

For proving Proposition 4.2.8 one needs several preliminary results.

Lemma 4.2.9. Let Q5(b) be the same event of probability 1 as in Lemma 4.2.4. Then, one has
on Q5(b)

limsup sup 93 (H(Gm)+b(1-H)/2) /v\j’m =0. (4.2.47)
j—too 1<m<M,;
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Proof. of Lemma 4.2.9 Tt follows from (4.2.31), (4.1.15), (4.2.36), (4.2.8), (4.2.6), (4.2.30),
(4.2.28), (4.2.29) and (4.2.41) that, for all integer j > 6, one has

'(H(dj,lej)'i_b(l_ﬁ)/Q) ‘A(]7 16]” o 2j(H(dj,lej)+b(1—ﬁ)/2) |A(], lej)‘

sup 9J = sup sup
lesi 1<Sm<Mj; 1ep3,
> 9720 2T gy I H G A2 K
1<m<M;
> ¢ sup 9/ (H(Gm)+b(1-H)/2) ]\J}m ’ (4.248)

1<m<M;

where the strictly positive constant cg := infjen -2k 1270 S 0 Then combining (4.2.14)
and (4.2.48) one obtains (4.2.47). O

Lemma 4.2.10. There exists 23(b) an event of probability 1 depending on b on which one has

liminf  inf  277Gm) |6(¢ )T Ay > 1/4. (4.2.49)

Jj—+o00 1<m<M;
Proof. of Lemma 4.2.10 Let 2}(b) be the event defined as:

+oo +oo M;

= U m ﬂ {w cQ - 2H(Gmw) ’U(Cj,m,w)‘_l Kin(w) > 1/4}' (4.2.50)

J=6 j=J m=1

In order to show that the lemma holds, it is enough to prove that P(€2;(b)) = 1 which is
equivalent to prove that
P(Q\ Q5(b) =0. (4.2.51)

Notice that, in view of (4.2.50) the event Q2 \ Q}(b) can be expressed as:

+oo +oo Mj

o =NU U {w € N (w) < 47277 HGme) |o(<j,m,w)|}.

J=6 j=J m=1

Thus, one knows from the Borel-Cantelli Lemma that in order to derive (4.2.51) it is enough to
prove that

+o0o j
ZIP’( U {we: N (w) < 47 277HGmw) |J(Cj7m,w)|}) < 400. (4.2.52)

m=1
One clearly has, for every j > 6,

M;

IP’( U {we: M,(w) <47 2777 GmD |5(¢ 1, w) \})

1

< P(KZn < 471 9 i HGm ) ya(gj,m,w)y) (4.2.53)

=iz

P( ﬂ {w eQ: ‘ﬁ(j, lej,w)| < 471 97 H(Gmw) U(ij,w)\}) ,

1 lecs,

3
I
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where the last equality follows from (4.2.43). Moreover, using the fact that, for each m €
{1,..., M;},

]P’( ﬂ {w € ‘ﬁ(j, lej,w)| <471 93 H (Gmt) ’U(Cj,m,w)’}>

lecs,

= E( H ]1{|E(j,lej)|<4*1 27 H(&,m) IU(Cj,m)|}>

lech,

:E<E< 11 Y1age1ear 27976 06, 01} ‘f“”"»

lecd,

and Lemma 4.2.7, one gets that

IP’( ﬂ {w €N ‘ﬁ(j, lej,w)| <47 9~ H(Gim ) \U(Cj’m,w)\}>

lecd,

:E( IT (2rE(Buitep |7,,))

lecs,

-1 Nz 2 -1y
X /]Rexp ( -2 (E(‘Am(%lej)‘ ’ij,m)) T ) ]1{|m|<4*1 27jH(Cj,m) |U(Cj,m)|} d:l))

< —1/2 -1 jH(C-,m)/ ,
< E<lg ™ |G(Cj,m)| 2 ! e ]1{|z|<4*1 o= 3H (¢jm) IU(Cj,m)\} dx

< (2_17r_1/2)0ard<£¥n) < (2t a2 (4.2.54)

where the first inequality and the last inequality respectively follow from (4.2.39) and (4.2.32).
Finally, putting together (4.2.53), (4.2.54) and (4.2.27), one obtains for every j > 6, that

M; .
P( U {weq: A w) <47t 277HGme) \a(gj,m,wn}) < M2 r V2 < pif2
m=1
which shows that (4.2.52) holds. O

In view of Lemma 4.2.10, the following two lemmas show that sup; <</, 27 H(Cjom) A;‘,m and
SUDP1 <<, 27 H (Cjm) A’ ,,, are almost surely asymptotically negligible with respect to

inf1<m<ns; 2 H(Gm) |6 (Com) |7 ZA\j,m when j goes to +00.

Lemma 4.2.11. There is Q(b) an event of probability 1 depending on b on which one has

limsup sup 2/(H(Gum)TA=D2ARL S~ . (4.2.55)
j—doo 1<m<M; ’

Lemma 4.2.12. There is Q5(b) an event of probability 1 depending on b on which one has

limsup sup 2/(H(Gm)+(1=0)7/2) K;’m =0. (4.2.56)
j—+oo 1<m<M; ’
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Before proving Lemmas 4.2.11 and 4.2.12 let us give the proof of Proposition 4.2.8.

Proof. of Proposition 4.2.8 First notice that the event of probability 1 Q5(b) is defined as:
Q5(b) = ﬂgz?) Q5 (b), where the Qp(b), 3 < g < 6, are the same events of probability 1 as
in Lemmas 4.2.9, 4.2.10, 4.2.11 and 4.2.12. Using (4.2.11), (4.2.40), (4.2.41), (4.2.42) and the
triangle inequality, one obtains, for all integers j > 6 and m € {1,...,M;}, that Aj,, >
Kjﬁm — /VXJm Thus, combining the latter inequality with the fact that (see the first inequality in
(4.1.8))

|o|ing := 1nf |o(s)| >0, (4.2.57)

s€[0,1]

)

one gets that
inf 27 |o(Gim) [T Ajm

1<m<M;
> inf 93 H (Cj,m) |J(Cj,m)|_1 Kj,m _ |0|;1} sup 93 H (Cj.m) Aj,m~
1<m<M; 1<m<M;

Then, one can derive from Lemma 4.2.9 that the following inequality holds on €%(b):

imi ' 3H (Cjm) VL AL > Timi ' 1 H (Cjm) LA

liminf |_inf 27O (G) | N 2 nind | int 206 ()| Ry (4258)
Moreover, (4.2.37), (4.2.42), (4.2.43), (4.2.44), (4.2.45) and the triangle inequality entail, for all
integer j > 6 and m € {1,..., M;}, that Aj,,, > Aj,, — A;’,m — A;-’m. Thus, combining the latter
inequality with (4.2.57) one obtains that

inf  27H(Gm) AL
L<meM; o (G| A

> inf  929H(Gm) ) -13.
- lsvlr?gMj | (Com)| jm

_’UE%( sup 27H(Gm) K;m + sup 20HGm) K;’m> i
1<m<M; T 1<m<M; ’

Then, one can derive from Lemmas 4.2.10, 4.2.11 and 4.2.12 that the following inequality holds
on Q35(b):

imi i 3 H (Cj.m) N FLAL s
ljlg_&gj 1§71rlzl§fMj 2585 o (Cm)| " Ajm > 1/4. (4.2.59)
Finally, (4.2.46) results from (4.2.58) and (4.2.59). O

For proving Lemmas 4.2.11 and 4.2.12 one needs some preliminary results.
Lemma 4.2.13. Let J; > 6 be a fized integer such that
kY2790 <4='H  for all j > 5. (4.2.60)

There is a finite deterministic constant ¢ > 0 such that, for all integers j > J1 and m €
{1,...,M;}, one has

) djle;+1
22]H(Cj,m) sup { / / ‘O'(S)|2
lecd, dj,(1-1)e;+1

_((dj,le]-—f—l _ S)H(Cj’m)_1/2 _ (dj,lej _ S)f(Cj’m)_1/2)

((dj,lejﬂ - S)H(S)flﬂ — (dje; — s)f(s)_:lm)

2
ds}

< ¢j2047) 972 0=0)y (4.2.61)
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Proof. of Lemma 4.2.13 Throughout the proof the integers j > Jy, m € {1,...,M;} and | € Ll
are arbitrary and fixed. Let s € [dj7(l_1)ej +1 dj,lej) be arbitrary and fixed; using the mean value
Theorem, (4.1.15), the inequalities

0< (dj,lej - 3) < (dj,lejJrl - 3) < 17

(4.2.36), (4.2.8), (4.2.6), (4.2.30), (4.2.28), (4.2.29) and the triangle inequality one obtains, for
some real number  belonging to interval [H(s) A H((jm), H(s) V H(Cjm)], that

dije. 41— S H(s)=-1/2 _ dije. — 8 H(s)—1/2
J5t€5 j,le;

—<(dj,lej+1 — ) Gm) /2 (g — S)H(Cj,m)—1/2>

< ‘(dj,lej—l—l — 5)77 2 log(djie, 41 — ) — (djge, — 5)° 7 ? log(dje, — 8)‘|H(S) — H(jm)
<257 Tj(l_b)v’(dj,zejﬂ —s)P71/2 log(djie;+1 — 8) — (djte; — 5)P=1/2 log(dj te; — 8)’
< 21{-/‘7"7 Q*j(lfb)'Y ((dj,lej+1 _ S)I{(Cj,m)*z‘fjW 2-7(1=b)v_1/2 “Og(dj,lej—i-l - S)|

. _ : —j(1=b)y _
+(dj,lej o S)H(Cg,m) 2Kk jY 277 T-1/2 ‘ log(dj,lej o S)|)]l[dNEj_l,dj,lej)(S)

i~ oy _ Y9k Y 2—F(1=b)y _
12k 572 F(1+(1 b)w)(djlej _ S)H(Cj,m) 2% j7 23 (1=b)y 3/2(1 + [log(dje; — S)Dﬂ[dj,(lfl)e]drlvdj,lej-fl)(S)'

(4.2.62)

Moreover, let us notice that
c1 1= sup 22672 o (4.2.63)
jeN
One can derive from (4.2.62), (4.1.8), (4.1.4), the change of variables u = 2/(s — djy,) and
v = —u, (4.2.63), and (4.2.60) that

djie; 5
/ i ’U(S)‘ ((dj,lej+1 — g)HE-1/2 _ (dj1e, — S)H(s)—1/2>
dj,(1-1)e;+1

2
_<(dj,le]-+1 — ) Cim)=1/2 _ (dje; — S)H(Cj,m)—1/2) ds

0 .
((271 i) HGum) =267 27012 0 9= 9=iyy)|
1

< 42 z2j2’y 2j(1+2(1b)7)/

+ (=277 ) H(Gm) =257 2_j(l_b)vfl/2| log(—2"7u) |) ’ du

-1 )
+4k2 T2 21 93 420-00) / (=27 9q) 2H Gom) =457 290731 4 Hog(—27Tw)])? du

—00

1 o o—j(1—
< ¢y 20+ 2—2J(H(Cj,m)+(1—b)’Y)/ (14 0)Gmm2e? 2207121 4 log(1 + )
0
4o H(GGm) 2657 2790 bM*l/Q(l + UOg(”)D) dv

+00 .

g 20H) 923 (H (Gm) H(1-0)) / o2 G =4 205 (3 o (v)])* d
1

< g 20 9 2(H(Gm)+1-0)) (4.2.64)
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where the constant finite constant co := 4k2 ZQC% and the finite constant
1 _ 2
c3 = 02/ ((1 +0)2(1 4 | log(1 +v)]) + v /2712 (1 + |log(v)|)) dv

0
+oo 9
+CQ/ v*73(2 4 |log(v)])” dv .
1

Similarly to (4.2.64) it can be shown that

dides+1 2 H(s)-1/2 H(Com)—1/2|
o (s)| ‘(dj,lej'Jrl ) — (djje;41 — )75 ds

djyle

< ¢4 72047 9= 2(H(Gm)+(1=b)7) (4.2.65)
where the finite constant
cq 1= 62/01(1—u) (2+]10g(1—u)\)2du.
Finally, (4.2.61) results from (4.1.17), (4.2.64) and (4.2.65). O

Lemma 4.2.14. There are two finite deterministic constants 0 < ¢ < " such that, for all
integers j > 6, m € {1,...,M;} and | € L., one has

) djle; 2 .
J9-2H(Gom) < / Peg ‘(dj,zejﬂ G HGm A2 (g TG 22 g 2 H )

dj,(1—1)ej+1
(4.2.66)
Proof. of Lemma 4.2.14 In view of (4.2.6), it is clear that
dj,l5j+1 2_2jH(<] ’m)
dije, 1 — )2 ACm T ge = 2~ 4.2.67
/ e = S Lo (4.2.67)
Thus, setting ¢/ := (2H )~! > 27! and noticing that (see (4.1.17))
djte;+1 , H(Cim)—1/2|2
/ j ‘<dj’lej+1 B S)H(g,m)fl/z — (djge, — S)+(CJ,m) / ‘ ds
3,(1—1)e;+1
e H(Gjom)—1/2 H(Gom)-1/2|?
— (a1 = )77 — (A4, = )G 72 s
dj,(1—1)ej+1
d_] le;+1
+ / (djte;+1 — )2 Gm) =L s, (4.2.68)
d

Jilej

it clearly follows from (4.2.67) and (4.1.4) that the first inequality in (4.2.66) is satisfied. Thus,
from now on, our goal is to show that the second inequality in (4.2.66) holds. Using (4.2.6), the
change of variable z = 27 (djie; — s), and standard computations, one gets that

dj,le- 9
L e = s em 1 = (g, - )12

dj,(1—1)ej+1

<2 2jH (]m)/ l‘—i-l H(¢jm)— 1/2—LU (CGym)— 1/2‘ dx . (4269)
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One can easily derive from (4.1.4) that

1 9 1 _ 1
/ ’(:c+1)H<<f’m)—1/2—mH(Cavm>—1/2’ dx§2/ (;U—|—1)2H_1dx+2/ =V de . (4.2.70)
0 0 0

Moreover, it follows from the mean value Theorem and (4.1.4) that
+00 2 too
/ ‘(x + 1)H(Cj,m)*1/2 _ ‘,L,H(Cj,m)*l/Ql dm S / $2H73 dx . (4271)
1 1

Finally, letting ¢’ be the finite constant defined as

! 7 1 +oo
"= (2H)1+2/ (z+ 1)1 da:+2/ g1 dx+/ 223
0 0 .

one can derive from (4.1.4) and (4.2.67) to (4.2.71) that the second inequality in (4.2.66) holds.
O

Lemma 4.2.15. There is a finite deterministic constant ¢ > 0 such that, for all integers j > 6
and m € {1,..., M;}, one has

' dj,16'+1
925 H (Cjm) sup {/ I |a(s) —U(Cj7m)‘2
j,(1—1)e;+1

leﬁ%
l H(C: —1/2 l H(¢; m —1/2
X ‘( j?lej 1 'S) (C],m) 1/ ( j,lej 5)+(CJ / ‘ ds}

< g o200 (4.2.72)

Proof. of Lemma 4.2.15 Let j > 6, m € {1,...,M;}, | € £, and s € () (1-1)e;4+15 djie;+1)
be arbitrary and fixed. It follows from (4.1.15), (4.2.36), (4.2.8), (4.2.6), (4.2.30), (4.2.28) and
(4.2.29) that ,

|o(s) — o (¢jm)| < 2657 2770707 (4.2.73)
Thus combining (4.2.73) and the second inequality in (4.2.66) one obtains (4.2.72). O

We are now ready to prove Lemmas 4.2.11 and 4.2.12.
Proof. of Lemma 4.2.11 Let p be a fixed real number such that

p>3/y>1. (4.2.74)

It follows from (4.2.44), the Markov inequality, (4.1.11), (4.2.34), (4.2.72), (4.2.27), (4.2.8) and
(4.2.32), that one has, for all integer j > 6,

M,
[P( sup 2jH(<j,m)K > 2j(1— b)'y/?)) J IP>(QJH Gim) A/ s 2_23'(1_5)7/3)
1<m< M, —
M;
< Z Z ]P(QJH(Cj,m) \&n(j, lej)| > 2—23'(1—17)7/3)
m=liec],

< 92ip(1-b)7/3 Z Z E(p]H Gom) A/ Al (5, lej)|” ) < ¢ M; Card(L)) j¥7 277p(=01/3
m= 1l€£J
< g jP7 271(1=0)PY/3-1) (4.2.75)
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where ¢; and ¢y are two finite constants not depending on j. Next, combining (4.2.75) and
(4.2.74), one obtains that

—+o00
Z[p)( sup  2HGm R s 2—2j(1—b)v/3> < +oo.
=6 1<m=M; I

Thus, one can derive from the Borel-Cantelli Lemma that there is Q% (b) an event of probability 1
depending b on which one has

sup sup 27/(H(Gm)+20- b)w/g)A m < +00. (4.2.76)
j>6 1<m<M,

Finally, it is clear that (4.2.76) implies that (4.2.55) is satisfied on QF(b). O

Proof. of Lemma 4.2.12 Let p be a fixed real number satisfying (4.2.74). It follows from (4.2.45),
the Markov inequality, (4.1.11), (4.2.35), (4.2.61), (4.2.27), (4.2.8) and (4.2.32), that one has,
for all integer j > Jy (see (4.2.60)),

M;
G 5] A 1 H (Cjm) AV —2j(1-b)v/3
P(K%IEMJ' 2 g > 2 ) szz:l]P(m dm) NS > 2780 )
M;
< Z Z P(QJH(Cj,m) \&;(j,lem > 2*2]‘(17{;)7/3)
m=lcri,

< 92ip(1=b)7/3 Z Z (2]H Gm) A (5, 1es) P ) < ¢y M; Card(£3,) jp+) g-p(1=b)y/3
m= 1l€£J
< g jPIHY) =i (A=0)(py/3-1) (4.2.77)

where ¢; and ¢y are two finite constants not depending on j. Next, combining (4.2.77) and
(4.2.74), one obtains that

+oo

3 P( sup  2HGmRY s 2—2j(1—b)7/3) < 400,
7 1<m< M, '

Thus, one can derive from the Borel-Cantelli Lemma that there is 25 (b) an event of probability 1
depending b on which one has

sup sup 2/H(Gm)H20=0/B) pr oy oo (4.2.78)
271 1Sm<M; ”

Finally, it is clear that (4.2.78) implies that (4.2.56) is satisfied on (b). O

We are now in position to complete the proof of Theorem 4.1.5.
End of the proof of Theorem 4.1.5 In view of Remark 4.2.3 we will only prove that (4.1.14)
holds in the case where X is the process Z defined through (4.2.1) and 7 € (0,1). For any
integer j > 6, one sets
() = |27 /ej], (4.2.79)
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where | - | denotes as usual the integer part function and e; is as in (4.2.8). It is clear that {;(7)
satisfies

0<7— a(;)ea - % < 9-i0-) (4.2.80)

Moreover, it easily follows from (4.2.79), the inequalities 0 < b < 1/2, 0 < 7 < 1, (4.2.9) and
(4.2.8) that there exists a positive integer Jo(7) > 6, such that, for all integer j > Ja(7), one

has '
lj(T) e[’ (4.2.81)

and [ — 12727700 7 4 12j2-9(=0)] ¢ [7 — 279(1=20)+1 74 9—=i(1=20)+1] (0, 1) . Next observe
that in view of (4.2.81) and (4.2.31), there is m;(7) € {1,..., M;} such that

Li(T) € L], 10y (4.2.82)
Thus, one can derive from (4.2.82), (4.2.30), (4.2.28) and (4.2.29) that
li(r) = 1| <2j, forallleL] . (4.2.83)
Next, combining (4.2.83), (4.2.80), (4.2.8) and the triangle inequality, one gets that
le; (27 +De; _ 3je; 5—j(1—b) J
’T — ?’ < 57 < 57 < 352 , forallle Emj(T), (4.2.84)
and
lej +1 _ (2j+Dej+1 _3jej _ ..o jaw) J
]T - = ‘ < > < L <352 . foralllet] (4.2.85)

Next it follows from (4.2.40), (4.2.5), (4.2.6), (4.1.2), (4.2.84), (4.2.85), (4.2.80), (4.2.82), (4.2.30),
(4.2.36), (4.2.8), (4.2.28), (4.2.29) and (4.1.15) that

2]H(T) OSCZ (T , 3]'27]'(17())) > 2]H(T)AJ ") > 2_j|H(T)_H(Cj,mj(T))| 2]H(C],mj(7—))A.7
- mi\T) —

m;(T)

> 9—Jr(2j+1)727 00 e 9 H(Gm) AT > c; inf  20H(Gm)pd (4.2.86)
= 1<m<M; m = 1<m< M, m

where the deterministic constant ¢; := infjcy 9—iR(2j+1)727 2 o (recall that b € (0,1/2)).
Thus, one can derive from (4.2.86), Proposition 4.2.8, (4.2.57) and (4.1.2) that the following
inequalities hold on Q3%(b) (the event of probability 1 introduced in Proposition 4.2.8):

lim inf 277 Osc (, 2_j(1_2b)) > liminf 277(") Oscy (, 3j2_j(1_b)) > 47 e1|ofint -
J—+o00 J—+oo

Hence, for all w € Q3(b), there exists an integer j3 = j3(7,w) > Jo(7) such that, for all integer
7 > j3, one has ' '
2 H(9) Osez (71,2790 0) > 571 ¢ 0 finr(w) - (4.2.87)

Next, let p be an arbitrary positive real number such p < 2773, one sets
7" (p) = —logy p] . (4.2.88)
One clearly has that j*(p) > js and

97" (p) < p—l < 93" (P)+1 (4.2.89)
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Then, (4.2.87), (4.2.88), (4.2.89) and (4.1.2) imply that, for all p € [j3,+00), one has
o) Ogey, (r. (202 w) > 97" () H(T2) Oge (r, ij*(p)(lf%)’w) > 57 eq|ofine(w) .
Thus, for all r € [2j3,+00), one has
pH(Tw) Oscz (7’ , rl_Qb,w) > 10"t 1|0 |int (W) . (4.2.90)
It clearly follows from (4.2.90) that

lim inf »~#(7) Oscy (7,7 7%) = 107 cifofine,  on Q5(b),
r—04

which amounts to saying that

lim(i)nf rHO/A=2) Osep(7,7) > 107 ¢1|ofme,  on Q35(b). (4.2.91)
r—U4

Finally, denoting by 23 the event of probability 1 defined as €25 := [Ny, 1/2)ng 23(b), where Q is
the countable set of the rational numbers, it results from (4.2.91), the inequality ¢ |o|ins > 0 and
the equality limy_,o, H(7)/(1 —2b) = H(7) that (4.1.14) holds when X = Z and 7 € (0,1). [

4.3 Appendix : Localization procedure via stopping times

The purpose of this appendix is to explain how the condition (C*) of the Section 4.1 can be
relaxed with a localization procedure via stopping times. For simplifying our presentation we
focus on the stochastic process {Z(t)};c—1,1) defined as

Vte[-1,1), Z(t) = /t (t—5)7"12aB(s)
-1

where the stochastic process {H(s)},¢(_1,1) i (Fs)se[-1,1-adapted and with values in [H, H] C
(0,1). Moreover, we suppose that there is a deterministic real number vy € (0, 1] such that the
paths of {H(s)},[_y 1) are Holder continuous functions of order 7. Thus, there exists a random
variable C', such that

Vw e Q, Vs,s' € [—1,1], |H(s,w) — H(s',w)| < C(w)|s — s'°. (4.3.1)

Since C' depends on w, the condition (C*) are not a priori satisfied by the stochastic process H.
Roughly speaking the idea behind the localization procedure is to stop the process Z by using
stopping times so that C becomes a deterministic constant.

Let us fix an arbitrary real number v € (0,7p) and introduce for all real number S € [—1, 1]
the random variable
[ H (s1) — H(s2)| [H (s1) — H{(s2)|

Cg := sup = sup
“1<si<s<S |S1— s2[7 s1se[-1,5nQ  |s1 — s2|”

(4.3.2)

where the last equality follows from Hélder continuity of paths of the process { H (s)}sec[—1,1] (see
(4.3.1)). Then, for each fixed integer n > 1, one sets

Sy :=1inf{S € [-1,1], Cs > n} (4.3.3)
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with the convention that inf () = 1. Observe that inequality (4.3.1) implies that
Yw e Q, VS € [-1,1], Cs(w) < C(w)
thus,
dng(w) € N, ¥n > np(w), Sp(w) = 1. (4.3.4)

Lemma 4.3.1. For all w € Q, the non decreasing function S — Cgs(w) is continuous and zero
at —1.

The following two lemmas show that S, is a stopping time with respect to the filtration
(}—‘s)se[fl,l}-

Lemma 4.3.2. For all S € [-1,1], the random variable Cg is Fg-measurable.

Proof. For all fixed a € R, one has

(Cg)fl((a, —I-OO)) { sup |H(51) _H(52)| > CL}

C1<si<s<S |81 82|7
H(s1) — H(s2)|

=<3 1,92, |

{0 € frr,sp, UL,
- U {lH(Sl)—HSS2)|>a}
81,826[—1,5] ‘81 N 52|
TR I

|51 — sa|7

s1,82€[—1,5]NQ
O
Lemma 4.3.3. For alln € N, S, is a stopping time with respect to the filtration (]—'5)86[_171].

Proof. Let n € N be arbitrary. Using the fact S +— Cyg is a continuous non decreasing random
function on [—1, 1] which vanishes at S = —1, one can derive from (4.3.3) that
{S, < -1} =0, {S, <t} =Q and for all real number s € (—1,1)

{Su> s} = {Cu <n} = (€7 ((~o0im) € Fi.

thus, S, is a stopping time. O

Observe that, using (4.3.2),
VneN, Ywe Q, Vs, s € [—1,1], |H(s A Sp(w),w) — H(s' A Sp(w),w)| < nls—§|7,

thus the stochastic process {H(s A Sp)}se_q ) satisfies the condition (C*). Then, it seems

natural to introduce the process {Zn(t)} 1 defined as
te[—1,

~ t
vt [-1,1], Zn(®) ::/ (t — )T ENS124p( ).
~1
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Theorem 4.1.5 and Corollary 4.1.6 are applicable to the process Zn, thus its trajectories are
continuous and there exists a universal event Q* of probability 1 such that

ay (T,w) = H(T A Sp(w),w), forall (n,7,w) € Nx(0,1) x Q*. (4.3.5)

The motivation of the localization procedure consists in proving that the paths Zn (w) and
Z(w) are the same for almost all w, for n big enough depending on w. This result is given by
the following theorem.

Proposition 4.3.4. There is a universal event Q' of probability 1 such that

Vw e Q, IN(w) €N, Vn > N(w), Vt € [-1,1], Zn(t,w) = Z(t,w).
Thus, using (4.53.5) and (4.3.4), there is a universal event Q** := Q* N Q' such that

az(T,w) = ngg—loo H(t A Sp(w),w) =H(r,w), forall (r,w) € (0,1) x Q**.

Let us define the stochastic field {Y (u, )}, ,)e(-1,12

u 1
Y(u,v) € [-1,1)%, Y(u,v) := / (v— s)f(s)fl/ZdB(s) = / K(u,v,s)dB(s)

-1 —1

where

Y(u,v,s) € [-1,13, K(u,v,s):= (v— s)f(s)_l/Q]l[_l,u)(s).
Observe that
Vit e [—1,1], Z(t) =Y (¢, ¢).

Lemma 4.3.5. There is a deterministic constant cy > 0, such that

1

2 .
Vu,v,u' 0" € [-1,1], / (K(u/,v',s) - K(u,v,s)) ds < col|(W — u, v/ — v)|[2PinUL1/2),

-1
Proof. We can suppose that v’ = u + hy and v/ = v + hy where hy € R and hy € R,. One has

1 2
[ (s vt o) — K(u,0,0)) ds
—1

1 2
§2/ (K(u+h1,v+h2,s)—K(u7v+h2,s)> ds+2/
—1 —1

1 2
<K(u,v + ha,s) — K(u,v, s)) ds

(4.3.6)

where

1 2
[ (ot o+ has) = Ko+ ha.s) ds =

u+hq
/ (v 4 hg — s)iH(S)_lds‘ . (4.3.7)
—1 U
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One can assume min(u, u + h1) < v + hg since the latter integral is zero in the opposite case. If

H > 1/2, one gets
ut+hi _
/ 92H—=14¢
u

AL 2H(s)—1
/ (v+ hy — )2 ds‘ < < 2Jhi] (4.3.8)

and if H < 1/2, one obtains

uth — u+hy
/ (v +he — S)iH(S)_ldsl s 2 / (27 v + hg — S))iﬂ_lds

uth 2H~-1
§4/ (v+hy—s); ds
u

=4

min(u+hi,v+ha)
/ (v + hy — 5)?H1ds

min(u,v+ha)

min(u+hi,v+h2)
<4 / (min(u + hi,v + hy) — s)*2L71ds

min(u,v+ha)

2
=4 Imin(u + 1, v + hg) — min(u, v + he)|*2

2
< ol P 43.
On the other hand, one has
1 ) " )
/ (K(u,v + ha,s) — K(u,v,s)) ds = / ((U + hy — S)f(s)_l/g —(v— S)f(s)—l/Q) ds
—1

-1

v 2 v+ho
< / ((v + Ry — )HE12 _ (- S)H<S>*1/2) ds + / (v + hy — 8)2HO=14s. (4.3.10)
—1 v

Using the change of variable u := (v — s)h; ', one obtains
v 2
/ ((v + hy — s)=12 _(y — S)H(s)71/2> ds
-1
om [T 2 5 2H
< p2 ((u 4 1)H(=hau)=1/2 uH@—hw)—l/?) du < c(H, H)hE. (4.3.11)
0

Moreover, one has
v+ho 1
/ (v + hy — 5)2HE) s < ﬁhgﬂ. (4.3.12)
v =L

Putting together (4.3.6), (4.3.7), (4.3.8), (4.3.9), (4.3.10), (4.3.11) and (4.3.12), there is a con-
stant ¢y > 0, such that

1 2
/ (K(u+ hi,v + ho, s) — K(u,v,s)) ds < col|(h1, ha)||2L.
—1
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Lemma 4.3.6. There is a universal event Q" of probability 1 such that for all € (0, min(1/2, H)),
there exists a random variable C for which one has

Vw € Q,a \V/’LL,’U,’LL/,’U, € [_17 1]7 |Y(ulvv/7w) - Y(’LL,’U,OJ)| < C(W)H(ul - U, U/ - ’U)Hﬁ

Proof. Using Burkholder-Davis-Gundy inequality and Lemma 4.3.5, for all p > m and
' v u,v € [—1,—1] one gets

E|Y (u/',v") = Y (u,v)| = E(‘/ K(u',v',s) K(u,v,s))st‘p)
< a(p)E((/_ll (K(u’,v',s) — K(u,v,s)>2d5>p/2>

< a(p)eg”?[|(u = u, v/ —v)|Print/BE),

Using Kolmogorov-Chentsov theorem, there is an event (p) of probability 1, such that the
pmin(1/2, H) — 2

paths of the process {Y (u,v)}, ,)e[—1,1)2 are Holder functions of order ” . The
+o00
lemma is proved for " := N Qp).
p=|min(1/2,H)~1]+2
O

Using the Haar basis of L?([—1,1]), it can be shown that the function f;,(,-) defined for
all fixed t € [-1,1], n € Nand j € N as

i B (G H(zASn)—1/2
Vs € [—1, 1], fj,n(t,s) = Z 2]/ v (t— x)+ " dx H[kQ—j7(k+1)2—j)(3)
k=2 k2
converges in L?([—1,1]) to the function s +— f,(t,s) = (t — s)f(S/\S")_l/2 which means
1
Wn> 1, vt e -1, 1], / in(ts) — fultss)Pds —s O, (4.3.13)
-1 J—+o0o
Observe that
~ 1
Vn eN, Vvt € [-1,1], Z,(t) = / fn(t, s)dB(s). (4.3.14)
-1

Let us now introduce the function g;,(t,-) defined for all fixed ¢t € [-1,1], n € N and j € N, as

= D27 H(k27IAS,)—1/2
Vs S [—1, 1], gj7n(t7 8) = Z 2J /kzj (t - a:)+ " dx :H.[k27j7(k+1)27j)(8).
k=—27

(4.3.15)
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Lemma 4.3.7. Let us fix a real number f < min(H,~y). There is a deterministic constant
¢1 > 0 such that for all j > 1 one has almost surely

1
Vn>1, sup / Fim(t8) — gim(t, 8)%ds < En?27209.
te[-1,1] J -1

Proof. One has for all ¢ € [—1,1]

27 -1

1
[ 15(t:5) = gralt9)Pds = 3 ot
-1 k=—27
where
, (k+1)2—9 B 2
Oin(t k) =2 / <(t — ) HR2TIAS) =12 x)H(MSn)*l/?) dr| . (4.3.16)
k27

Let us first focus on terms such that k < d;(¢) — 2 where d;(t) := [t27]. In this case, for all
€ [k277, (k + 1)277], using mean value theorem and definitions (4.3.3) and (4.3.2), one gets
foralle >0

’(t o x)H(kQ*J/\Sn)—l/Q o (t o :I:)H(I/\Sn)_l/2|

, b\ H/2e
< |Hk277 ASp) — H(z A Sy)| ( > ofl=1/2-¢

2
<nlk27T NS, —x A Sp|? (t — x) L Y2E Q-1
< 2n(z — k279) (t — z)LY/27E (4.3.17)
Combining (4.3.16) and (4.3.17), for k < t2/ — 2 one obtains
4n? . ) . 2
030t k) < i 1”/2 — 202 ((t ~ g2 HAY2=e (ko 1)2*J)ﬂ+1/2*€)
< 8n% (H 41/2 — ) 27203 (¢ — (k4 1)277)2H 172, (4.3.18)

In the case H < 1/2, for ¢ < % one gets

dj(t)—2 di(t)=2  pio

. —j\2H—1—2¢
> (t—(k+1)27) < Z,/k

t
(t— 827])2£71725d8 < / (t— u)2ﬂ7172€du
k=—27 k=—27

+1 -1

2
< 2j/ (e~ + 1)dw,
0
(4.3.19)

and in the case H > 1/2, for ¢ < Hﬁl/?, one obtains

d;(t) -2 k:+1

Z(t_(k+)2j2H125<Z/

t
— 527 J 2H—-1-2¢ <23/ (t—u)Qﬂ_l_%du
k=—27

-1
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Putting together (4.3.18), (4.3.19) and (4.3.20) one gets

dj(t)—2
> ojnlt, k) < cen®27V (4.3.21)
k=—27

where cg 1= 2¢2 f02 vHE=1dy. Moreover, using (4.3.16) and (4.3.17), one has

d;(t) ‘ o t 2 16 x 21+2F )
ojn(t k) <8x 27 2H—H/ (t— )24z ) < =22 9 %H  (4329)
’ (H+1/27
kZdj(t)fl
The lemma is proved by combining (4.3.21) and (4.3.22). O

Let us introduce

t
Wn €N, Vt € [=1,1], Zu(t) = Y(EA S, t) = /1(15 _ NSV (6)dB(s).

We already know that the paths of (Z,(t)); are continuous. Moreover, the paths of (Z,(t)); are
also continuous thanks to Lemma 4.3.6.

Let the event A, := {S,, = 1}, then one has

VneN, Yw e A, Vte[-1,1], Z,(t,w) =Y (t,t,w) = Z(t,w).

Also notice that (4.3.4) implies that P ( U An> =1
neN

Lemma 4.3.8. For alln € N andt € [—1,1], there is an event By, C Ay, satisfying P(A,\Bnt) =
0 and

Vw € Byt, Zn(t,w) = Zy(t,w) = Z(t,w).

Proof. Tt results from Lemma 4.3.7 and (4.3.13) that, for each fixed n € N,

1
Vte[—l,l],/ gjn(t,8) — fult,s)Pds =3 0. (4.3.23)
1

j—+oo

Then, (4.3.23) implies

1 1
vel [ gutsaBe) [ fasan

—

where the convergence holds in probability. Then, one can derive from (4.3.14) and (4.3.15)

2j_1 . (k—"_l)2_‘7 H(k —J S, . . P ~
3 zﬂ/ (t — )T F2NS=12 g, <B((k+1)2_1)fB(k2‘J)) Py Za(0).
Py k2—J J—+o00

(4.3.24)
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Observe that it clearly results from (4.3.23) that

1
vt e [-1,1], / 13 1 n5,(5) = fults 15 () 2 0 (4.3.25)

Jj—+oo

thus, one has for all t € [—1,1]

R G H(k2-IASp)—1/2 ! P
(2 o (t=2)] " d Liro-i,(k1)2-9)(8)L[-1,5,)(8)dB(s) | — Zn(t).

¥ k27 -1 J—rtoo

Since

1
/1 Lpo—i,(k1)2-9)(8)L[-1,5,)(s)dB(s) = B((k +1)277 A S,) — B(k277 A Sy,)

one obtains the following convergence for all ¢ € [—1,1]

2l i (k+1)2ij H(k27IAS, 1/2 1 1 P
L / (t— ) 102050120 ) [ Bk 41279 A 8,) = B2 AS,) | P Za(t).
Ry k2—J J—+o0
(4.3.26)

Putting together (4.3.24) and (4.3.26) and the fact that S, = 1 on the event A,, the lemma is
proved. ]

We are now in position to prove Theorem 4.3.4.
Proof of Theorem 4.3.4. A consequence of Lemma 4.3.8 is that for all n € N, one has

21 27 -1
Vi €N, () Buges CAnandP| (| By | = P(An)
k=—21 k=-—23
since the intersection contains a finite number of (B, ;);. Then, by continuity property of the
probability one obtains

201 27 -1

(1 () Buses CAnand P [ [ [ Buges | = P(An). (4.3.27)

JEN k=—27 JEN k=—2J
Let us introduce for all n € N the event

271
Bpi=() () Buxes C An. (4.3.28)
JEN k=—2i

Since the sequencer (S, )nen is non decreasing, for all N € N, one has

N
Ay = 4An. (4.3.29)

n=1
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Then putting together (4.3.27), (4.3.29) and (4.3.28), one obtains
N
VN eN, P(An) —IP<U Bn>
n=1

thus by continuity property, one obtains

N N
(U Um) - p (U)o pom -2 (U ) -

Let us introduce D the set of dyadic numbers and ' := |J B,,. Then one has
neN

Vwe Y, IAN(w) €N, Vn > N(w), Vt e DN [-1,1], Zp(t,w) = Zp(t,w) = Z(t,w).

Thus, the continuity property on these three processes implies that

Vwe Q, IN(w) €N, Vn > N(w), Vt € [-1,1], Z,(t,w) = Zp(t,w) = Z(t,w).



Chapter 5

Simulation of the Riemann-Liouville
MPRE

5.1 Introduction

In the previous Chapter 4, we studied the local regularity of a class of processes with random
exponent introduced in [AEH18| and generalized in [LMS21]. A central example of such a
process is the process {Z(t)},cg, defined as

(=92 — ()71 2) ap(s).

t

vt >0, Z(t) ::/

—00
This process generalizes the fractional Brownian motion: the constant Hurst parameter H is
replaced by {H(s)},.r a stochastic process adapted to the filtration (Fs)ser (to which the

Brownian motion {B(s)},.p is associated) and with values in a deterministic compact [H, H] C
(0,1).

We know from Chapter 4 that, under the general assumption that the paths of H are Holder
continuous functions of an arbitrary order v > 0, one has for a universal event (2* of probability
1

pz(T,w) = H(T,w), forall (1,w) € R} x Q*, (5.1.1)

where pz(7) denotes the pointwise Holder exponent of Z at point 7. This equality (5.1.1) makes
the process Z to be an interesting model for applications. Thus, simulation of this process is an
important issue.

The following lemma shows that low-frequency part {Z (t)}t o defined as
€0,
0
Vte[0,1], Z(t) == / ((t — g)H)=12 (—s)f“’*l/?) dB(s) (5.1.2)

does not impact the local regularity of the full process {Z(t)}c(o 1-

Lemma 5.1.1. There is a universal event ' of probability 1 such that , for all t € (0,1] and
w € Y, one has

py(t,w) =py(t,w) =1 (5.1.3)

109
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and thus
Py y(T,w)=H(t,w), forall (t,w) e (0,1) x (*NQ). (5.1.4)

Proof. Let us fix e > 0, t € [¢,1) and h > 0 such that ¢t + h € (0, 1]. Using Burkholder-Davis-
Gundy inequality, for all p > 2, there is a universal constant a(p) such that

E|Z(t+ h) — Z'(t)‘p —E (‘ /+°o ((t+ b+ s)TCD712 (¢ 4 s)H<—S>—1/2)dB(s))p>
0

< a(p)E<</O+OO ((t + h+ s)H(—S)—l/2 —(t+ S)H(—s)—1/2)2d5>p/2>.

(5.1.5)
Moreover, one can derive from the mean value theorem that
2 — _
«t+h~%@H“@*V2—(t+sY“ﬂ*4ﬂ) < HHp2(4 4 5)2H-3
thus
+o0 2 __ oo €ﬁ+ﬂ—2
/ ((t +h+s)HE0712 (1 4 S)H(fs)fl/Q) ds < h2ef=H / (e 4 s)L3ds = —hZ.
0 0 2—2H
(5.1.6)

Combining (5.1.6) and (5.1.5), one gets for all p > 2

. . c2H—2 \ P/2
EZt+h—Zt’< )
@41 - 20] <a) (557 )
Using Kolmogorov-Chentsov theorem, there is an event Q(e, p) of probability 1 such that for all
w € Q(e,p) the function t — Z(t,w) is Holder continuous of any order 8 € [0, (p — 1)/p) on the

interval [, 1]. Thus, the lemma is proved for Q' := (| Q(1/p,p). O
peEN

Since the low-frequency part does not impact the local regularity of {Z (t)}te[o,l]’ we will focus
on the simulation of the Riemann-Liouville MPRE {X(t)},c( ) defined as

Yt e [0,1], X(t) = Z(t) — Z(t) = /1@ — )7 24B(s).
0

The Riemann-Liouville MPRE {X(t)};c[y ;; has been introduced in 2018 by Ayache, Esser and
Hamonier in the article [AEH18]. We presented it in the subsection 2.3.B.a of our thesis.
Let us introduce the two following notations :

Vu,v € R, L(u,v) := (u)i_l/2

and
Vt,s € [0,1], K(t,s):= L(t— s, H(s)) = (t — s)TO712, (5.1.7)
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Ayache, Esser and Hamonier decomposed the kernel (5.1.7) into the Haar basis of L2([0, 1])
which is composed of the functions

U =Ty and g =297 (Lpspa-i(kr1/2)) — Lp-i(hr1/2)2-iks1)) » § € Nand k € {0,...,27 =1},
and they obtained a random series representation of {X (t)}tepo,1) under the following condition
(Co): H>1/2 and 3p > 1/2, e >0, Yo,y € [0,1], E (|H(x) - H(y)|2) < cla — y[?°.
(5.1.8)
Observe that condition (Cjy) and the Kolmogorov-Chentsov theorem imply the continuity of the

paths of {H(s)},ci0.1-

Theorem 5.1.2. Assume that condition (5.1.8) is satisfied. Then, there exists a universal event
Qux of probability 1, such that
400271
Vo € Qun X () = (Kol ). Uhmole) + D (Kl ), hys)ejale), (5.1.9)
j=0 k=0

where the convergence is uniform in t on [0,1] and

1
mi= [ UEdB(E) = B) - BO)
0
and
1
e = / hj(s)dB(s) = 29/ (23(2—0“)(% 1)) — B(279k) — B2 (k + 1)))
0

are Gaussian random variables of the same distribution N(0,1).

Using representation (5.1.9), they proposed a simulation method for X which consists in ap-
proximating for all fixed ¢ € [0, 1] the quantity K (t,s) by K(t,k2~7) for every s in the dyadic
interval [k277, (k +1)277). Roughly speaking, K (t,s) is approximated by

271
VI 1, Ky(ts) =Y (K(t, k2—J)ﬂ[k2,J’(,€+1)2,J)(s)),
k=0
then X (t) is approximated by
B 1 271 _
VI > 1, X,(t) ;:/ K;(t,s)dB(s) = > ((t—k:2_‘])f(k2 T2 (B((k+1)27) —B(kQ_J))).
0 k=0

They proved in [AEH18] the uniformly convergence of X; to X on the interval [0,1] when
J — +o0.
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Proposition 5.1.3. Under the condition (Cy), there exists an event Q. of probability 1 such
that

Vw €y, lim < sup ‘XJ(t,W) — X(t,w)‘ =0.
J—400 te[O,l]

On another hand, for all fixed ¢ € [0, 1] they approximated the quantity K (t,s) = L(t—s, H(s))
by the mean value of the function s — L(t — s, H(k277)) on each dyadic interval [k277, (k +
1)2=7). Roughly speaking, K(t,s) is approximated by

R 271 (k+1)2=7
VI > 1, Ky(ts) = <2J/ E(t—u,H(kT‘]))du) Lo (jr1y2-0y(s),  (5.1.10)
k=0 k2—J

then X (t) is approximated by

A~ 1 A~
VI > 1, X(t) ;:/0 K, (t,s)dB(s)

N

= S 27 (kﬂ)wct H(k27")du) (B((k+1)277) — B(k2™/ 5.1.11
=S (7, w2 ) (B2 B G

where

(k+1)2—7
QJ/ L(t —u, Hk2™7))du
k2—J

27 _JNH(k27)+1/2 _JNH(k27)41/2
:H<k2_J)+1/2<(t—/~c2 DRI (1 — (1 )2 ) 02T

Observe that in contrast to the processes X J, the processes X 7 have continuous paths even if
H<1)/2.

Using Proposition 5.1.3, Ayache, Esser and Hamonier also proved the uniform convergence of
X7 to X on the interval [0, 1] when J — +o0.

Proposition 5.1.4. Under the condition (Cy), there exists an event Q. of probability 1 such
that

Yw e Q,, lim sup ‘)?J(t,w) - X(t,w)‘ =0.
J—~400 tE[O,l]

090 04

0.85 0.2
0.80
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070
065 —0.4
0.60

055

00 02 04 06 08 10 00 02 04 06 08 10
A realization H(-,w) on the left and the associated path X (-,w) on the right.
(Simulation obtained using Proposition 5.1.4)
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5.2 Statement of the main result

The main result of this chapter shows that Proposition 5.1.4 remains true under the following
condition («) which is much weaker than the condition (Cp) given at (5.1.8). Moreover, we
obtain a rate of convergence for the simulation method. Let D; the set of dyadic numbers of
order J defined as:

VJ > 1, D= {k277 where k € {0,...,27 —1}} C [0,1)

and the quantity p(J)

2—J
VI >1, p(J):= \/QJ sup / |H(t) — H(t + u)|?du. (5.2.1)
teDy JO

The condition («) is given by

(o) : 3y >0, limsup 2?/ u(J) = 0. (5.2.2)

J—+00

It is worth noticing that this condition («) does not imply the continuity of the paths of H. For
instance, the condition () is satisfied by all the the stochastic processes of the form

H(s,w) = Hy(s,w) + l1(s,w) + la(s,w)

where:
e the paths of Hy are Holder functions of same deterministic order v > 0,
e the paths of /] are right continuous step functions whose discontinuity points (which are in

finite number) belong to D := (J Dy,
J>1
e the paths of Iy satisfy supp(l2) "D = () and A(supp(l2)) = 0 where A denotes the Lebesgue

measure.

The simulation method relies on the following Theorem 5.2.1.

Theorem 5.2.1. Under the condition (5.2.2), there exists an event Q0 of probability 1 such that
for all B < min(y, H,1/2), one has

Vw € Q,, lim < 2% sup ’)?J(t,w)—X(t,w)‘ = 0.
J—=+o00 te[0,1]
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A realization H(-,w) with discontinuity at s = 1/2 on the left and the associated path X (-,w)
on the right. (Simulation obtained using Theorem 5.2.1)

b
In the following, one uses the convention that > wug is zero if b < a. Moreover, since
k=a
[H, H] C [min(H,1/2), H], we will always assume in the following proofs that H < 1/2.

5.3 Proof for the dyadic indices

Lemma 5.3.1. There is a deterministic constant é1 > 0 such that for all J > 1 and 8 < H one
has almost surely

1 ~ 2
Sup/ ‘K(t, s) — K¢, s)‘ ds < & (M(J)2+2‘2'8J>. (5.3.1)
teDy JO

Proof. Let us fix J > 1, t € Dy\ {0} and introduce the integer k;; := t27 > 1 such that
t= k‘uﬂ*‘]. Observe that, one has

1 R ) ks —1
/ ‘K(t,s)—KJ(t,s)) ds= S oyt k) (5.3.2)
0 k=0
where
(k+1)277 (k+1)2—7 2
oyt k) ::/ E(t—s,H(s))—2J/ L(t—u, Hk2™))du | ds
k2—J k27
(k+1)2~7 (k+1)2-7 - 2
:/ 927 </ ((t—s)i’“)*l/?—(t—u)’j(’“? JH/Q) du> ds. (5.3.3)
k2—J k27

Using mean value theorem, one has for all s,u <t and e >0
’(t _ S)H(s)q/z - U)H(kz—J)A/Q‘
< ‘(t _g)HE-Y2 S)H(kQ*J)—l/Q} n ‘(t _ S)H(kQ*J)—l/Z (- u)H(kQ*J)—1/2‘

<e (\H(kT‘]) — H(s)|(t — s)1/2=5 4 | — s| min(t — s, t — u)HUf?*J)*?’/?) (5.3.4)
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where ¢; > 0 is a constant. Combining (5.3.2) and (5.3.3) one obtains

1 ~ 2
/ (K (1, 8) ~ By t,)] ds <200 (8, 7) + (2, ) (5.3.5)
0
where
k=L (kt1)2-7 . 9
() = / (1= )72 (g = ) 0207121 g
k=0 k2—J
and
ke g =1 (eg1)2-7 (k+1)2-7 » » 2
Na(t, J) = / 92J / )(t—s)H(kz J=U/2 (4 ) H 2 )_1/2‘du ds.
i Jk2=7 k2~

(5.3.6)

Upper bound for A\;(¢,J) : Using mean value theorem, there is a constant ¢; > 0 such that
for all s <t and € € (0, H/2) one has

(6= )2 (¢ 5102102 < oy H (k2 — H(s)(0 — )22

thus

ks =2 (ky1)2-7 o
At J) < / |H(k277) — H(s)]2(t — s)?2271725ds + (2H)2/ (t — )2 L7122
k

=0 2—J t—2—J
(5.3.7)
with
/t (t _ S)Qﬂ*l*QEdS _ ]‘ 272J(ﬁ78) < i272J(ﬁ78) (5 3 8)
b - 2H —2¢ - H ' o
Using definition (5.2.1), one gets for some constant ¢z > 0
k=2 (k41)2-7
/ |H(k277) — H(s)]*(t — s)* 17172545
k=0 k277
keg—2 (k+1)2~7
< Y0 (- @z [T ) - Ho)Pds
k=0 k2—J
ke, g
< 022_J,LL(J)2/ (t —u2™7)2H-1=2 gy
1
Co 2 ~J\2H-2¢ _ €2 2
-2 _9mJ)2H-2e o 2 . 3.
SO = 2P < ) (539)

Combining (5.3.7), (5.3.8) and (5.3.9), one obtains for some constant c3 > 0

Mt J) < cs (2*2@*5)" n M(J)2> . (5.3.10)
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Upper bound for \y(¢,.J) : Using mean value theorem, there is a constant ¢; > 0 such that
for all s,u <t one has

‘(t _ 8)H(k2—J)71/2 - U)H(kz—J)A/Q < diu — 8| min(t — s, — U)H(k2‘J)73/27

thus, for all £ < k; ; — 3, one has

(k+1)2~7 (k+1)2-7 » 2
/ 227 / lu— s|min(t — s, t —u)T*27D=32q | ds
k k

2—J 2—J
(k+1)2—7 (k+1)2-7 . 2
< / / (t — (k+1)2=yHE2=)=32q5, | ds
k2—J k2—J
<273 (t — (k+1)277)2H473, (5.3.11)

Moreover, one gets

k¢, g—3 ‘ ke, 7—3 k2 k-1
Z (t - (k + 1)2_J)2ﬁ_5 < / (t — 82_‘])2ﬁ_3ds = / (t _ S2—J)2ﬂ—3d8

1
< mr’(?ﬂ—iﬂ. (5.3.12)

Let us now focus on the terms where k € {k; ; — 2, k; ; — 1}. Using triangle inequality and the
inequality (a + b)? < 2(a? + b%), one obtains for § € {0,1}

t—62-7 t—62-7 . » 2
/ 927 / (t — S)H(t—Q )—1/2 (t— U)H(t—2 )—1/2‘ du | ds
t t

—(6+1)2—7 —(6+1)2—7
t—62=7 t—62=7 2
< 92J+1 / / (t_s)H(t—Q*J)—l/Zdu ds
t—(6+1)2—7 t—(04+1)2—7
t—6277 t—6277 . 2
+/ / (t —u)AE=270712q, | ds |. (5.3.13)
t—(04+1)2—7 t—(6+1)2—7

Next, one has

t—52—7 t—52—7 2 —J\242H
¢ ¢

—(+1)2-7 \Jt—(6+1)2-7 2H

and

t—62-7 t—62-7 2 —J\2+2H
/ / (t —w)HE=27=12gy | gs < (0+1)27) —. (5.3.15)
t—(s+1)2-7 \Jt—(6+1)2-7 (H+1/2)

Putting together (5.3.13), (5.3.14) and (5.3.15), one gets for some constant ¢4 > 0

t—62-7 t—62=7 2
/ 927 / (t — S)H(th—J)71/2 ~(t— u)H(t72—J)71/2‘ du | ds < 27700,
t—(5+1)2—7 t—(5+1)2—7 N

(5.3.16)
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Then, putting together (5.3.6), (5.3.11), (5.3.12) and (5.3.16), one obtains for some constant
c5 >0

Xa(t,J) < 5277 CH), (5.3.17)

Finally, it follows from (5.3.5), (5.3.10) and (5.3.17), that one has for some constant cg > 0

/1 ’K(t, s) — I/%J(t, s)‘2 ds < cg (272(ﬂ7€)‘] + M(J)Q) .
0

O
Lemma 5.3.2. For all f < min(~, H), one has almost surely
lim {QW sup | X (t) — )?J(t)(} = 0. (5.3.18)

Proof. Let us fix a real number < min(y, H). Let us fix an integer p such that p > W,

a real number € > 0 and J € N, one obtains using Markov’s inequality

P (2W sup | X (1) - )?J(t)) > e> <SP (QBJjX(t) - )?J(t)‘ >¢) (5.3.19)
teDy teD
J
< il 3 E‘X(t) - )?J(t)’p (5.3.20)
teDy
<27 987 qup B X (1) - X J(t)‘p. (5.3.21)
teD sy

Now using Burkholder-Davis-Gundy inequality and Lemma 5.3.1 for 5’ € (8, H) , one obtains
forallt € Dy

E[x(t) - £,(0)] = E(’ /01 (K(t,5) ~ Bo(t,9)) dB(S)‘p>

< a(p)E((/ol )K(t, s) — Kyt s)(2 ds)”/2> (5.3.22)

< a(p)&?(u(J)? + 272yl

Combining (5.3.19) and (5.3.22) one obtains

P <25 7 sup

X(t) - £,(0)| > ) < (=7ra(p)??) 2/ 2w + 2P (5.8.28)
teDy

Using (5.3.23) and (5.2.2), one obtains

+oo
Z P <25J sup
J=1

teDy

X(t) —)A(J(t)’ >5> < +o00.
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Using Borel-Cantelli lemma, for all € > 0, there is an event () of probability 1 such that

Yw € Q(e), IN(w,e) €N, VJ > N(w,e), 2°7 sup
teD sy

X(t,w) — )?J(t,w)‘ <e.

Let us now introduce €' := () ©(1/p) which is still of probability 1 and such a way one has
peN

Vwe ) lim < 2% sup
J—~400 ted,

X(t,w) — )?J(t,w)‘} ~0.

5.4 Proof of Theorem 5.2.1

Lemma 5.4.1. There is a random variable C, such that, for all t',t" € [0,1] and J € N, one
has almost surely

X, - X)) < CVIT+ 1 (2“1—@\15” — ¥+ 202 — t’|1/2+ﬂ) . (5.4.1)

Proof. Let us fix t”,¢ € [0,1] and J > 1. Using definitions (5.1.10) and (5.1.11), one has

27-1
Xyt = X5t =" ol e (5.4.2)
k=0

(k+1)2—7 B 3

and
e =2"2(B((k+1)277) - B(k2~7)) £ 2/2B(277) £ N(0,1). (5.4.4)

Using Lemma A.23 in [Ayal9], there is a random variable Cj, such that for all J > 1 and
ke {0, 20— 1}, one has almost surely

’€J’k‘ <CuJ+1. (5.4.5)

We can suppose without any restriction that ¢” > ¢'. Let ky ; be the nonnegative integer defined
as ky j := [¢'27]. One sets

ky ;=2 ky 5
p (T = > e )], et D) = > Jegn(t )] (5.4.6)
k=0 k=ky ;-1
and
271
pa’ ) = > fesp(t )], (5.4.7)

k=ky_5+1
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Upper bound for p;(t”,t,J) : Applying the mean value theorem to the function
z e (v — k2—J>H(k2*J)+1/2 —(z—(k+ 1)2—J)H(k2*J)+1/2

on the interval [t',¢"], one obtains for all k < ky ; —1

(k+1)2—7 N _
/kzj ((t” B u)f(kz N-1/2 v u)i{(kz 1)71/2) du

1
T HE2 ) +1/2

<(t// - k2—J)H(k2*J)+1/2 . (t// — (k+ 1)2—J)H(k2*‘7)+1/2
i (tl N k2—J)H(k2’J)+1/2 + (tl _ (k‘ + 1)2—J)H(k2")+1/2>
_ (t// . t’) ((c(t",t') . kZ—J)H(kTJ)—UQ . (c(t”,t') —(k+ 1)2—J)H(k2J)—1/2>

where ¢(t”,t") € (t',t"). Then applying the mean value theorem to the function
z s (et ) — x)Hk2")=-1/2
on the interval [k277, (k 4+ 1)277], one obtains for k < ky j — 2
(c(t",¢') — k2T YHE2ZDZ12 (ot 1) — (k + 1)277 )27 =1/2

=27/(H(k277) - 1/2)<C(t”,t’) _ c/(tu?t,))H(kTJ)sm

119

(5.4.8)

(5.4.9)

where ¢/ (t",t') € (k2=7,(k + 1)277). Next combining (5.4.3), (5.4.8), (5.4.9) and the fact that

for all k < kyj — 2 one has c(t", ') — (t",¢') > ' — (k +1)277, one obtains that

H-3/2
a0 < 27020 — ) (¢ — e+ 2 )

Therefore one gets that

ky =3

ky y—1 H-3/2
Z lean(t )] < 2_J/2(t// -~ t,)/ (t, _ u2_‘]> du < 2J(1—Q)(t// — )
k=0 !

and
|CJ,k:t/ J_Q(t//7t,)‘ < 2_J/2(t// - t/)(Z—J)ﬁ—?)/Q — 2J(1—ﬂ) (t// - t/)
Finally (5.4.10) and (5.4.11) entail that

kyr g2
w0y = S Jesr( )] < 2 x 270 —¢f).
k=0

(5.4.10)

(5.4.11)

(5.4.12)



120 Simulation of the Riemann-Liouville MPRE

Upper bound for pz(t”,t',J) : Let us now focus on cjp,, ,—1(t",t'). Using definition (5.4.3)
and the change of variable v = (' — u)(#" —t')~!, one gets

k., 2—J
Cay J—1(t//,t/) _ 2J/2/ w7 ((t” _ U)H((kt,J—1)2*J)—1/2 . U)H((kt,J—l)rJ)—uz) du
Y (kt’,Jfl)Qf‘]
_ 2J/2(t// . t/)1/2+H((kt,,Jf1)2*J)
t'—D(t +2—J ¢ —1
% /( s A ) (v + 1)H((kt’,J71)27J)71/2 _ UH((kt’,J1)2J)1/2) dv (5.4.13)
(t'=Dy ()" —t)~1

where D (') = |t'27 277 = ky ;277 If H((ky y — 1)277) < 1/2 one obtains

+o0o
ey~ (1)) < 272" — )2 / [0+ 112 2
' 0

. (5.4.14)

If H((kyy—1)277) > 1/2, using (5.4.3) and (5.4.8), one obtains

lCapy 1" 1)

< 9J/2 ((t” ) — Dy(t') + 2—J)H((kt,’J—1)2*J)_1/2 - (- DJ(t/))H((kt/,J—l)Q*J)_1/2>
< 272 . (5.4.15)
Thus, using (5.4.13), (5.4.14) and (5.4.15) one obtains for some constant ¢; > 0

(e 1 () < ex (272 — )V 22 ) (5.4.16)

For the term c g, | (t",t'), one has
t/

CJ,kz/,J(tlla t/) = 2J/2/

((t” — ) HDs@)-1/2 U)H(DJ(t’))fl/Q) du
Dy")

Dy(t)+277 )
n 2J/2/ (t" — u)f(DJ(t N=1/2 4., (5.4.17)
t/

One gets

tl
/ ((t// _ ) HDS =172 _ (4 U)H(DJ(t’))fl/Q) du
D;(t")

1

[ —
T H+1)/2

(‘(t" . DJ(t/))H(DJ(t/))+1/2 - (t’ . DJ<tl))H(DJ(t’))+1/2‘ + (t// . t/)H+l/2>_
(5.4.18)

If H(Dy(t")) > 1/2, using mean value theorem one obtains

w

(t// - DJ(t/))H(DJ(t’))—f—l/Q o (t/ _ DJ(tl))H(DJ(t'))—i-l/Q < *(t” o 75_/)([%// . DJ(t/))H(DJ(t'))—l/Q

< (" —-t). (5.4.19)

| W N
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Else if H(Dy(t')) < 1/2, using the inequality |a® — b°| < |a — b|® where 8 € (0,1) and a,b €
(0, 400) one obtains

’(t// . DJ(tl>)H(DJ(t’))+1/2 N (t/ . DJ(t/))H(DJ(t’))—i-l/Q < (t” _ t/)ﬁ+1/2 (5420)

Moreover, one has

1"

’ J
/DJ(t )+2 (t” B U)E(DJ(t’))flmdu < /t (t" . U)H(DJ(t’))*1/2du <
t/

¢ §+1/2'
t T H+ 1/2( )

(5.4.21)

Combining (5.4.17), (5.4.18), (5.4.19), (5.4.20) and (5.4.21), there is a constant co > 0 such that
s, , (" 1) < e <2J/2(t” — YHFZ 4 9T 2 4 t’)) : (5.4.22)

Combining (5.4.16) and (5.4.22), one obtains
pe (', J) < (c1 + c2) (2‘7/2(75” — "2 4 92 t’)) . (5.4.23)

Upper bound for u3(t”,t',J) : Using definition (5.4.3), one gets

2J 1 271
- t”t —9J/2 (k+1)2 H(kQ*J)fl/Zd
pst D)= > Jesn(t, > —u)y u
k:kt/7J+1 k= kt’ J+1
< 2]/2/ (" — w212y < 2724 (¢ — ¢ HAL/2, (5.4.24)
min(D s (¥ )+2-7 ")

Combining (5.4.12), (5.4.23) and (5.4.24), there is a constant ¢z > 0 such that
271
D lennlt’ )] S e (272" —¢) I 420D o) 4272~ 1)) (5.4.25)
k=0
Using (5.4.1), (5.4.5) and (5.4.25), one gets
|55J(tu) —)A(J(t’)| < CoesVT+1 (2J/2(t// )H+1/2 F (" )2J(1 H) +2‘1/2( " t’))
(5.4.26)

and the lemma is proved. ]

Lemma 5.4.2. There is a universal event Q' of probability 1 such that, for all 5 € (0, H), there
is a random variable C' such that, for all t',t" in [0,1] and w € Q' one has

X" w)— Xt w)| <Cw)t" -1 (5.4.27)
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Proof. For all t” t' € [0,1] such that ¢’ < ¢”, one has

1 1 )
/ ‘K(t//’ S) — K(t/, S)‘Q ds = / ((t” _ S)f(s)_l/z . (t/ o S)f(&)-l/Q) ds
0 0

t” t/
- / (t" — )2 1gs 4 / ((t” — ' ) m0)=1/2 UH<t’*”>*1/2)2 dv. (5.4.28)
t! 0
One has
t” t” 1
/ (t" — )2~ 1gs < / (" — )2 ds = (¢ — /)L (5.4.29)
tl t/ 2&

and using the change of variable u := v(t — ')~!, one gets
t’ 2
/ ((t// ) HE =12 vH(t’—v)—1/2) do
0
t/(t//_t/)fl 9
<@ - t/)QH/ <(u ) HE )=z _ uH(t’—(t”—t’)u)—l/Q) du. (5.4.30)
0
Next, using the mean value theorem, one obtains
+OO ! " ! / 1 / 2 +OO
/ ((u+ [ HE (=) =1/2 _ H (0t )u)—1/2> du S/ W2H3 ., (5.4.31)
1 1

On the other hand, using the inequality |a® — b%| < |a — b|® where B € (0,1) and a,b € (0, +00)
one gets

1
/ ((u + 1) HE =@ =tu)=1/2 _ uH(t’—“"—t’)u)—l/?)z du < 1. (5.4.32)
0
Combining (5.4.28), (5.4.29), (5.4.30), (5.4.31) and (5.4.32), there is a constant ¢; > 0 such that
1
/ |K(t",5) — K(t,s)|" ds < e1 (" — ¢/)*2L. (5.4.33)
0

Now using Burkholder-Davis-Gundy inequality, one obtains for all ¢,¢' € [0,1] and p > %

E)X(t“) — Xt

- E(’ /01 (K(t",s)— K(, s))dB(s)’p>

1 p
< a(p>E<(/0 |K(t", ) —K(t’,s)}zds) ”)
< a(p)er”? " — 1P (5.4.34)

Using Kolmogorov-Chentsov theorem, there is an event Q(p) of probability 1, such that the

p
+oo
is proved for ' := N Qp). O
p=lH " ]+1

. The lemma

paths of the process {X (t)}te[o’” are Holder continuous functions of order
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We are now in position to prove the Theorem 5.2.1.
Proof of Theorem 5.2.1. For all J > 1, one has

sup [X(8) = £,(8)] < sup
te(0,1] teD

X(0) = Xs(0)] + sup |5(0) = Xy (D) + sup |[X(0) = X(Dy (1))
te(0,1) te(0,1)

(5.4.35)

where Dj(t) := [t27|277. Since |t — D;(t)| < 277 for all t € (0,1), the theorem is now a
consequence of Lemma 5.3.2, Lemma 5.4.1 and Lemma 5.4.2.
O
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Chapter 6

Uniformly and strongly consistent
estimation for the random Hurst
function of a multifractional process

This chapter is a restatement of the preprint [AB].

6.1 Introduction and background

Throughout the article the underlying probability space is denoted by (€2, F,P). It is endowed
with a complete filtration (Fs)ser, and {B(s)}ser is a standard Brownian Motion with respect
to this filtration. fractional Brownian motion (FBM) of constant Hurst parameter H € (0, 1),
denoted by {Bp(t)}icr, is a very classical centred self-similar Gaussian process with stationary
increments. It has continuous (sample) paths and it can be defined, for all ¢ € R, through the
non-anticipative moving average Wiener integral:

Bul(t) := /t ((t —g)H1/2 (—s)f*”z) dB(s), (6.1.1)

—00

with the convention that, for each (y,b) € R?, one has

b -
b . Yy 71f Yy > 07
y—l— T { O,else. (612)

One refers to the two well-known books [EM02,ST94] for a detailed presentation of FBM and
many other related topics. FBM is a widespread model in signal processing (see e.g. [DOTO03]).
Unfortunately, in many situations, it does not fit very well to modeling of erratic real-life signals
since it lacks of flexibility. An important drawback of FBM model comes from the fact that
local roughness of its paths is not allowed to change from point to point. More precisely, for
a generic stochastic process Y = {Y(t) }+er with continuous and nowhere differentiable paths,
their roughness in a neighborhood of any arbitrary fixed point 7 € R is usually measured through
ay (1) and ay (7), the pointwise Holder exponent and local Hélder exponent of Y at 7, defined,
for all w € Q, as:

Y(t -Y
ay (T,w) := sup {a € [0,1] : lim sup Y(t,w) (r,w)l

t—T |t - T‘a

< —i—oo} (6.1.3)

125
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and

(¥ ") (1,7) |t —t"]a

Y / —Y "
ay (7,w) := sup {56 [0,1] : limsup Yt w) (%, w)l < —f—oo} . (6.1.4)

For a given w € ), the more close to zero are ay(7,w) and &y (7,w), the more rough is the
path ¢t — Y (t,w) in the vicinity of 7. In the case of FBM {Bpy(t)}1er, path roughness remains
everywhere the same because one has (see for instance [Xia97])

P(VT€R, ap,(r) =ap,(r)=H) =1. (6.1.5)

In order to overcome the latter limitation of FBM, multifractional processes have started to
be constructed and studied since the mid 1990s. One refers to the recent book [Ayal9] for a
detailed presentation of such processes and their connections to wavelet methods. The paradig-
matic example of them is the Classical Multifractional Brownian motion (CMBM) which was
introduced independently in the two pioneering articles [BJRI7,PL95]. CMBM is a Gaussian
process with non-stationary increments and continuous paths. It is obtained by replacing the
constant Hurst parameter H in a stochastic integral representation of FBM (as for instance the
moving average representation (6.1.1)) by a deterministic continuous function ¢t — H(t), with
values in an arbitrary compact interval [H, H] C (0,1), which depends on the time variable
t, that is the index of the process. The latter function is called the Hurst function. Under
a local Holder condition on it, the articles [BJR97, PL95] have shown that this deterministic
function can be used for prescribing local path roughness of CMBM paths which is thus allowed
to change from point to point in a deterministic way. Namely, for any point 7 € R at which the
local Holder exponent oy (7) of the function ¢ — H(t) satisfies the inequality

H(r) < an(r), (6.1.6)

one has, almost surely,
aenpum(T) = Qompm(T) = H(T), (6.1.7)

where acypy(T) and deupy(7) are the pointwise Holder exponent and the local Holder exponent
of the CMBM at 7. Even if the Gaussian CMBM is a more flexible model than FBM, it still has
some limitations, a major one of them is that the two exponents acypy(7) and acysn(7) are
deterministic quantities since the Hurst function ¢t — H (¢) itself is deterministic. The difficulty
for overcoming the latter limitation of the CMBM comes from the fact that one can not replace
the Hurst parameter H in (6.1.1), or in another stochastic integral representation of FBM, by
a random variable H(t) without imposing to it to be (stochastically) independent of the Brow-
nian Motion {B(s)}scr generating the stochastic integral. Indeed, when this very restrictive
independence condition is dropped, then the stochastic integral, in which H is substituted by
H(t), is no longer well-defined. Therefore, the two articles [AT05, AJT07] have proposed to use
a random wavelet series representation of FBM, instead of a stochastic integral representation
of it, in order to be allowed to make this substitution. The multifactional process with random
Hurst function obtained in this way is called, in our present article, the Wavelet Multifractional
Process with Random Exponent (WMPRE). It is a non-Gaussian process with non-stationary
increments and continuous paths. Thanks to wavelet methods, the paper [AT05] has shown that,
under the condition (6.1.6), the two fundamental equalities (6.1.7), relating H(-) to local path
roughness, can be extended to the WMPRE. Moreover, the latter result has been significantly
strengthened in the paper [AJT07] in which it has been established that these two fundamental
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equalities are even valid on a universal event of probability 1 not depending on 7, and for a
much more general class of multifractional processes.

It worth mentioning that several articles (see for instance [BPP12, BPP13, BP14]) have
pointed out that multifractional processes with random Hurst function are good candidates
for modeling of financial time series. Indeed, they allow to replicate main stylized facts (non-
Gaussianity, volatility clustering and so on) of such time series. Moreover, analysis of evolution
over time of their random pointwise and local Holder exponents can provide explanations for
trading mechanisms over financial markets. For instance, at a given time one or the other of
these two exponents can be viewed as a weight that investors assign to past prices in taking
their trading decisions.

As we have already mentioned, there are significant difficulties in construction and study
of multifractional processes with random Hurst functions. Even if the WMPRE, constructed a
long time ago in [AT05], is a first breakthrough in this area, it does not at all clear how this
process can be represented via It6 integral and how It6 calculus can be applied in its framework.
In the last few years, another type of non-Gaussian multifractional process with random Hurst
function having a natural representation via It6 intergral was introduced in [AEH18]. It has
non-stationary increments and continuous paths. It is called the Moving Average Multifrac-
tional Process with Random Exponent (MAMPRE) in our present article. In contrast with
the WMPRE for which the random Hurst function depends on the time variable ¢, in the case
of the MAMPRE this function depends on the integration variable s. Indeed, the MAMPRE,
denoted by { X (¢)}+cr, is obtained by substituting to the constant Hurst parameter H in (6.1.1)
a stochastic process {H(s)}scr with continuous paths, indexed by the integration variable s,
which is adapted to the filtration (Fs)ser and satisfies

O0<H<H(s)<H<1, forallsecR, (6.1.8)

for some deterministic constants H and H belonging to the open interval (0, 1). More formally,
the MAMPRE {X () }+cr is defined, for all ¢t € R, as the It6 integral:

X(t) = /t ((t—s)H<S>—1/2—(—S)E(SH/?) dB(s) . (6.1.9)

—00

Recently, in the article [LMS21], under a very weak global regularity condition on paths of the
process {H (s)}ser, for all 7 € R, the two fundamental equalities (6.1.7), relating H(-) to local
path roughness, have been extended to MAMPRE. A short time later, the article [AB22a] has
shown that they are even valid on a universal event of probability 1 not depending on 7, as soon
as paths of {H(s)}scr are, on each compact interval, Holder functions of any arbitrarily small
deterministic order v > 0. Notice that in contrast with the condition (6.1.6) there is no need to
impose to v to be greater than H (7).

As we have already emphasized, local roughness of paths of a multifractional process is gov-
erned by its deterministic or random Hurst function H(-). For that reason statistical estimation
of values of H(-) is an important issue both form a practical point of view and from a theoret-
ical one. Many articles have dealt with this issue in the case where H(-) is deterministic (see
e.g. [Dan20,LP17, AH17, AH15,BS13b, LAM ™11, LG13, Coe05, Coe06, Lac04, ALV04, BBCI00,
BCI98]). However, statistical estimation of H(-) when it is random remains an open problem.
A major difficulty in it is that few information is available on finite-dimensional distributions of
multifractional process with random exponent. Another one is that the dependence structure
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of such a process is very complex. The main goal of our present article is to propose a solution
for this problem in the framework of the MAMPRE {X (¢)}+cr, defined through (6.1.9), under
a weak local Holder condition on paths of the stochastic process {H (s)}ser-

Let us describe in a more precise way the main contribution of our present article. Similarly
to the previous literature on statistical estimation of H(-), we assume that, on the interval [0, 1],
the discrete realization: {X(k/N): k€ {0,...,N}} of the MAMPRE {X (t)}cr is available for
all integer N large enough; notice that our main result can be extended without great difficulty
to the general case where the interval [0,1] is replaced by any other compact interval with
non-empty interior. Also, we suppose that, for some deterministic constants v € (0,1) and
p € (0,400) paths of {H(s)}scr satisfy, on the interval [—1, 1], the Holder condition:

|H(s") — H(s")| < p|s' = &"|", forall (s,s") € [-1,1]% (6.1.10)

Then, we construct from generalized quadratic variations associated with {X (k/N) : k €
{0,...,N}} and {X(k/QN) : k € {0,...,QN}}, the integer Q > 2 being arbitrary and fixed,
a continuous piecewise linear random function on [0, 1], denoted by H ~(+), which provides a
uniformly and strongly consistent estimator of the whole random Hurst function H(-) on [0, 1].
More precisely we show that, when N goes to +c0, the uniform norm sup,¢q ] ‘H(s) — HN(S)}
converges almost surely to zero at the rate N~?, where the positive exponent § belongs to some
known interval. It is worth noticing that such kind of strong consistency result in uniform norm
is rather unusual in literature on statistical estimation of functions.

Remark 6.1.1. It might seem restrictive to impose to the positive constant p, in the Holder
condition (6.1.10), to be deterministic. In fact, thanks to a localization procedure via stopping
times (see for instance Section 4.4.1 in [JP12]) which is explained in the setting of MAMPRE in
Section 3 of [LMS21], Theorem 6.2.2 (our main result) remains valid when p is an almost surely
finite random variable. Moreover, a careful inspection of the proof of this same theorem shows
that it also remains valid when the interval [—1,1] in (6.1.10) is replaced by any other compact
interval of the form [—b, 1], where b is a fixed arbitrarily small positive real number.

The remaining of our article is organized as follows. In section 6.2, the way of construction
via generalized quadratic variations of X of the estimator Hy(-) is precisely explained, our main
result is stated, and Hy(+) is tested on simulated data. In section 6.3, basically it is shown that
generalized quadratic variations of X can be simplified since some parts of them are negligible
for our purpose. The goal of section 6.4 is to precisely determine their asymptotic behavior
when N goes to +o00. At last, section 6.5 is devoted to complete the proof of our main result.

6.2 Statement of the main result and simulations

In order to state our main result, first we need to introduce several notations. From now till the
end of our article, the integer L > 2 is arbitrary and fixed. The coefficients ag,a1,...,ar, are
defined, for every [ € {0,..., L}, as:

a = (=1 G) = (—1)Ll“(LL!_l)! . (6.2.1)
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Observe that one can derive from (6.2.1) that the finite sequence of real numbers (a;)o<;<z, has
exactly L vanishing first moments; that is, for all ¢ € {0,...,L — 1}, one has

L L
Zlqal =0 (with the convention 0° = 1), and ZlLal # 0. (6.2.2)
=0 =0

For each integer N large enough, the estimator {Hy(s)} se(0,1] for paths of the stochastic process
{H(s)}sejo,1] is built from generalized quadratic variations of the MAMPRE X (see (6.1.9))
associated with its generalized increments dy j, 0 < k < N—L, defined, for all k € {0,..., N—L},

as:
L

dve =Y aX((k+1)/N). (6.2.3)
=0

For any compact interval, with non-empty interior, I C [0, 1], the generalized quadratic variation
of X on I is denoted by Vi (I) and defined as the empirical mean:

V(@) = un(DT D ldngl®, (6.2.4)
kGI/N(I)
where the finite set of indices
vn(I):={ke{0,...,N—L}:k/N €I}, (6.2.5)

and |vn(])| is the cardinality of vx(I). Observe that |vn(I)| does not really depend on the
position of I, but mainly on A(I), the Lebesgue measure of this interval. Indeed, it can easily
be seen that one has

NXI)—L—-1<|un(I)| < NXI)+1; (6.2.6)

thus, as soon as N > 2(L + 1)A\(1)~!, one gets that
NXI)/2 < |vn(I)] < TNX()/6. (6.2.7)

Before giving a formal definition of the estimator {H N(8)}sepo,1), let us explain, in a few sen-
tences, its way of construction. Let (6n)x be an arbitrary sequence of real numbers on the
interval (0,1/2] which converges to zero at a convenient rate (see (6.2.10) and (6.2.11)), when

N goes to +00. One splits the interval [0, 1] into a finite sequence (Znn),,, <165 of compact
subintervals with the same length 6 (except the last one T, 10511 having a length lying be-
WN

tween Oy and 260y), where LQ;,IJ is the integer part of 0;,1. Then, for any fixed integer @ > 2,
the estimator { Hy(s)}sejo,1] = {H]% o (8))}sefo,1) 1s obtained as the linear interpolation between
the |65'| + 1 random points having the coordinates

(Ovﬁg(IN,O))v R ((w&lJ - 1)9N7ﬁ[16\27(IN,L9,;1J71))7 (Lﬁjg(IN,Leg,ljfl))v

where, for all n € {0,..., [05'] — 1},

HY(In,) := min {max {long <m> ,0} , 1} . (6.2.8)
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Notice that, for every z € (0,+00), loggz(z) := log(z)/log(Q?), with the convention that log is
the Napierian logarithm. Also, notice that the ordinate of the last point is assumed to be the
same as that of the previous one. This weak assumption comes from the fact that the set of
the indices ¢ of the process X has been restricted to the interval [0, 1]; it does not significantly
alter the results on the estimation of H(-) on this interval. Let us now define the estimator
Hy() = fI]%ﬂN(-) in a formal and very precise way.
Definition 6.2.1. Assume that the integer L. > 2 is arbitrary and fixed, and that the integer
Ny is defined as

No:=min{N eN:0<9(L+1)N '(logN)* <1}. (6.2.9)
Observe that (6.2.9) implies that Ng > 9(L + 1) > 27. Let (n5)n>n, be an arbitrary sequence
of real numbers belonging to the interval (0,1/2] and satisfying, for all integer N > Np,

On <kNH (6.2.10)

and
On > ' N~ 4+ 4(L+1) N'(log N)?, (6.2.11)

where k > 0, p € (0,1), K >0 and p’ € [u, 1) are four constants not depending on N. For each
n e {0, el L@;,lj — 1}, we denote by Zy ,, the compact subinterval of [0, 1], defined as:

Ing = [nOn, (n+1)0y] when n < [03'] — 1, and ZN,LGJ‘Vlj—l = [([05"] — 1N, 1]. (6.2.12)
Observe that it follows from (6.2.7), (6.2.12) and (6.2.11) that, for all integers @ € N, N > N
and n € {0,... 05" | — 1}, the cardinality |von(Zn.n)| of von(Zn ) satisfies

QN@N/Z < |VQN(ZN,n)| < 7QN9N/3, (6.2.13)

which in particular implies that vgn(Zn ) is non-empty. At last, for all fixed integer Q > 2 and
for every integer N > Ny, we denote by {H]?, o (5)}sef0,1) the stochastic process with continuous
piecewise linear paths, defined as:

A, (s):= HY (Tn ooty )s foralls € Ty, (6.2.14)
and, for every n € {0,...,[05'] — 2} and s € Iy, as:
Hy g, (5) = (1= 03" (s = n0x)) HY (In) + 05" (s = nOn) HY (Znnr1) (6.2.15)

where I;T]?, (Zn,n) is defined through (6.2.8) for all n € {0,...,[0y'] — 1}.
Let us now state the main result of our article.

Theorem 6.2.2. Assume that the conditions (6.1.8), (6.1.10), (6.2.10) and (6.2.11) hold. Let
B be an arbitrary real number satisfying

O<B<min{’y((1—5)/\u), S(L—H)+H -, 2—1(1—;/)},

where L > 2 is as in (6.2.2), and where § is an arbitrary fized real number such that

H-H
— <Ii<1.
L-H
Then, one has almost surely, for all QQ € N,
: B _ @ _
NLITOO{N sup |H(s) HNﬁN(s)\} = 0. (6.2.16)

s€[0,1]
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We mention in passing that = Ay := min{x,y}, for all (x,y) € R%. It is noteworthy that
a major ingredient of the proof of Theorem 6.2.2 is the important Burkholder-Davis-Gundy
inequality (see for instance [Mao07,Pro05]) as formulated in the following proposition:

Proposition 6.2.3. Let p € [1,400) be arbitrary and fived. There is a universal deterministic
finite constant a(p) for which the following result holds: for any (Fs)ser-adapted stochastic
process f = {f(s)}ser satisfying almost surely fj;o |f(s)|?ds < +o0, one has

5] [ i) ans)') < a(p)E(< /- If(8)|2d8>p/2> , (6.2.17)

where fjoooo f(s)dB(s) denotes the Ité integral of f on R.

The statistical estimator of random Hurst functions, introduced in Definition 6.2.1, has been
tested in the following simulations:

0 s om0

s om0

AN

02 04

The random Hurst functions H'(s) := ¥(Bg3(s)), H%(s) := ¥(Bo.s5(s)) and H3(s) := ¢(Bo.75(s))
have been successively simulated on the interval [0, 1] in the first column. The corresponding
MAMPREs X', X2 and X3 have been simulated on the same interval in the second column,
by using a simulation method, relying on the Haar wavelet basis, which is rather similar to
that introduced in [AEH18]. The estimated versions of these three random Hurst functions,
via the statistical estimator introduced in Definition 6.2.1 with L = 2, Q = 2, y = N6
and N = 2! have been simulated on the interval [0, 1] in the third column. Notice that v is
the deterministic function from R into the interval [0.1,0.9] C (0, 1), defined, for all z € R, as
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() := 0.8(rLarctan(x) 4+ 0.5) +0.1. Also, notice that {Bo3(s)}s, {Boss(s)}s and {Bo.75(s)}s
are FBMs (see (6.1.1)) which are adapted to the filtration (Fs)s and whose Hurst parameters
are respectively equal to 0.3, 0.55 and 0.75.

In view of the simulations the statistical estimator of random Hurst functions, introduced
in Definition 6.2.1, seems to work fairly well. Indeed, the simulations show that it allows to
reconstruct random Hurst functions in a rather precise way, even when they are very erratic, as
for instance the random Hurst function H!(s).

Before ending the present section let us point out that:

Remark 6.2.4. From now till the end of the article we always assume that the four conditions
(6.1.8), (6.1.10), (6.2.10) and (6.2.11) hold, without mentioning it explicitly in the statements
of the intermediate results, obtained in the remaining sections, which will allow us to prove
Theorem 6.2.2.

6.3 Negligible parts of generalized quadratic variations of X

In view of (6.2.8), (6.2.14) and (6.2.15), for proving Theorem 6.2.2 it is useful to study, for any
fixed positive integer @, asymptotic behavior of the generalized quadratic variations Von (Zn ),
n e {O, e LO;,IJ — 1}, when N goes to +00. A first difficulty in this matter is that the domains
of integration of the It6 integrals representing the generalized increments dy j; are unbounded
intervals. Indeed, one can derive from (6.1.9), (6.2.3), (6.2.2), (6.1.2) and easy computations,
that, for all k € {0,..., N — L},

N=Y(k+L)
dng = / N-HEO-2) §(Ns —k, H(s)) dB(s), (6.3.1)

—00
where @ is the real-valued deterministic function defined, for all (u,v) € R x (0, 1), as:

L

O(u,v) = > a(l— )| . (6.3.2)
=0

Roughly speaking, our first goal will be to show that dy j can be expressed as the sum of an Ito
integral over a well-chosen bounded interval and another term which is negligible in some sense.
From now till the end of our article, we assume that § € (0,1) is arbitrary and fixed, and that,
for every integer N > Ny, ey = en(9) is the positive integer defined as:

en = |[N?|. (6.3.3)

Then we can derive from (6.3.1), that, for all k € {0,..., N — L},

dng = o+ dig (6.3.4)
where
" N~Y(k+L)
iy, = / N-HEO-2) (Ns — k, H(s)) dB(s) (6.3.5)
N=1(k—en+L)
and
. Nﬁl(k‘—eN-‘rL)
Aoy = / N2 §(Ns — k, H(s)) dB(s). (6.3.6)
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Definition 6.3.1. For any § € (0,1) and integers @ > 1, N > Ny and n € {O, ce LG;J — 1},
the generalized quadratic variations VéSN (Zn ) and XV/Q‘SN (Zn ) are defined as:

Von@nm) = lvon @)™t D 1ddnal? (6.3.7)
kevgn (Zn,n)

and

Von(@nm) = lvon @)™t Y. 1ddn sl (6.3.8)
kevgn (In,n)

Basically, the following lemma shows that the generalized quadratic variations ‘v/éSN (Inn),

n e {0, e LG&IJ — 1}, are negligible when N goes to +oc. In other words, when N goes to 400,
the asymptotic behavior of Von(Zn,,) is similar to that of the ”less complicated” generalized
quadratic variation Vés N~ (INn)-

Lemma 6.3.2. Let H, H and L be as in (6.1.8) and (6.2.2). Let § € (0,1) be arbitrary and
fixed. One has almost surely

lim sup {Nﬁ max ‘v/ésN(IN’n)} =0, forallQeNandB<25(L—H)+2H. (6.3.9)
N—+4oc0 0<n<|0y"]

For proving Lemma 6.3.2 one needs the following lemma whose proof will be given in the
sequel.

Lemma 6.3.3. Let ¢ be the same constant as in (6.5.15). For all p € [1,+00), § € (0,1), and
integers Q > 1 and N > (3L)l/§ + Ny, the following inequality is satisfied:

75 120\ < 2P —2p(6(L—H)+H)
ngmg%c_LEﬂdQN’k] ) <c®Pa(2p)N , (6.3.10)

where a(2p) is the same constant only depending on p as in Proposition 6.2.3.

Proof of Lemma 6.3.2. Let Q € N and b a fixed real number such that
B<b<25(L—H)+2H, (6.3.11)
where [ is as in (6.3.9). Let p € [1, +00) be fixed and such that
p(20(L — H) +2H —b) > 2. (6.3.12)

Using (6.3.8), Markov inequality, the fact that z — |z|P is a convex function on R, (6.3.10) and
(6.2.11), one gets that

10511
P<Nb e VgN(zN7n)>1)g 3 P(Nbx“/éSN(IN,n)>1)
0<n<[0y"] n=0
loy' -1 15" -1
SN YD E(Vgn@nall) SN YD an @l YD E(ldgn )
n=0 n=0 kevgn(Inn)

< LHX/IJ N—P(28(L—H)+2H~b) < 01N1—p(25(L—F)+2§—b) ’ (6.3.13)
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where ¢; > 0 is a constant not depending on N and (). Next, combining (6.3.12) and (6.3.13),

one obtains that
—+o0

Z P(Nb max VQ(SN(INVH) > l) < +00.
N—No 0<n<|0y"]

Thus, it results from the Borel-Cantelli Lemma that one has, almost surely,

sup {Nb max ‘“/QaN(INm)} < 400. (6.3.14)
N>No 0<n<|0y"]
Finally, (6.3.11) and (6.3.14) imply that (6.3.9) holds. O

Let us now focus on the proof of Lemma 6.3.3. It mainly relies on Proposition 6.2.3 and the
following proposition.

Proposition 6.3.4. Let H and H be as in (6.1.8), and let ® be the function introduced in
(6.3.2). One has

ci= sup{(l + L+ |u|)L+1/2_ﬁ |®(u,v)| : (u,v) € (o0, —2L] X [ﬂ,ﬁ]} <400  (6.3.15)
and
' (L4 L+ Ju)" 7271 . _
d = sup log (1 + L + [u]) |(0s®) (u,v)| : (u,v) € (—o0,—2L] x [H, H] p < +o0.
(6.3.16)

Proof of Proposition 6.3.4. Combining (6.3.2) and (6.1.2) one gets, for all (u,v) € (—oo, —L) X
(0,1), that

L
®(u,v) = |u|*~/? Zalf(lufl,v) (6.3.17)
=0
and
L L
(0®) (1, v) = [u]*"log(ul) >~ arf(lu™,v) + [u] ™2 " ay(dy f)(lu™", v), (6.3.18)
=0 =0

where f is the C*° function on (—1,1) x (—2,2) defined, for all (y,v) € (—=1,1) x (—2,2), as
f(y,v) = (1 — y)""/2. Then noticing that when u belongs to (—oo, —2L] one equivalently has
that 2 = u~! belongs to [— 2*1L*1,0) - ( — Lil,L*I), one can easily derive from (6.3.17),
(6.3.18) and Lemma 6.3.5 below that (6.3.15) and (6.3.16) are satisfied. O

Lemma 6.3.5. Assume that yo and vy are two arbitrary and fized positive real numbers. Let ¢
be an arbitrary real-valued C* function on (—yo,y0) X (—vo,vo) and let g be the C* function
on (— L*Iyo,Lflyo) X (—vg,vp) defined, for all (z,v) € (— Lilyo,Lflyo) X (—vo,v9), as:

L
g(z,v) = Z arp(lz,v).
=0
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Then, one has, for every (z,v) € [— 2_1L_1y0,2_1L_1y0] X [— 2_11)0,2_11}0],
|9(2.0)] < el2|",
where c¢ is the finite constant defined as
c:=(LH! Sup{|((92Lg)(z,v)| (z0) €[ - 2_1L_1y0,2_1L_1y0] x [ - 2_1110,2_1110] }.

Proof of Lemma 6.3.5. Assume that v € (—wvp,vp) is arbitrary and fixed. Applying Taylor for-
mula to the function z — g(z,v) it follows, for all z € [— 2= 1Ly, 2*1L*1y0], that

1o v L v
g(z,v) = (;} (8Z92150, )zq) 1 029)6,0) gz(!e, )ZL, (6.3.19)

where 6 € (— 2_1L_1y0,2_1L_1y0). Next, observe that, for each z € (— L_lyo,L_lyg) and
q € N, one has

L
(029)(z,0) = > Vay(9p) (12, 0) .
=0
Therefore, one gets that

L
(929)(0,v) = (Fp) (0,0) (Y 1ay).
=0

Then, in view of (6.2.2), it turns out that (82¢)(0,v) = 0, for all ¢ € {0,...,L — 1}. Finally,
combining the latter equality with (6.3.19), one obtains the lemma. O

We are now ready to prove Lemma 6.3.3.

Proof of Lemma 6.3.3. Using (6.3.6), (6.2.17), (6.1.8), (6.3.15) and (6.3.3) one gets, for all p €
[1,+00), 6 € (0,1), and integers Q@ > 1, N > (3L)'/% + Ny and k € {0,..., N — L}, that

») < otz ( |

—00

(QN)"'(k—eqn+L)

E(|ddn x (QN)"2HEH | ®(QNs — k, H(s))|” ds)p>

(QN)~*(k—eqn+L) -
< c*Pa(2p)NTPH (QN/ (1+L+k-— QNS)QH*%*1 ds)p

<c*Pa(2p)N"PHE (1 4 eQN)Qp(ﬁ*L) < a(2p)N2p(5(ﬁ*L)*ﬂ) ,
which proves that (6.3.10) holds. O

Roughly speaking, so far we have shown that, when N goes to +oo, the asymptotic behavior
of Von(Zn ) is similar to that of chN (Znn) defined in (6.3.7). There is still a difficulty in the
study of the latter behavior. Basically, it comes from the H(s) which figures in (6.3.5). It is
convenient to replace H(s) by a well-chosen random variable not depending on s. This is the
main motivation behind the following definition.
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Definition 6.3.6. For every § € (0,1) and integers N > Ny and n € {0, ..., 105" — 1}, one
sets
(N =y — N~ (6.3.20)

moreover, for each Q € N, the generalized quadratic variations XA/é;N(INyn) and V% N(Inn) are
defined as:

% — 70,n
Von(Inm) = von@na)l ™ D> ldgh,l? (6.3.21)
kevon(Znn)
and s
Von(@nn) = lvox@nn)l ™ Y. ldgnsl®. (6.3.22)

kevon (Znn)

where, for all k € von(Zn ),

. (@QN)~! (k+L) Y o
don g = / (QN)~HExI=V2) §(QNs — k, H(Cn,n)) dB(s) (6.3.23)
(QN)~L(k—eqn+L)

and
qo oY Tom
doN .k = dgN K~ don
(QN)~1(k+L) .
B /(QN)l(k +I) ((QN) ®(QNs —k, H(s)) (6.3.24)
eon
L(QN) G112 §(QNs — , H((Nn))) dB(s).

Basically, the following lemma shows that the generalized quadratic variations Vg NINn),
n € {0, cee LGR,lj — 1}, are negligible when N goes to +00. In other words, when N goes to
+00, the asymptotic behavior of VQ‘SN (Znn) (and consequently that of Von(Zny,)) is similar to
that of the "less complicated” generalized quadratic variation ‘A/é;N (INn)-

Lemma 6.3.7. Let v and p be as in (6.1.10) and (6.2.10). Let § € (0,1) be arbitrary and fized.

One has almost surely

lim sup {Nﬁ max NQH(CNv”)VgN(INm)} =0, forall@QeNand B <2y((1—0)Ap).
N—+o0 0<n<|0y"]
(6.3.25)
In order to show that Lemma 6.3.7 holds, one needs the following lemma.

Lemma 6.3.8. For any fized p € [1,+00), § € (0,1) and Q € N, there exists a finite constant
¢, which depends on p, § and Q, such that, for all integer N > Ny, one has

max max (‘NH Nn) g k‘2p> < ¢(log Ny N=20/((1=0)/w) (6.3.26)
0<n<|0y'] k€voN (Tnn)

Proof of Lemma 6.3.8. One assumes that p € [1,4+00), § € (0,1), and @ € N are arbitrary and
fixed. It follows from (6.3.24), (6.2.17), the inequality Q2"(¢¥.n) > 1, the inequality

z+y[? <2(]z)* + |y|?), for all (z,y) € R?, (6.3.27)
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and the convexity on Ry of the function z — 2P that, for all integers N > Ny, n € {0, ce LQ&lj —
1} and k € von(Zn,y), one has

(‘NH(CNn) k‘ >

(QN)~(k+L)
< a(2p)E <QN Q)&= (s — , H(s))
(QN)~Y(k—eqn+L)

2 p
—®(QNs — k,H(gN,n))‘ ds) )
< 277 4a(2p) (E((Ag3 ") + E((BGR)")) (6.3.28)
where
(QN)~'(k+L)
Adj i =QN (QN)HCx ) =HE) _ 1|2 |§(QNs — k, H(s))|*ds  (6.3.29)
(QN)=Y(k—eqn+L)
and
5im (@N) ™! (k+L) 5
Bon . = QN ‘(I)(QNS — k,H(s)) — ®(QNs — k, H(gN,n))’ ds. (6.3.30)

(@N)~!(k—eqn+L)

Next, using the mean value Theorem, (6.1.10), (6.3.20), the fact that (QN)"'k € Zn,, (see
(6.2.5) and (6.2.12)), (6.3.3) and (6.2.10), for all s € [(QN)~'(k — eqn + L), (QN)"'(k + L)],
one gets that

KQN)(H(CN,n)—H(S)) — 1} < cpexp (c1p(log QN)N—W((l—(S)/\u)) (log QN )N~ ((1=9)Aw)
< exp (c2p)(log N)N/=)Aw) (6.3.31)
where the two deterministic finite constants c¢; and ¢y are defined as: ¢; := (2 + L 4+ 1)7 and

co =1 (2 log(3+Q)+supy> n, (log QN)N_V((l_‘S)/\“)). Next, putting together (6.3.29), (6.3.31),
the change of variable u = QNs — k, (6.3.15) and (6.3.2), one obtains that

L
AJ%Z < exp (2c2p) (log N)2N~2((1=0)Aw) / |®(u, H(QN) "' (u+ k))) ‘2 du

< czexp (2¢2p) (log N)ZN~2((A=0)Am) (6.3.32)

where the deterministic finite constant

—2r - L , L = 2
s ;:cz/ (1+L—Hu!)2H2L1du+/2L(Z]al]((l—u)f_1/2+(l—u)f_1/2)> du, (6.3.33)
- - =0

o0

c4 being the constant ¢ in (6.3.15). Next, notice that, in view of (6.3.3), one can assume without
any restriction that N is big enough so that L —egy < L — ey < —2L. Then, it follows from
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(6.3.30), the change of variable u = QNs — k and (6.3.2) that

on L — 2
B, = @ (u, H(QN) ™ (u+ k) = @ (u, H(Cnn))| du
L—egn

—2L 2
:/L ‘@(U,H((QN)* (u+k))) = @(u, H(CN"))’ du

eQN
L I 2
/ (Z a(l — w)H(@N) T wtk)=1/2 _ Zaz(l - u)H(CNm)—l/Q) du
a =0 —o
L=l pil L L )
+Z/ ( Z ay(l — u)H(@N) " (utk)—=1/2 _ Z al(liu)H((Nyn)_Ng) du.
p=0t = I=p+1

Thus, one can derive from the mean value Theorem, (6.1.10), (6.3.20), the fact that (QN)"1k €
Tnm, (6.3.3), (6.2.10), (6.3.16) and (6.1.8) that

Bo ), < csp? N~H((=0Mm) (6.3.34)

Q

where the deterministic finite constant

_9[, _
c5 = c%cg/ (1+L+|u|)2H_2L_llog2 (1+ L+ |u]) du
0 H 1/2 H-1/2 2
L= )12 log(1 — w)| ) d

3 /QL(ZM 0= 0)72) log(t —w)] ) du

L—-1 p-‘rl L — 2
+e2 Z/ Sl (w2 4 (= ) ot~ ) )

p=0"P I=p+1

cs := (2k + 2)7 and c¢7 being the constant ¢’ in (6.3.16). Finally, putting together (6.3.28),
(6.3.32) and (6.3.34), one obtains (6.3.26). O

We are now ready to prove Lemma 6.3.7.

Proof of Lemma 6.53.7. Let Q € N and b be a fixed real number such that
B<b<2y((L=96)Ap), (6.3.35)
where (3 is as in (6.3.25). Let p € [1,+00) be fixed and such that
p(2y((L—=90) Ap)—b) > 2. (6.3.36)

Using (6.3.22), Markov inequality, the fact that z — |z|P is a convex function on R, (6.3.26) and
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(6.2.11), one gets that

105" 11
P(N®* max N2HEDTE (Ty)>1) < P(NUH2HCND T (Tn ) > 1
( 0<n< o' o) >_ nzjo ( o) )
105" 11
=6
<N YT E(|INHO Vo (x|
n=0
o5 -1
prNJ -1 H(Cnn) 507 12p
SN N N (T > E(‘N ) dgi | )
n=0 kevgn (In,n)
< 103t (log NP NPRA=0)A)=0) < ¢ (Jog N2 NP2V ((1=0)Am)=b) (6.3.37)

where ¢; > 0 is a constant not depending on N. Next, combining (6.3.36) and (6.3.37), one

obtains that
—+oco

S P(Nb max N2 T (Ty,,) > 1) < to00.
N 0<n<|0y"

Thus, it results from the Borel-Cantelli Lemma that one has, almost surely,

sup {Nb max N2H(CN»")V§7(IN7H)} < 400. (6.3.38)
N>Np 0<n<|0y"]
Finally, (6.3.35) and (6.3.38) imply that (6.3.25) holds. O

6.4 Asymptotic behavior of generalized quadratic variation of
X

The main goal of the present section is to prove the following lemma.

Lemma 6.4.1. Let H, H, v, L, u and y' be as in (6.1.8), (6.1.10), (6.2.2), (6.2.10) and
(6.2.11). Let B be an arbitrary real number satisfying

0 < 8 < min {7((1 —O)Ap), 6(L—H)+H—H, 27 (1- ,/)} : (6.4.1)

where § is an arbitrary fized real number such that

H-H
= <Id<1. (6.4.2)
L—-H

Then, one has almost surely, for all Q € N,

limsup{ N° max
N—+4oc0 0<n<|0y"]

_Von(Ina) - 1’} —0, (6.4.3)
E(‘/Q(SN(IN,”)‘]:CNJL)

where Von (Zn ), ‘A/(Q?‘SN(INW) and (N, are defined through (6.2.4), (6.3.21) and (6.3.20). Notice
that E( |]:CN,n) is the conditional expectation operator with respect to the sigma-algebra F¢y .
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The proof of Lemma 6.4.1, which will be given at the end of the present section, relies on
Lemma 6.3.2, Lemma 6.3.7, and the following crucial lemma.

Lemma 6.4.2. Let i/ € [pu,1) C (0,1) be as in (6.2.11). Let § € (0,1) be arbitrary and fized.
One has almost surely

VQ(SN (IN,n)
E (VQ(SN (IN7n) ‘FCN,TL

lim sup NAO=#) max
N—+40c0 0<n<|6y"]

)—1‘}:0, for all @ € N and 5 < 1/2.

(6.4.4)
In order to show that Lemma 6.4.2 holds, one needs some preliminary results.

Lemma 6.4.3. Let § € (0,1) be arbitrary and fized. For all integers @ € N, N > Ny and
n € {0,...,|05"] — 1}, and for each finite sequence (#k)kevon (Tx..) Of real numbers, one has,
almost surely,

E<exp (> adony)

kevon (Inn)
= exp (

ch,n> (6.4.5)

1 2
—27! / > zlpyy, ()(QN)"H )TV B(QNs — k, H(Cnm)) ds> ,
CN‘” k‘el/QN(ZNm)
where Ny is an in (6.3.20), and lp,, , is the indicator function of the interval
Daws = [(QN) " (k — eqn + L), (QN) " (k + L)].. (6.4.6)

Notice that (6.4.5) means that, for eachn € {0,..., |05 | =1}, conditionally to the sigma-algebra
Fenns the mndom vector (dQNk)kEVQN(IN ) has a centred Gaussian distribution with covariance

matric ( (dQ;\lf . QN k“‘]:CNn))k’,k“euQN(INm) such that, for every k', k" € von(Inn),

To,n
E(dQN K dQN k! ]:CN n)
= (QN)' 2 (Cvn) (6.4.7)
1
X / I, () Dy, 0 ()P (QNs — k', H(Cnn)) ®(QNs — k', H(Cnn)) ds -

CN,n

Proof of Lemma 6.4.3. First observe that one can derive from (6.3.23), (6.2.5), (6.2.12), (6.3.20)
and (6.4.6) that, for all integers Q € N, N > Ny and n € {0,..., 05" | — 1}, and for each finite
sequence (zy) kevon(In.) Of Teal numbers, one has

S wddy, (6.4.8)
kevgon(Inn)

1
:/C ( > alpyy, (s)(QN) H T2 §(QNs — k, H(CNn))) dB(s).

kevgn (Zn,n)
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The main idea of the proof of this lemma consists in the observation that the Brownian motion
B in (6.4.8) can be replaced by the Brownian motion Wy, = {Wn n(2)}ser, = {B(x+(npn) —
B({N.n) }zer , which is independent of the sigma-algebra ]-}N)n. Therefore Wy, is independent
of the integrand in (6.4.8), denoted by Ky n, which is F¢, -measurable. Having made this
observation the proof becomes classical: it can be done in a standard way by approximating

the integrand Knn = {KNn(5)}se(cy,.,1) DY @ sequence (KgVn)geN = ({KN,n( Vseleamt })JEN
of elementary processes of the form:

7
)

K]{,’n(s) =Y Al )(s),

3
I
o

where the random variables Ay, 0 < p < ¢, are JF¢, -measurable, and the finite sequence
(tp)o<p<q is a subdivision of the interval [(n p, 1]. O

Roughly speaking, the following lemma shows that E(‘?és N(INn) }‘FCN,n) behaves in the same
way as (QN)~2H(Cnn)

Lemma 6.4.4. For every ¢ € (0,1) one has almost surely, for all integers Q@ € N, N > Ny and
ne{0,..., 04" ] — 1}, that

~ L 2
E(V3y (Inn)| Fox.) = (QN)2HCxn) /L ’q)(u,H(CNm))‘ du (6.4.9)
—eon
and consequently that
d(QN)2H ) < BV (Inn)|Fey,) < (QN)72H ), (6.4.10)

where ¢ and " are two finite, deterministic and strictly positive constants not depending on ¢,
Q, N and n.

Proof of Lemma 6.4.4. Let ¢ € (0,1) be arbitrary and fixed. One can derive from (6.4.7), (6.4.6)

and the change of variable u = (QN)s—k that one has almost surely, for integers @ € N, N > N,
ne{0,...,0y"] — 1} and k € von(Zn,,), that

—2H r 2

E(|dgm 12| Fey.n) = (QN)~2H ) /L ’@(u, H(Can))} du. (6.4.11)

—egQnN

Thus combining (6.3.21) and (6.4.11) one obtains (6.4.9). Then notice that (6.3.2), (6.1.2),
(6.2.1), (6.3.3), (6.3.15) and (6.1.8) entail that

/LL ‘(I)(U,H(CNJL)) )2 du > AL (L _ U)QH(CN,n)*l du > J (6.4.12)
eon »
and : i ; 2
/L ’CP(u,H(ngn))‘ du §/ ‘é(u,H(CN,n))‘ du < ", (6.4.13)
eon .

where the strictly positive constant ¢’ := (2H)~! and the constant ¢” is equal to the constant c3
defined in (6.3.33). Finally, putting together (6.4.9), (6.4.12) and (6.4.13) one gets (6.4.10). O
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Remark 6.4.5. The integers Q € N, N > Ny and n € {0,...,|05"] — 1} are arbitrary and
fixed. One denotes by G a Gaussian Hilbert space on R spanned by a centred real-valued
Gaussian vector (Gk)keyQ v(Zn.) Whose distribution is equal to the conditional distribution of

the random vector (dQN r)kevon (In.) With respect to the sigma-algebra ¢, = (see Lemma 6.4.3)
for some given arbitrary value of the random variable H((n,). Then, for the same given
value of H((yy), the conditional distribution with respect to JF¢, =~ of the random variable

‘A/ésN (Inn) —E(‘A/Q(SN (Inn) ‘]:Cw,n) (see (6.3.21)) is equal to the distribution of the random variable
lvon (Znn)| ™t ZkeuQN(IN,n) (|Gkl> — E(|Gk|?)). Since the latter random variable belongs to

P2(G) the second order chaos associated to G (see Definition 2.1 on page 17 in [Jan97]), one
knows from Theorem 5.10 on page 62 in [Jan97] that, for any fixed ¢ € N, there exists a universal
deterministic finite constant ¢(q), only depending on ¢, such that

(s ¥ (ot e

kevon (Znn)

< 2(g) (E((VQN<IN,n>|-1 > (G —E<|Gk12>)]2)>q.

kGI/QN(INyn)

Therefore, one has

]:CN,n> (6.4.14)

9 q
‘ch,n> *

Also, notice that one can derive from Theorem 3.9 on page 26 in [Jan97] that
E((|Gk1’2 — ]E(’Gk/‘Q)) (|Gk”|2 — E(|Gku|2))) = Z(E(Gk/Gk//))Q, for all k,, k?” S VQN(INJL),
which implies that
To,n To,n o,n 7,n
E( dQN k/|2 (|dQN k/| ‘]:CN,n)) <‘dQN k“‘Z (‘dQN o “FCN,n)) ’fcw,n>

o~ 2
:2(E(dg§,’k, Ao Fern )) . for all B, K" € von (Inn). (6.4.15)

~ =5 2(]
E (‘VéSN(IN,n) - E(VésN(IN,n) “FCNn)

< <(q) (E(“?QCSN(IN,n) - ]E(‘?QJN(IN,H)’]:CN,TL)

Lemma 6.4.6. Let 0 € (0,1) be arbitrary and fized. There exists a finite deterministic constant
¢, not depending on &, such that one has almost surely, for all integers Q € N, N > Ny,
ne{0,...,|08"] — 1} and k', k" € von(Znn), that

o 59, —(L—H
B o A o Fen)| < € (@QN)72H ) (14 g7 — ) =) (6.4.16)
Proof of Lemma 6.4.6. Let § € (0,1) be arbitrary and fixed. The integers Q € N, N > Nj,
n € {0,...,0y") — 1} and ¥',k” € vn(Zn,,) are assumed to be arbitrary; moreover one can

assume without any restriction that £” > k’. One can derive from (6.4.7) and the change of
variable QNs — k' that

0 P 5 QN 2165 [ [ H G} 4= )

(6.4.17)
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One denotes by ¢; the finite deterministic constant ¢z defined in (6.3.33) which does not depend
ond, Q, N, n, H((nNn), ¥ and k”. Using (6.4.17), the Cauchy-Scharwz inequality, (6.3.2) and
(6.1.2), one gets that

L
Ton  7o,n n
[E(dy 1 Al Fen )| < (@N)™ 2H(Cw, )/

—00

‘cb(u,H(gN,n))‘ du < e (QN)"2H(Cvn)  (6.4.18)

and
70, 70,
[E(dgnp Ao [ Fenn)|

L
< (QN)2H(CNm) /_ ’(b(u,H((Nyn))CD(u—i—k’—k”,H(§N7n))’du

L
= (QN)~ CNn)</
2*1(k’—k”)

D (u, H(Cv)) @ (u+ K — K, H(Cnp)) | do

(k' k")
+/ )@(u, H((np))®(u+ K — k', H(CN,n))\ dU>

L
< \/a(QN)—QH(CN,n)<\/ /2 -

<I>(u Tk — k//’H(CNm))rdu (6419)
2—1(]{/7]{//) 9
+\// @ (u, H(Cvn)| du).

K — k" < -4L, (6.4.20)

Next observe that, under the condition that

one clearly has 271(k’ — k") < —2L, and thus one can derive from (6.3.15) that

2= 1 (K — k') )
/ ‘@(u, H(gN,n))‘ du (6.4.21)

—0o0

2 l(k’ k") . .

< c§/ U+ L—u) " au<es(1+ L+ K — 1) 2E
—0o

where ¢3 is the finite deterministic constant ¢ in (6.3.15) and ¢3 := 22(L_ﬁ)_1(L —H)~'c2. Also,

observe that under the condition (6.4.20), for all w € [271(k'—k”), L], one has u+k'— k" < —3L,

and thus one can derive from (6.3.15) that

o 2 L _
/ ‘I’(Uﬂf'—k”,H(CN,n))‘ du < c%/ (I+L—u+k — k)T gy
2 1(/{:’ k”) oo

2 —

3 " N —2(L—H) " N —2(L—H)
< —=__ (1+K'"—-k& < 1+ K" -k . 6.4.22
~2(L-H) ( ) - 63( ) ( )

Finally setting ¢ := ¢1(4L)2~H + 2, /c1e3 , it follows from (6.4.18), (6.4.19), (6.4.21) and (6.4.22)
that (6.4.16) is satisfied. O

We are now ready to prove Lemma 6.4.2.
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Proof of Lemma 6.4.2. Let 6 € (0,1) be arbitrary and fixed, and let b be a fixed real number
such that
B<b<1/2, (6.4.23)

where 3 is as in (6.4.4). Let ¢ € N be fixed and big enough so that
q(1 —p/)(1—2b) > ' +1, (6.4.24)

where p/ € (0,1) is as in (6.2.11). Using Markov inequality one obtains, for all integers @ € N
and N > Ny, that

P (Nb(l_“/) max

0<n<|9y"]

?Q(SN(IN,n) _ 1‘ > 1)
E(‘/}Q(;N(ZN,H){ICN@)

V3 (Inn
QN(N,) )_1’>1>

E(Vgn @n ) For.,
2q
-1 > : (6.4.25)

Moreover, the expectations in (6.4.25) can be expressed, for all n € {0,..., |0y ] — 1}, as:

ey )

Loy ]-1
< ) P (Nb(l“/)

n=0

lox']-1 6
< N2ab(=4) Nz: E(' VQN(INJZ)
E (Ve (v Fex.)

n=0

On the other hand, it follows from (6.3.21), (6.4.15), (6.4.16) and the inequality L — H > 1 that,
for all integers Q € N, N > Ny and n € {0,..., LH&IJ — 1}, one has
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~ ~ 2
E(’VcﬁsN(IN,n) - E(VgN(IN,n)‘fCN,n) “FCN,n>
= ’VQN(IN,n)rQ Z <<|dQNk/|2 (|dQNk’| U:CN,n))

k’/,k‘"EI/QN(INﬂn)

<|dQN k”|2 (|dQN k”| |‘FCN,n)) "FCN,n>

_ ~ 2
= Q}VQN(IN,TJ} 2 Z ( (dg?[ K dg]r\bf’k// FCN,n))
k/,k/’EVQN(IN’n)

< 23 |von (Tn.n)| 2 (QN)~HH Cv) 3 (L4 K — k7)) 2
kl7k//eVQN(IN,n)

< eo|von (T )|~ (QN)HH Cxm) (6.4.27)

o
where ¢; denotes the constant ¢ in (6.4.16) and ¢y := 4C%Zj_2(L_H) < 4o00. Next, putting

j=1
together (6.4.26), the first inequality in (6.4.10), (6.4.14), (6.4.27), the first inequality in (6.2.13)
and (6.2.11), one gets, for all integers @ € N, N > Ny and n € {0,..., LQ;,IJ — 1}, that

E(’ _ ‘//\gN(IN,n) 1
]E<VQ§N(IN,71)“FCN,7L)

2q
) < Cg‘VQN(INm”_q < 041\77(1(17'u ) , (6.4.28)

where c3 and ¢4 are two deterministic finite constants not depending on ), N and n. Then, one
can derive from (6.4.25), (6.4.28) and (6.2.11) that, for all integers @ € N and N > Nj,

‘/}CgN(IN,n) _ 1‘ > 1)
E<‘7éSN(IN,n)|]:CN,n)

<y N2qb(1—u’)9&1N—q(1—u’) < C;t N —a(=p')(1-2b) (6.4.29)
K

P NPA-H) pax
0<n<|0y"]

Thus, it follows from (6.4.24) and (6.4.29) that

+o0o
Z P (Nb(l“,) max

—1
N—N, 0<n<|6x"]

Ve (Inn
AQN(N’) —1’>1><+oo.
E(Vgn @n )l Fer, )

Then the Borel-Cantelli Lemma entails that one has almost surely

VéSN (IN,n)

sup NPO=#) max
N>Ng 0<n< |05

) - 1‘} < +00. (6.4.30)

Finally, combining (6.4.23) and (6.4.30) one gets (6.4.4). O

We are now ready to prove Lemma 6.4.1.
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Proof of Lemma 6.4.1. First observe that, for all integers () € N and N > Ny, one has

max VQN(IN’n) — 1‘
0<n<|0y"] E(VgN(IN,n)Ich,n)
T (Z.
— max1 VQN( N” H VQN Nn) +1'
0<n<|65"] E(VQN INn) }}}N VQN (Znn) ’fCN )

< ( max ‘ AVQN(ZNn) _1’)
o§n<L9X,1j E(VQJN(IN,n)“FCN,n)

+2 max
0<n<|0y"]

Von(Inn)
E (‘7&\7 (INJL) ‘FCN,n>

_1',

where ¢ is an arbitrary real number satisfying (6.4.2). Thus, in order to prove that (6.4.3) holds,
it is enough to show almost surely that

limsup{ N° max
N—+4oc0 0<n<|05"]

INn
_ Von (Znn) N 1‘} —0. (6.4.31)
E(VéSN(IN,n)‘fCN,n)

Let us point out that throughout this proof 5 denotes an arbitrary fixed positive real number
satisfying (6.4.1). Next observe that (6.2.4), (6.3.4), (6.3.24), (6.3.8), (6.3.21), (6.3.22) and the
triangle inequality imply, for all integers Q € N, N > Ny and n € {0,..., |05 ] — 1}, that

Viv@na) Vv(Ina) Von(Znn)
(Vg @)l Fern )\ E(Vn@vallFon)  \ E(Vdn@nn) Fe)
< Von (Znn)
N E(VéN(zN,n) "FCN,n)
Uy (Tnn) VEn (I Von(Tnn)
< — + = + =
E<VC§N(IN77L)‘FCN,TL) E(VCgN(INyn)“FCN,n) E(‘/Q(SN(INan)“FCN,n)
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and consequently that

max Yon () B 1'
0<n<|0y"] ]E(VéSN(IN,n)‘fCN,n)
VNN Vg (Znn
<  max — gn @) _1'+ max = ax(E)
0<n<|0y"] E(VQéN(IN,n)‘fCN,n) pn<loy) E(VgN(INv”)‘FCN»")
—6
VonEZnn
+ max = QN( M)
0<n<[0y ] E(VQ(SN(IN,n)‘}—CN,n)
V3 (Inm T %
< max — gy @) _1' +ca N7 max VésN(IN’")
0<n< L9;,1J E(VgN(IN,n)’FCN,n) 0§”<L91§1J

(6.4.32)

where ¢ is a deterministic finite constant not depending on N. Notice that the last inequality
in (6.4.32) results from (6.4.10) and (6.1.8). It clearly follows from (6.4.1), (6.4.2), Lemma 6.3.2
and Lemma 6.3.7 that one has almost surely

lim sup {NB+H max ‘v/gN(INﬂ)} =0
N—+o0 0<n<[0y]

and

lim sup {Nﬁ max. \/N2H(<N,n)V§N(IN7n)} 0.
N—+00 0<n< |65

Thus, in view of (6.4.32), in order to show that (6.4.31) holds, it is enough to prove that

limsup{ N° max
N—+4o0 0<n<|05"]

V.3 (Inn
_ o ) —1’}:0. (6.4.33)
E (Ve (v Fex.)

Combining (6.4.1) with Lemma 6.4.2 and the inequality |\/z — 1| < |z — 1|, for every z € Ry,
one gets (6.4.33). O
6.5 Final steps of the proof of Theorem 6.2.2

Lemma 6.5.1. Let H, v, L and p be as in (6.1.8), (6.1.10), (6.2.2) and (6.2.10). Let 3 be an
arbitrary real number satisfying

0 < f < min {7((1—5)M), 25(L—F)}, (6.5.1)

where 6 € (0,1) is arbitrary and fized. Then, one has almost surely, for alli € {0,1} and Q € N,

E(‘/}]\([S(IN,nz N,s )‘FC n; s )
lim sup {N’B sup — () M) Q1) } =0, (6.5.2)
N—+o00 s€[0,1] E(VéSN(IN,m(N,s))‘}-sz,n,.(w,s)
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where, for every s € [0,1],

{ 10" s]if s € [0, (165" ] — 1)oN),
(N, s) = (6.5.3)
05 =1 ifse [(|65") — )on, 1],
and
{ 165's) +1 if s € [0, (165" ) — Do),
(N,s) = (6.5.4)
05 —1 ifse [(0"] — 1)0n,1].

Proof of Lemma 6.5.1. One can derive from (6.4.9) and (6.1.8), that one has almost surely, for
each real number s € [0, 1] and integers i € {0,1}, @ € N and N > Ny, that

’ ]E(‘/}]\é(IN7ni(N’S))“FCNyni(NVS)) o Q2H(S)

K (‘7(26]\7 (ZNni(v.9)) }fCN,ni(N,s))
S 1@ HCpnsy)) | du

fLLfeQN ’(D(U, H(ngnz(st))) ’2 du
< Uin(s)+ Vin(s), (6.5.5)

_ Q2H(CN,TL,L'(N,S))

_ QQH(S)

where

S @ (1 HCnyv,s))) |

2H H(Nn s H(s
Uin(s):=Q ‘Q Nony(N,5))—H(s)) _ ‘fL . B (e ) )‘ - (6.5.6)
and
Vinls) = OF Ji e (0 HGrm)) e
’ S e 19 (s HCr v ,)) |
_ S @ (s H(C o)) | 657
S e @ (s HC v.9)) | e

Next observe that, one can derive from the mean value Theorem, (6.1.8), (6.1.10), (6.3.20),
(6.5.3), (6.5.4), (6.2.10) and (6.3.3) that

|Q? (H(CNny(N,s))—H(s)) _ 1

32(10gQ)eXp( (log @) )!H CNna(N,s) — H(s)]

< p(2k 4+ 1) 1og(Q?)Q*H N—1((1=0)Aw) (6.5.8)
Moreover, it easily follows (6.3.3) that

S 10w H (G, (v.0)) |
ff—EQN ‘q)(u’ H(CN:nz(st))) |2 du

<1. (6.5.9)
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Thus, combining (6.5.6), (6.5.8) and (6.5.9), one gets, that, for all N > N,

sup Ui n(s) < p(26 +1)7 log(Q2)Q4ﬁN_7((l_5)/\“) . (6.5.10)
s€[0,1]

Next observe that similarly to (6.4.12) it can be shown that, for all real number s € [0,1] and
integers 7 € {0,1}, Q@ € N and N > Ny, one has

L
/[1 “I’(U, H(CN,ni(N,s))) }2 du > (2F)_1 :

—eQnN

Thus, one can derive from (6.5.7) that, for all real number s € [0, 1] and integers i € {0,1},
QeNand N > Ny,

L—en

Vin(s) < 2HQ2H/ |© (u, H(Cy i (v))) | e (6.5.11)

—00

Notice that there is no restriction to assume that N > (3L)'/% + Ny which implies that L —ey <
—2L. Then, using (6.3.15), one gets that

L—epn
/ | (u, H(Cny(v) | e

—00

o [Len 2H—2L—1 cf —25(L—H)
<cj (1+L—u) du < —22—N : (6.5.12)
—o0 2(L — H)

where ¢; denotes the finite and deterministic constant ¢ in (6.3.15) which does not depend on
N and (n,p,(n,s)- Then combining (6.5.11) and (6.5.12), one obtains, for all integers i € {0,1}
and N > (3L)/9 4+ Ny, that

_ 2 _
v <oHQM__ 9 N-2(L-H) 6.5.13
Sup ~N(s) <2HQ 2L ) ( )

Finally, putting together (6.5.1), (6.5.5), (6.5.10) and (6.5.13) it follows that (6.5.2) holds. [

Lemma 6.5.2. Let 3 be an arbitrary real number satisfying the condition (6.4.1), where § is an
arbitrary fized real number satisfying the condition (6.4.2). Then, one has almost surely, for all

i€{0,1} and Q € N,

VN(INni(nvs) Q)

hmsup{Nﬁ e | Van Ty (vs)

N—+00 s€[0,1]

} =0, (6.5.14)

where no(N, s) and n1(N,s) are as in (6.5.3) and (6.5.4).

Proof of Lemma 6.5.2. First observe that, for each real number s € [0, 1] and integers ¢ € {0, 1},



150 Estimation for the random Hurst function of a multifractional process

@ € Nand N > Ny, one has

' Vi (IN,ni(N,s)) 2H (s)

VQN (IN,ni(N,s))
; i i —1 s
= | R (5) Sl (3) (Zo () = @)
) ; ; 1 Rl (S) s
< Q) RN(S)(ZQ,N(S)) — 1‘ + ZiN ® ~N(s) — Q2H ()
Q,N
| 7 Riy(s) | Riy(s
- QQH‘RN(S) B 1‘ + QM ZzN((i) ‘Z&N(s) - 1‘ + ZzN((i) a.n(s) — QM ()|
QN QN
(6.5.15)
where
o) VN (ZNny(Ns)) (6.5.16)
E(V]\?(IN,nl(N,S))“FCN,nl(Nys))
o ( (TN ns(.5)) ‘]:CNMM) (6.5.17)
o s 5.
E( (Ian NS ‘fCNn(N5>>
and
; V N(I My ,S )
Zgn(s) = QN LN ni(N,s) (6.5.18)

E (‘7625]\[ (IN7ni(Nus)) |]:CN,7LZ'(N,5)) .

Recall that ¢ is an arbitrary fixed real number satisfying (6.4.2). Next notice that one knows
from (6.4.1), (6.5.16), (6.5.18) and Lemma 6.4.1 that, one has almost surely, for all ¢ € {0,1}
and @ € N,

sup ‘R’ — 1’ = O(N_/B) (6.5.19)
s€[0,1]
and '
sup ‘Z}V(s) - 1‘ =o(N7"). (6.5.20)
s€[0,1]

Moreover, it results from (6.5.19) that, almost surely,

sup sup Ri(s) < +oo, (6.5.21)
NZ>Ny s€[0,1]

and it follows from (6.5.20) that, almost surely,

11[1f ]ZN( s)>1/2, for all N big enough. (6.5.22)
s€|0,1

On the other hand, one knows from (6.4.1), (6.5.17) and Lemma 6.5.1 that, one has almost
surely, for all + € {0,1} and Q € N,

sup |Si(s) — Q¥

o(N7F). (6.5.23)
s€[0,1]

Finally, putting together (6.5.15) and (6.5.19) to (6.5.23) one obtains (6.5.14). O
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We are now in position to complete the proof of Theorem 6.2.2.
End of the proof of Theorem 6.2.2. One can derive from (6.2.14), (6.2.15), (6.2.8), (6.5.3),
(6.5.4) and (6.1.8) that, for all integer ) > 2 and N > Ny, one has

sup |H(s) — fI]%ﬁN (s)]

s€[0,1]
1
VN(ZNny(N,s))
< sup |logge (Q*1®)) —log 2( — > . (6.5.24
;56[071] 9 ( ) Q VQN(IN,H»L(N,S)) )

Next observe that one knows from (6.5.14) and (6.1.8) that, one has almost surely, for all N
large enough,

o VN(ZNn;(N,s))

s€[0,1] VQN(IN,n,L-(N75))

>271Q*

Thus, one can derive (6.5.24) and the mean value Theorem that one has almost surely, for all
N large enough,

sup |H(s) — E[ﬁﬂN (s)]

s€[0,1]
2@72& ! 2H VN(IN n-(N S))

< sup |Q2H() — il | 6.5.25
log(Q?) ; 5€[0,1] VQN(IN,ni(N,s)) ( )

Then, (6.5.25) and Lemma 6.5.2 imply that (6.2.16) holds. O



152 Estimation for the random Hurst function of a multifractional process



Chapter 7

Optimality of series representation of
the fractional Brownian motion via
Haar basis

7.1 Introduction and statement of the main result

An important property of continuous Gaussian processes is that they can be represented as
random series. The following theorem gives such a representation (see [LT91,Lif95])

Theorem 7.1.1. Let {X(t)},cx be a real-valued, continous and centred Gaussian process where
K C R is a compact set. Then, the process X can almost surely be represented as an uniformly
convergent random series of the form

400
Vie K, X(t) = enfnlt), (7.1.1)
n=0

where the real-valued random variables €, are independent with same distribution N(0,1) and
the deterministic real-valued functions f, are continuous on K.

In the case of the Brownian motion {B(t)}c[y ), an example is given by the following series
representation obtained via the trigonometric system

—+o00 .
t
vie 0], Bt =< x t +v2Y e, T
n=1

T
where (g5,)n>0 is a standard normal independent sequence.

In order to simulate the process X, one must replace the series (7.1.1) by a finite sum; since
there may exist many series representations of the type (7.1.1), it seems natural to look for the
ones for which the tail of the series

+oo

Z Enfn(t)

n=m

Uy = E | sup
teK

153
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converge to zero as fast as possible when m goes to +o0o. This lead us to introduce the sequence
(Im(X))men defined as

+00 +oo
I (X) := inf {E (su}g > enfalt) ) S X(t) = anfn(t)} :
te n=m n=1

The real number [,,,(X) is called the m-th l-approzimation number of X. A representation of
the type (7.1.1) is said to be optimal if

“+oo
E { sup
teK

Z 5nfn (t)

n=m

) = _0(m(X)).

Kiithn and Linde obtained in [KLO02] sharp estimates of the asymptotic behavior of the se-
quence [, (X) in the case where X is a fractional Brownian motion By or more generally a
fractional Brownian sheet. The following theorem provides their estimates in the case of the
fractional Brownian motion {By(¢)},co,1) of Hurst parameter H € (0,1).

Theorem 7.1.2. There is two deterministic constants 0 < ¢; < ¢y such that

Ym > 2, clm_H\/log(m) <In(Bpg) < CQm_H\/log(m).

+oo
Thus, a representation By = Y ey f, is optimal if
n=0
+0o0o
E | sup Enfn(t) = 0 (m_H\/log(m)> : (7.1.2)
t€(0,1] |, mp 1 m—+400

Several optimal representations are known for the fractional Brownian motion (see [GSO03,
Ndal8]). An important example of such an optimal representation has been optained by Ay-
ache and Taqqu in [ATO03] via regular wavelets. Suppose that ¢ is either a Lemarié-Meyer
or Daubechies mother wavelet with at least N > 2 first vanishing moments; Meyer, Sellan and
Taqqu proved in [MST99] that the fractional Brownian motion {Bp (t)},c[ 1) can be represented
as the following almost surely uniformly convergent series

+oo +00
VEe(0,1], Bu(t)= > > 27 (Tu(2t—k) - Vy(-k)) ), (7.1.3)

Jj=—00 k=—00

where Uy is the factional primitive of ¢ of order H + 1/2 defined via its Fourier transform as
follows

Uy (€) = (i) 712 (¢),

and where the ¢, are independent random variables N(0,1). Then, Ayache and Tagqu proved
the optimality of the series representation (7.1.3) when the mother wavelet 1) is regular enough.
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In this chapter, we will study the optimality of the representation of the fractional Brownian
motion via the Haar basis {(h;);kez}. Recall that, for all j,k € Z, the function h;, is defined
as

Vs € R, hji(s) := 27/2h(20s — k),
where h is the mother wavelet defined as
b= 1pa/2) = Lpyz-

One of the main interest of the Haar basis here is that the coefficients of the decomposition of a
function in it can be computed explicitely (see Remark 2.3.4). Yet, in contrast to the previous
mother wavelet v, the function h is very discontinuous and for that reason the results of Ayache
and Taqqu do not cover it.

The fractional Brownian motion can be decomposed into two parts
vt € [0,1], Br(t) = Bp(t) + Ry(t), (7.1.4)

where Ry is called the high-frequency part of the fractional Brownian motion (or Riemann-
Liouville process) and defined as

+o0
Wt € [0,1], Ru(t) := / (t— )71 24B(s), (7.1.5)
0
and By is called the low-frequency part of the fractional Brownian motion and defined as

vt € [0,1], /K (t,s)dB(s (7.1.6)

where

V(L s) € [0,1] x R, K(ts) i= (= 5)772 = (=) T712) 1_q)(5).

In the article [AL09], Ayache and Linde decomposed the kernel of the high-frequency part (7.1.5)
in the Haar basis. Using this decomposition, they proved that the equality (7.1.2) is satisfied
for the Haar series representation of the high-frequency part of the fractional Brownian motion
(7.1.5). Nevertheless, the optimality of the Haar series representation of the fractionnal Brown-
ian motion remained an open question.

By decomposing the kernel K in the Haar basis, one gets the following equality in L?(R)

+oo +oo

vt € [0,1], = ) biresn (7.1.7)

j=—0o0 k=1

where for all j,k € Z one has b; ,(t) :== (K(t,-),h_j ) and € := fi)oo h—; _k(s)dB(s).

The main result of this chapter shows that the equality (7.1.2) holds for the Haar series repre-
sentation of the low-frequency part of the fractional Brownian motion (7.1.7). A consequence
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on this new result is the optimality of the Haar series representation for the fractional Brownian
motion.

For all real numbers a < b and real sequence (ug)rez we will use the following convention

Sue= Y e

k=a k€(a,bNZ

Our new result is given by the following theorem.

Theorem 7.1.3. Let us fir g € (H,1) and p := |(H + (¢— H)(1 — H))min(1 — H, H)™!| + 1.
For allt €[0,1] and J > 0, one defines

pJ 297
Syt) =D D bkt (7.1.8)
j=—pJ k=1
and
Ry(t) := By (t) — Sy(t).

There is a random variable C' of finite moments of any order such that

VJ >2, sup |Ry(t)] < C\/Jlog(J)2~/HHa—H)(A-H)) (7.1.9)
te[0,1]

The number of terms in (7.1.8) is p; := (2pJ + 1)[297]. For all m > 1, there exists an integer
J(m) > 0 such that

PI(m) <M < Py(m)41- (7.1.10)

Notice that inequalities m < p ()41 and ¢ < 1 imply that there exists an integer mo > 2 such
that for all m > myg, one has

m < (2p(J(m) + 1) +1)200 M+ < 9J(m)
thus
Vm > myg, logy(m) < J(m). (7.1.11)
Let ¢ : N — Z x N a bijection such that for all J > 0, one has
n<p; = @(n) € [-pJ,pJ] x[1,[27]]. (7.1.12)
For all (j,k) € Z x N, one defines

b(j,k) :==b; 1 and (j, k) := € 1.
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Moreover, for all n > 1 one introduces

and for all m > 1 and ¢ € [0, 1], one defines

m 400
Sm(t) ==Y bn(t)En and Ry (t) := Bu(t) — Sm(t) = > bn(t)En.
n=1 n=m-+1

Observe that, using (7.1.12) one has

vYm > 1, ¥t € [0,1], Rym)(t) = Ry, (1)-

Lemma 7.1.4. The real sequence (IE < sup |7€m(t)|>> is decreasing.
te(0,1] m>1
Proof. Let us introduce for all m > 1 the o-algebra F(m) defined as

F(m) :=0(Ep, n>m).

For all mg > mq > 1 one has

+o0 +oo
E( sup R, (t)] | =E [ sup ba(t)En| | =E(E sup) 3 balt)En
te[0,1] t€0,1] | =y +1 tel01] ' S

and
+oo B +o00 B
E Sup‘ 3 bt f(mQ)] > sup El| Y balt)E, F(mg)].
t€f0,1] n=mi+1 tef0.1] n=mi+1

Since the centered Gaussian variables (€,,)nen are independents, one has

+00 +oo
IE’ DRAGE f(mg)] =1 3 But)Ea] = [Runs(8)].
n=mi+1 n=moz+1

Combining (7.1.14), (7.1.15) and (7.1.16) one obtains
E ( sup R, (t)l> > E ( sup |73m2(75)\> :
t€0,1] te[0,1]

Notice that, using Lemma 7.1.4, (7.1.10) and (7.1.13), for all m > 1 one obtains

E ( sup ]Rm(t)|> <E ( sup ’Rpj(m) (t)‘) =E ( sup ‘RJ(m)(t)‘) :
te(0,1] te(0,1] te(0,1]
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(7.1.13)

(7.1.15)

(7.1.16)

(7.1.17)
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Then, inequalities (7.1.9) and (7.1.17) imply that there exists a deterministic constant ¢ > 0
such that for all m > 1 with J(m) > 2, one has

E ( sup R ( ) < ¢y/J(m) log(J (m))2 =7 (m)(H+(a=H)A-H)) (7.1.18)
te[0,1]

Let us introduce the bijection f : Ry — [1,+00) defined as f(z) := (2pz + 1)[2%] such that

m) = [f~(m)] for all m > 1 where f~! denotes the inverse function of f. Notice that

f(z) o 2pr2% and f~1(m) o J(m) thus m o 2p.J(m)297(™) One obtains using basic
oo (o9} (o9}

computations
J(m) ~ (qlog(2))”" log(m). (7.1.19)

Putting together (7.1.18) with (7.1.19) and (7.1.11), there exists a deterministic constant ¢’ > 0
such that for all m > mg one has

E ( sup |Rm(t)|) < c’\/log(m) log(log(m)) x m*(HJr(q*H)(l*H)),
te(0,1]

which implies

E ( sup |7?,m(t)|> = 0 (m_H log(m)) . (7.1.20)

te[O,l] m——+00

Remark 7.1.5. Theorem 7.1.3 does not imply the optimality of the Haar series representation of
the low—frequency part of the fractional Brownian motion. Indeed, Belinsky and Linde proved in
[BLO2] that l,,(Bg) tends to zero exponentially which is much stronger than inequality (7.1.20).

7.2 Proof of Theorem 7.1.3

In this section, all the randoms variables are of finite moments of any order.

For all integer J > 0 and real number ¢ € [0, 1], let us define R)(¢) and R%(t) as

pJ +oo 00
=) Z bkl + D> D bik(ejkl (7.2.1)
J=1 k=2a741 j=pJ+1 k=1
and
pJ +oo  +00
Z Z bk (t)e—jik] + Z Z|b—j,k(t)5—j,k|- (7.2.2)
J=0 k=247 41 j=pJ+1k=1

Notice that, for all J > 2, one has Ry = R}] + R?].
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7.2.A Preliminary lemmas

Observe that, using the substitution u := 27/s + k, one obtains for all (j, k) € Z x N

b k() = 9=7/2 /0 ((t _ g2 (_S)H71/2> W27 + k)ds

—00

— 9i/? /k ((t —(u—k)2)HY2 (—(u— k:)2j)H’1/2)h(u)du

—00

= o/ /1 ((Q_jt +k—u)V2 (k- u)H_1/2>h(u)du
0

1/2
= 2jH/O i1 (t,u)du (7.2.3)
where
gir(t,u) = (279t +k— W2 (=) V2 2 k= — 122 4 (k= —1/2)H 12,
Lemma 7.2.1. There is a constant a; > 0 such that, for all j € Z and k > 2, one has

sup |bj(t) — by (t)] < @270 HH=T/2,
t€[0,1]

Proof. Let us fix t € (0,1]. Using mean value theorem to the function gy ;1 : ¢ — (v + k —
w)1=12 — (x4 k —u —1/2)=1/2 on the interval [0,277t] one gets

gjk(t,u) =277t x g 5 4(c1) (7.2.4)

where ¢; € (0,277¢). Applying the mean value theorem to the function go % : 2 +— (z +k —u—
1/2)=3/2 on the interval [c1, ¢; + 1/2], one obtains

grin(cr) = (H = 1/2)(g2jk(c1 +1/2) — gajk(c1)) = 271 (H — 1/2)g5 ;1 (c2)
=27 (H —1/2)(H — 3/2)(ca + k —u — 1/2)=5/2 (7.2.5)

where ¢ € (c1,¢1 +1/2) ; notice that ¢ (and ¢;1) depends on j and k. Combining (7.2.4) and
(7.2.5), one obtains for all j € Z and k > 1

gjk(t,u) = 279N (H — 1/2)(H — 3/2)(ca + k —u — 1/2)H75/2 (7.2.6)
and
Gikr1(tu) = 12797 (H — 1/2)(H — 3/2)(cy + k — u + 1/2)H /2 (7.2.7)

where ¢, ¢ € (0,277t + 1/2). Using (7.2.3), one gets for k > 2

12
(b () = bjrs1(t)) = QJH/O (955 (t, ) — gjpr1(t,w)) du. (7.2.8)

Combining (7.2.6), (7.2.7) and the mean value theorem applied to the function z — (z + k —
u)=5/2 on the interval [min(cy — 1/2, ¢, + 1/2), max(co — 1/2, ¢y 4 1/2)], one obtains

91t 10) = gy (1, u) = 2797 (H — 1/2)(H — 3/2)(H — 5/2)(cs + k — )" 7/2 (7.2.9)
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where c3 € (—1/2,t277+1). Since t € [0,1], H € (0,1), (7.2.8) and (7.2.9) one obtains for k > 2

15 . 1/2 _
16 (t) = bjp1 ()] < —2790 H)/ (k—u—1/2)777qy
0

16
1/2 H-7/2
< 152—9‘(1_H)kH_7/2/ / L utl1/2 du
16 ; K

< g2~ I0-H) R H-T7/2

1/2

H-7/2

where aq := E 1-— ut1/2 du. ]
16 2

0

Lemma 7.2.2. There is a constant as > 0 such that, for all j > 0 and k > 2, one has

sup (b (1) = bojpa1 (1)] < ap2 IR,
t€l0,1]

Proof. Let us fix t € (0,1]. Using (7.2.3), for all 7 > 0 and k > 2, one has

12
b_ji(t) =271 / g—jx(t, u)du. (7.2.10)
0

Using the mean value theorem on the interval [0, 1/2] to the function z — (27t +k—u—z)"-1/2 -
(k —u—x)"=Y2 one obtains

gty =271 (H —1/2) (Dt k—u— ) (k—u— o)) (r201)

where ¢; € (0,1/2) depends on j and k. In the same way, there is a constant ¢ € (0,1/2) such
that

9—jhr1(t,u) =271 (H —1/2) ((2% th4+1—u—d)T 32 —(k+1—u— c’l)H*?'/?) . (7.2.12)

For all k£ > 2, thanks to the mean value theorem applied on the interval [k — c1,k + 1 — ¢] to
the function z — (27t + z — u)7=3/2 — (z — w)”=3/2 one obtains

9t u) = g—jrr1(t,u) = 27H(H — 1/2)(H — 3/2) ((th + e =) — (op - U)H75/2>
where ¢ € (k —c1,k+ 1 —¢)), thus

H=5/2 < 2| — 0y — 1/2)H75/2, (7.2.13)

ool w

3
|95k (t,w) = g—jrr1(t,u)] = g(CQ —u)

Combining (7.2.10) and (7.2.13) one obtains

3 . 1/2
[b—je(t) = b—jrr1(t)] < 82‘”H/ (k —u—1/2)A=5/2qy
0

< ay2 M | H-5/2

1/2 H-5/2
where ag := 3/ <1 _ut 1/2> du. ]
8Jo 2
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7.2.B Upper bound for R}

k
One introduces two integers Ko > K7 > 2 and the sequence 7, := > €jmforj>1andk > 1.
m=1

Using Abel transform, one gets for t € [0,1] and j > 1

Ko Ko—1
D bikeie = by (Ojks — bjre, Onjsci—1) + > (bjk(t) = bjwpr(O)mje  (7.2.14)
k=K, k=K1

Lemma 7.2.3. There is a random variable C| > 0 such that, for all integers j > 1 and K1 > 2,
one has

+0o0
S}lp} D k() = bjksr (B)mix] < C127 KT\ log(3 4 j + K1).
tel0,1] 2%,

Proof. Using Lemma A.23 in [Ayal9], there is a random variable C' such that one has almost
surely

Nk

) < Cy/log(3+j+k) (7.2.15)
O\1j,k

where o(Y") denotes the standard deviation of a random variable Y. Since the random variables
(€j,k)jkez are independents, one obtains

Vi>1, Yk > 1, ni] < OVElog(3+ 7 + k). (7.2.16)

Combining Lemma 7.2.1 with (7.2.16), for all integers 7 > 1, K3 > K; > 2 and ¢ € (0, 1] one
gets

Vi=>1, Vk=>1,

Ko K>
3 ‘(bjﬁk(t) - bj,kﬂ(t))nj,k‘ < @020 3™ B H3 flog (31 j + k). (7.2.17)
k=K, k=K,

For all fixed real number a > 3, the function x + z=3,/log(a + ) is decreasing in [0, +00)
since its derivative function is negative. Thus, one gets

Ko Ky k +o0
Z K13 /log(3+j+ k) < Z / 2773 log(3 + j + x)dx < / 2773\ /log(3 + j + x)dx.
Py b=k, k—1 Ki—1

(7.2.18)
By integration by parts, one has

+oo
/ "3 /log(3 + j + x)dx

Ki—-1

1 [H_21(3+.+)+oo+ 1 oo =2 p
s e ] e [ o —
H -2 Ki-1 22-H) Jg,—1 345+ 2)/log(3+j + )
1 1 teo
< —— (K1 - 1D)H2/log2+j + K1)+ =———~ H=34
< g = 1) o2 R 4 g [ e
1 H-2 : 1 H-2
< - — - - _

< e KP72\/log(3 +j + K1) (7.2.19)
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where ¢; is a constant only depending on H. Combining (7.2.17), (7.2.18) and (7.2.19), the
lemma is proved when Ky goes to +o0. O

Lemma 7.2.4. There is a random variable Cp > 0 such that for all integers 7 > 1, J > 2 and
real number a € [J~1,1) one has

+0o0
sup Y |bjk(t)esu] < 8C 2790203 /o Tlog(3 + j).
te(0,1] o0

Proof. Forallt € [0,1], j > 1 and Ko > 3, using (7.2.3), (7.2.4), (7.2.5) and (7.2.16) one obtains

3C i , 1/2 _
b1 () 16| < —2 i H)sz\/log(3+J+K2)/o (K —u—1/2)"du

< 0279 KH=2 1o0(3 4 j + Ka) (7.2.20)

where ¢ is a constant only depending on H. In particular, one obtains

vt e 0.1], Vi > 1, b Bk,  — 0. (7.2.21)

In the same way as (7.2.20), one obtains for Kj > 2
10,16, ()56, —1] < c2C27 0D KH=2 flog(2 4+ j + K7) (7.2.22)

where ¢y is a constant only depending on H. Combining (7.2.22), (7.2.21), Lemma 7.2.3 and
(7.2.14), there is a random variable C such that for all j > 1 and K; > 2 one has almost surely

+oo
S}(l)pl] Z 1bjk(t)ejnl < C1277 0B gH=2, flog(3 + j + K)). (7.2.23)
te0,1] ,—x,

For all integers j > 1, J > 2 and real numbers a € [J~1,1), t € [0, 1] one obtains by using the
substitution K; = [2%7] in (7.2.23)
+o0

+oo
D lbkeirl < > bik(t)enl < 012_”(1_H)(L2aJJ)H_2\/10g(3 +3+[2¢7])
k=2aJ k:@a‘]J

< 4012*J'<1*H)2*a<2*H)J\/1og(3 +j+200)  (7.2.24)

H-2
since sup (%) < 22-H < 4 Moreover, one has
x>1

V9og(3 4+ +207) = \flog(3 + j) log(3 + 2+7)
< Vlog(3 + j)v/alog(2)J + log(4)
< v/3log(2)v/aJlog(3 + j) < 2¢/aJ log(3 + j). (7.2.25)

Combining (7.2.24) and (7.2.25), for all a € [J71,1), t € (0,1] and all integers j > 1 and J > 2
one obtains

+o00
3" lbya()e;u] < 8C1270 M=o HT [q Tlog(3+ ).
k=2aJ
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Lemma 7.2.5. There is a random constant Co > 0 such that for all integer J > max((2 —
H)H~',2) one has

sup RY(t) < Cy (2_Q(2_H)J\/j+ 9~ PIO=H) | flog(3 + pJ) + 277772 /log(3 +pJ)) .

t€(0,1]

Proof. Let us fix an integer J > max((2 — H)H~!,2). Using Lemma 7.2.4 with a := ¢ , for all
t € [0,1] one obtains

Z Z byw(t)es ] < 81279~ H) JZ(2 101, flog (3 + )

j=1 k=297 +1
< 0279 I/ 7 (7.2.26)
+00 .
where Cy := 8Cy (2_](1_H) log(3 +j)). Thanks to Lemma 7.2.4 with a = J~! one gets
j=1
for all ¢t € [0, 1]
+o0o  +oo '
D> bik(t)eiel < 8Cy Z ( ~tP D= flog (3 + 5 + pJ)) . (7.2.27)
j=pJ+1 k=2 j=1
Notice that, for all 7 > 1 one has
log(3+4 7+ pJ) <log(3 + pJ)log(3 + j). (7.2.28)

Combining (7.2.27) and (7.2.28), one obtains

o0 400 oo
S S bat)esul < 8C1 x 2P Jlog(3 1 pa) Y (2_3(1_H)\/10g(3 n j))
j=pJ+1 k=2 J=1

< 0527?01 flog(3 + plJ) (7.2.29)
where Cj —801 (2 i= HWW)

+00
We still have to manage the terms > [b;1(t)e;,1| which correspond to the case k = 1. Let us
Jj=pJ+1
start by dealing with the case H > 1/2 ; using (7.2.3) and the mean value theorem, one obtains

forall j > 1 and t € [0, 1]
1

Ibj.1(8)] < 20 / ((Q—Jt F1—w)H 2 u)H_l/Q‘du < 27901 (7.2.30)
0

where ¢ := |H — 1/2] f w)=3/2du. Moreover, using Lemma A.23 in [Ayal9], there is a
random variable C, such that

Vi>1, Vk>1, |gjil < Cy/log(3+ |j] + |k]). (7.2.31)

Combining (7.2.30) and (7.2.31) one gets for H > 1/2 and j > 1



164 Optimality of series representation

bi1(t)ejn] < 102790 Jlog(4 + j) < 2¢,027707H) flog (3 + 5)

thus, using inequality (7.2.28), one gets for some random variable Cy

—+00

> biat)eal < €277 Jlog (3 + pJ). (7.2.32)

Jj=pJ+1

For the case H < 1/2, using the definition of b;1(¢) one has for all ¢ € (0, 1]

0
by ()] < 27902 /

— 00

‘(t — 512 (—S)H*m’ ds < 279/2 /O ((—S)H71/2 -(1- 3)H71/2> ds

—00

thus, similarly to (7.2.32) one gets for some random variable C

+o00
ST el < G272\ log(3 + pJ). (7.2.33)
j=pJ+1
The lemma is proved by combining definition (7.2.1) with (7.2.26), (7.2.29), (7.2.32) and (7.2.33).

O]

7.2.C Upper bound for R?

k
One introduces two integers Ko > K; > 2 and the sequence pj := > €_j.m, for j > 0 and
m=1

k > 1. Using Abel transform, one gets for ¢ € (0,1] and j >0

Ko Ko—1
D bkt jk = (0—jr (Dpjae — bjrcy Optjre,—1) + Y (bojr(t) = bjrra () sk
k=K, k=K1

(7.2.34)
Lemma 7.2.6. There is a random variable C} > 0 such that, for all j > 0 and K1 > 2, one has
+00 ‘
sup > (b k() = bojrra(B)pin| < Co2THKIT/log(3 + j + K.
te[0,1] k=K,
Proof. Using Lemma A.23 in [Ayal9], there is a random variable C' such that
Vi >0, Vk>1, |ujr < CVEVIog(3 + [5] + k). (7.2.35)

Using Lemma 7.2.2 and (7.2.35), the rest of the proof is analagous to the proof of Lemma
7.2.3. O

Lemma 7.2.7. There is a random variable Cy > 0 such that for all integers j > 1, J > 2 and
real number a € [J~1,1) one has

400
sup Z b_jk(t)e_jn| < 4Cy277H2=al0=H)T /4 Tlog(3 + j) (7.2.36)

te [071} k=2aJ
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Proof. Using (7.2.10), (7.2.11) and (7.2.35), one obtains for all j >0, Ky > 2 and ¢ € [0, 1]

' 1/2
|b_j,K2 (t)/,bj7K2| < CQ_JH_Q\/ Kz\/log(?) + 7+ KQ)/ (K2 —Uu— 1/2)H_3/2du
0

< 1C27\ flog(3 + j + Ko) K4 (7.2.37)

where ¢; is a constant only depending on H. In particular, one obtains

Vt € [0,1], Vj >0, b, Opjx, — O (7.2.38)

Ko—+00

In the same way as (7.2.37), it could be shown that

b 1, () pc, 1] < asC2 9T K1 /log(2 + j + K1) (7.2.39)

where a4 is a constant only depending on H. Using (7.2.34), Lemma 7.2.6, (7.2.38) and (7.2.39),
there is a random variable C5 such that for all j > 0 and K7 > 2 one has almost surely

+oo
D bojre_jil < Co2 KT /log(3 + j + K1), (7.2.40)
k=K,

For all integers j > 0, J > 2 and real numbers a € [J~1,1), ¢ € [0,1] one obtains by using the
substitution K; = |29/ in (7.2.40)

400 +oo
S el < S Tba(Oeinl < G2 (1207 ))7 1 log(3 + 5 + [200))
k:2aJ k:LQaJJ

< 2,219 =01, log(3 4. j + 200)
, 2\ o1m , :
since sup (7> <2 < 2. Then, using (7.2.25), one obtains
x>1

—+00

D boin()esr] < 42270 /q Tlog(3 + j).

k=2aJ

O]

Lemma 7.2.8. There is a random variable Cs > 0 such that for all integers 7 > 1, J > 2 and
real number a € [J~1,1) one has

+oo
sup Y [b_jk(t)e_jx| < 8C527 ()27 /g Tlog (3 + j). (7.2.41)
te(0,1] , "oas
Proof. This proof is exactly the same as the Lemma 7.2.4 by replacing j with —j. O

Lemma 7.2.9. There is a random variable C}, > 0 such that for all integer J > 2 one has

sup R(t) < C} (2” (H+(a—H)A=H)) | /Tlog(3 + JH) + 27P"H | /log(3 + pJ)) .

t€[0,1]
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Proof. Using Lemma 7.2.7 and Lemma 7.2.8 with a := ¢, for all ¢t € [0,1] and J > 2, one gets

[JH] 400
Z Z [b—jk(t)e—jkl = Z Z bk (t)e—j k] + Z Z [b—jk(t)e—j l
Jj=0 k=297 +1 J=0 k=29741 j=|JH|+1 k=297 4+1
\JH|
< 8Cy27 1M/ 37 (QJ (- H)\/log(3+j)) F4Cy2— 1) /] Z (2*3'11’ log(3+j))
Jj=0 j=|JH]+1
<Cﬁf\/m( Ja@=H)=H(=H) | 9=J(a(1- HHHQ)) (7.2.42)

where Cg is a random variable. Observe that, since ¢ > H one has
q2—-H)-H(1-H)>q1l-H)+H*=H+ (¢—H)(1 - H),

thus one obtains

pJ +oo
ST Ibojr(t)e—jnl < Coy/Tlog(3 + JH)2/HHa=HIU=H)), (7.2.43)
J=0 k=297 41

where C is a random variable. Using (7.2.36) with a = J~! one gets for all ¢ € [0, 1]

+oo  +oo
S bke_jul < 80222 GHPDH | Nlog(3 + 7 + pJ). (7.2.44)
j=pJ+1k=2 j=1

Combining (7.2.44) and (7.2.28), one obtains

+oo  +oo
SN Ibjat)e—jrl < 8Co x 277\ /log(3 + pJ) 22 I Nlog(3 + j)
j=pJ+1k=2 j=1

< C727PH7, Slog(3 + pJ) (7.2.45)

+o00 . +oo

where C7 1= 8Cy Y 2771 /log(3 + j). We still have to manage the terms Y. [b_;1(t)ej 1]
j=1 j=pJ+1

which correspond to the case k = 1. Using (7.2.3), for all j > 0 and ¢ € [0, 1] one gets

1
boja(t) =27 / (@41 - w712 = (1= w) =12 n(u)du (7.2.46)
0
2
= 2JH/ g—ja(t,u)du. (7.2.47)
0
In the case H < 1/2, using (7.2.46), for all j > 0 and t € [0, 1] one gets

1 1
b (1)) < Q—JH/ (41— w2 4 (1 - w)T/2)du < (2/ (1~ ) du) 29",
0 0
(7.2.48)
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In the case H > 1/2, using (7.2.11) and (7.2.47), for all j > 0 and ¢ € [0, 1] one gets
, 12,
b1 ()] < 23H2/ ((2175 v 1/2 W) 32 4 (12— u)H*3/2>du
0
1/2 .
< (2—1/ (1/2 - u)H_3/2du) 9—iH (7.2.49)
0

Combining (7.2.48), (7.2.49) and (7.2.31), there is a random variable Cg > 0 such that

|b7j,1(t)€j’71‘ < 082_jH\/10g(4 +])

thus, similary to (7.2.45) one obtains for some random variable Cy > 0

“+oo
> Ibojalt)egal < Co27PH\/log(3 + pJ). (7.2.50)
J=pJ+1

By combining (7.2.43), (7.2.45) and (7.2.50), the lemma is proved.

7.2.D Proof of the theorem

We are now in position to prove the Theorem 7.1.3.

Proof of Theorem 7.1.3. Observe that q(2 — H) = H + (¢ — H)(1 — H) + (¢ — H?). Thus by
combining Lemma 7.2.5 and Lemma 7.2.9 with triangle inequality, there is a random variable
C{ > 0 and an integer Jy > 2 such that

V.J > Jy, sup Ry(t) < sup RY(t)+ sup R%(t)
t€[0,1] te[0,1] te[0,1]

<cy (2—J<H+<Q—H>(1—H>> Jlog(3 + JH) 4 27 Pmin(=HH)J /156(3 —|—pJ)).

Since p > (H + (¢ — H)(1 — H)) min(1 — H, H)™!, the theorem is proved.
O
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